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Abstract
This paper asks what predicts having access to and using social support networks that might
help an individual in using the Internet. Following the course taking by digital divide or
digital inclusion research, this paper uses socio-cultural, socio-economic, social, and digital
indicators to predict access to and the type of potential and actual social support networks that
might help an individual in using the Internet. In addition, the paper examines the quality of
the support received which is neglected in most investigations that mainly focus on
quantitative indicators of support. The study draws on a representative survey conducted in
the Netherlands; 1,149 responses were obtained. The results show that while there are no real
inequalities in access to and use of support, the quality of the support that people access is
unequally distributed replicating existing patterns of disadvantage. Thus, access to support is
another level at which the digital divide manifests and strengthens itself. Those who
experience most problems online also seem to have the most difficulty obtaining high quality
support even when it is available, creating an even larger ‘gap’ between those who do and do
not need support.

Keywords: Digital Divide, Digital Inclusion, Internet use, Support Networks, Proxy use
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Introduction
A recent review of national digital policies in Europe shows that having access to and
using the Internet is considered fundamental to participating fully in society (Helsper & Van
Deursen, 2015). However, at the same time research shows that the skills to use the Internet to
one’s benefit are underdeveloped among non-negligible parts of the population, even in
countries with high levels of diffusion (e.g., Gui &Argentin, 2011; Hargittai, 2010; Van
Deursen & Van Dijk, 2010). Many countries have rolled out digital skills training in public
places such as schools, tele-centers libraries, and community centers but this has not been as
successful as hoped in tackling digital exclusion. Other research suggests that the everyday
social support people have access to when using the Internet is important for being digitally
included (Bakardjieva, 2005; Courtois & Verdegem, 2015; DiMaggio, Hargittai, Celeste &
Shafer, 2004; Reisdorf, 2011; Van Deursen, Courtois & Van Dijk, 2014). However, these
studies did not set out to look at this support and the effect of networks on people’s
engagement with the Internet and thus did not have a good set of measures for
operationalising this type of support. Nor did this research formulate hypotheses derived from
a theoretical framework regarding what might explain the differences in quantity and quality
of support. This paper asks what predicts having access to and using social support networks
that might help an individual in using the Internet. Following the course taken by digital
inequality research, this paper uses socio-cultural, socio-economic, social, and digital resource
indicators to predict potential and actual use of support sources, and the variety of the sources
used. Having someone potentially available for support does not necessarily mean this source
is actually used. Our inclusion of both potential and actual use of support provides a much
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clearer picture of who is and who is not able to cope with problems experienced when using
the Internet. Furthermore, we focus on the quality of the support that someone actually used,
which is neglected in most investigations that mainly focus on quantitative measures. The
overall research question is: Do the people who need support most - those who are most likely
to experience Internet skill-related problems, - have more or less access to support sources,
and what is the result of the support received?

Theoretical Background
Social Support and Social Capital
People’s connections to others, their social capital, is known to create opportunities for
access to resources that might otherwise be out of reach and has proven key to defining
participation in society in areas such as economic and political participation, and personal
well-being (Bourdieu, 1984; Coleman, 1988; Putnam, 1995). When it comes to quantity of
support, people receive most of their social support from those with whom they are in most
frequent contact (Wellman & Wortley, 1990). Bakardjieva (2005) refers to ‘warm experts’ or
close networked relations that have higher levels of Internet skills and who are able to help
out users that seek support. People rely on relatives or friends to help them get online or
whenever something is unclear (Bakardjieva, 2005). Field (2005) has shown the importance
of social capital, the quantity and quality of support people receive in everyday life, for
informal learning and skills acquisition. A logical continuation of this research are recent
attempts to apply social capital theory to explain access to digital or online resources
(Helsper, 2012). Van Deursen, Courtois and Van Dijk (2014) identified three patterns when it
comes to accessing networks to find support in using the Internet: self-reliant Internet users,
users that rely on informal social networks of family and friends, and formal help seekers who
combine sources such as help desks, colleagues, computer experts and courses. These patterns
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resemble the patterns suggested by Courtois and Verdegem (2014), who distinguished
between soliciting and receiving support from family members in first and friends in second
instance, support from friends and colleagues, and a group consisting of users who do not
require any help. Findings of these studies suggest that the most natural solution for people is
mobilizing their informal network when support is needed online. After all, contact between
similar people occurs at a higher rate than among dissimilar people (McPherson, Smith-Lovin
& Cook, 2001).
The most natural solution, however, does not always sufficiently help people to catchup with those who already have higher levels of Internet skills and those who seek formal
help from courses, books, help desks, and experts (Van Deursen et al., 2014; Courtois &
Verdegem, 2014). Learning from family might not always be evident, efficient or preferential
since family members might be unavailable, be reluctant and impatient to help or even refuse
support (Courtois & Verdegem, 2014). Furthermore, although some scholars argue that young
people can support adults’ uses of ICTs by explaining and thus increasing their skills, others
argue that such attempts are not always effective; the position of the child as the Internet
expert is challengeable (Clark, 2009; Holloway & Valentine, 2003; Kent & Facer, 2004;
Kiesler, Zdaniuk, Lundmark & Kraut, 2000). It seems logical to conclude that having access
to more support sources is related to an increased variety of support and that this combination
of quantity and quality of support should lead to better help. Unfortunately, there is very little
research that looks into what explains both quantity and quality of support sources used.
Helsper and Godoy-Etcheverry (2011) have shown that access to support in use of the Internet
by non-users (i.e. proxy-use) can be explained by the socio-demographic characteristics that
are related to digital divides in general (see also Dutton, Blank & Groselj, 2013; Neves &
Fonseca, 2015). However, this research did not look at how this relates to the usefulness of
this support nor did it relate this to levels of Internet skills. Before describing the results of the
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study under discussion, we will address some of the key factors that research has shown to be
related to digital inclusion and engagement.

Socio-Cultural Indicators and Digital Engagement
A general finding in Internet use research is that younger people exhibit the highest
frequency and diversity of Internet use, resulting from their generation’s earlier exposure,
peer use, and confidence in relation to new technologies (Dutton et al., 2013; Zillien &
Hargittai 2009). Some have argued that the relationship between age and lower levels of
digital engagement might be explained by higher levels of social isolation (Eynon & Helsper,
2011), though there is little research in this area. Whether older people ask for help when it is
available depends on individual characteristics as well as their broader network’s
characteristics. Therefore, we hesitate at this point to hypothesize about the direction of the
relationship between age and asking for support.
Men have historically tended to use the Internet more than women which was mostly
explained by heightened prior exposure to technology and by work-related requirements (e.g.,
Cooper, 2006; Cotten & Jelenewicz, 2006; Meraz, 2008; Zillien & Hargittai, 2009). Recently,
gender differences in quantity of use have become comparatively small but differences in skill
and type of use continue to exist in high diffusion countries (e.g. Dutton et al., 2013; Haight,
Quan-Haase & Corbett, 2014; Van Deursen & Van Dijk, 2015). On the other hand, traditional
research that examines social capital related to gender suggests that women are more likely to
ask for help than men (Addis & Mahalik, 2003; Lehdonvirta, Nagashima, Lehdonvirta &
Baba, 2012).
Since gender and age have both been related to use of the Internet and access to and
use of social support networks, but it is unclear in which direction this might work for support
in relation to the Internet, we hypothesize that:
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H1a: Gender and age are related to potential availability and actual use of support
when digital resources are controlled for.
H1b: Gender and age are related to the quality of support when digital resources are
controlled for.

Socio-Economic Indicators and Digital Engagement
Education and income are the most consistent predictors of Internet access; individuals
with higher levels of education are almost always on ‘the right side of the digital divide’
(Buente & Robbin, 2008; Hale, Cotton, Drentea & Goldner, 2010). Those with higher levels
of education furthermore have greater Internet awareness, better training, higher capabilities,
and greater abilities to evaluate online content (Van Dijk & Van Deursen, 2014). People with
lower educational levels have lower levels of Internet skills and are less likely to use the
Internet in ways that are beneficial to them in an economic sense (e.g., Van Deursen, Van
Dijk & Ten Klooster, 2014; Van Deursen & Van Dijk, 2015). Furthermore, those with higher
income employ the Internet to greater economic advantage, while people with lower levels of
income are less likely to use the Internet and when they do have a narrower use of the Internet
(Dutton et al., 2013). Occupation, in the sense of employment or unemployment, has also
been related to digital inclusion. Those in employment are more digitally engaged and benefit
more from technology in their everyday live (Clayton & Macdonald, 2013). Furthermore, the
work environment has proven to be an important support enabler when it concerns the use of
the Internet, especially help from colleagues which proved even more important than formal
means (e.g., training) organized by the organization (Van Deursen & Van Dijk, 2014).
Another socio-economic factor related to digital engagement is health, often operationalized
as having a disability that hinders activities considered normal in daily life such as work
(Macdonald & Clayton, 2013; Vicente & Lopez, 2010). We hypothesize that:
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H2a. The more socio-economic resources (i.e. education, income, employment, and
health) one has, the higher the potential availability and actual use of support when
digital resources are controlled for.
H2b. The more socio-economic resources (i.e. education, income, employment, and
health) one has, the higher the quality of support when digital resources are controlled
for.

Social Indicators and Digital Engagement
It seems obvious that the extent and nature of offline social support networks or social
capital influences the quantity and quality of support in relation to asking for help in getting
online or when being online. However, this has been very rarely studied. We do know that
those who are less socially isolated are more likely to engage with the Internet and that not all
social connections are equally motivational in engaging broadly with the Internet (Eynon &
Helsper, 2015; Neves & Fonseca, 2015). In addition to the extent of relationships, scholars
distinguish differences in the nature of bonding and bridging ties. Putnam (2000) defines
bridging relationships as connections that reach outward to people from diverse social
backgrounds. Bonding relationships on the other hand consists of inward looking networks
that tend to reinforce exclusive identities and homogeneous groups. In the digital sphere,
bridging social capital was shown to be augmented because Social Networking Sites enable
users to create and maintain larger, more varied networks of relationships from which they
could potentially draw resources (Donath & boyd, 2004; Wellman, Haase, Witte, & Hampton,
2001). Nevertheless, most interactions on SNS are with people who are close and similar, that
is, bonding ties (Haythornthwaite, 2002). We hypothesize that:
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H3a: The more social resources one has, the higher the potential availability and the
actual use of support when digital resources are controlled for.
H3b: The more social resources one has, the higher the quality of support when digital
resources are controlled for.

Digital Indicators and Asking for Help
Turning to support for using the Internet is likely to result from skill-related problems.
It seems logical to assume that those who consider themselves to be very skilled are less
likely to ask for support. One would hope that those who most need it, that is those with lower
levels of Internet skills, are most likely to have access to and ask for support. Two aspects
should be accounted for here: belief in one’s Internet skills or self-efficacy, and one’s actual
level of Internet skills. Self-efficacy is a crucial factor in Internet use (Eastin & LaRose, 2000)
and explains the types and the number of Internet activities people engage in (e.g., Helsper &
Eynon, 2013). We expect that people with higher levels of self-efficacy need less support,
since they might believe they can do most things themselves. Concerning more objective
measures of Internet skills, two types of skills should be accounted for: medium- and contentrelated (Van Deursen & Van Dijk, 2010). Medium-related skills entail basic technical skills
and skills related to navigating the Internet’s hyperlinked structure. Content-related skills
comprises skills to seek and evaluate information, and skills which envision the attainment of
goal-directed solutions in the most optimal and efficient way. The distinction between
medium and content-related Internet skills has been shown to be theoretically and empirically
distinct and have different determinants (Van Deursen & Van Dijk, 2010). Besides selfefficacy and Internet skills, years of Internet experience and the time spent online should be
considered. Especially experience has often shown to be an important predictor of types of
online engagement (Gil-Garcia, Helbig & Ferro, 2006; Zillien & Hargittai, 2009). While we
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might expect that those with higher levels of Internet self-efficacy, Internet skills and
experience are less likely to ask for support because they feel comfortable online, based on
the digital inclusion literature we would expect people with less digital resources to have a
narrower network of people around them who have high skill levels. Therefore, we
hypothesize that:
H4a: The more digital resources one has the higher the potential availability and the
lower the actual use of support.
H4b: The more digital resources one has the higher the quality of support.

Method
Sample
The present study draws on a sample collected in the Netherlands. To obtain a
representative sample of the Dutch population, we made use of Panelclix, a professional
organization for market research with a panel containing around 110,000 people. Members of
the panel receive a small incentive of a few cents for every survey they complete. In the
Netherlands, 98% of the population uses the Internet making the user population very similar
to the general population in terms of its socio-demographic make-up. Since the panel is a
representative sample of the Dutch Internet user population, it contains beginners and
advanced users of the Internet. In total, a sample of 2,500 people was randomly selected from
this panel with the aim to eventually have a dataset with around 1,200 respondents. The
response rate was 44%, and a total of 1,149 responses were obtained, collected over a two
week period in November 2013 using an online survey. During the data collection period,
amendments to the sampling frame were made to ensure the sample was representative of the
Dutch population. Background variables of the respondents are compared with the latest data
from Statistics Netherlands. Given that our final sample is drawn from a representative

11
sample and that amendments were made to be sure to represent the Dutch population,
analyses showed that the gender, age, and formal education of our respondents largely
matched official census data. As a result, only a very small correction was needed post hoc.
The sample had the following composition: 50% Male/Female; Age (M=48.6; SD=16.9);
Education: Low (e.g., primary school) 33%, Middle (e.g., high school) 41%, High (e.g.,
college and university) 24%; Occupation: Employed 48%, Unemployed 7%, Disabled 7%,
Retired 22%, Housewife/husband 8%, Student 8%.
The online survey used software that checked for missing responses in which users
were prompted to answer them. The survey was pilot tested with ten Internet users over two
rounds. Amendments were made based on the feedback provided. No major comments were
provided in the second round. The time needed to answer the survey questions was 15
minutes on average.

Measures
In the survey, we considered support people believe they have access to (potential
support sources), and support people actually used in the three months before the survey was
administered (actual support sources). Concerning potential support, the following variables
are considered: the perceived availability of support, the variety of informal sources
potentially available, and the variety of formal sources potentially available. Concerning
actual support, we considered the following variables: actual use of support, the variety of
informal sources actually used, the variety of formal sources actually used, and the quality of
the received support.
To measure the perceived availability of support, we asked respondents ‘Is there
someone who can help you with using the Internet?’ Answer options were definitively
(47.4%), maybe (25.2%), probably not (18.5%) and definitively not (9.0%). For the analysis,
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we transformed this scale to a dichotomous scale, No (27.5%) and Yes (72.6%). The next
question was who that person would be if they had answered yes or maybe to the first
question. The respondents were offered a list with one to nine possible options: friends (51%),
(grand)children (38%), co-workers or fellow students (20%), siblings (17%), experts (17%),
helpdesk (11%), parents (8%), librarians (1%), and Internet café employees (0.3%). Variety of
informal support potentially available was measured by summing the checked informal
sources (parents, (grand)children, siblings, friends) among those who said that they have
potential support available (M=1.1, SD=0.7). Similarly, the variety of formal sources
potentially available was measured by summing the checked formal sources (colleagues,
helpdesk, experts, library) (M=0.5, SD=0.7).
To measure actual use of support, we asked respondents ‘Did you in the past three
months ask for help when using the Internet?’ Answer options were yes, multiple times
(7.3%), yes, one or two times (33.8%), and no (58.9%). For the analysis, we transformed this
scale to a dichotomous scale, No (58.9%) and Yes (41.1%). The next question was who they
actually asked for help if they had answered yes. The respondents were offered a list with one
to nine possible options: (grand)children (48%), friends (33%), computer experts (16%), coworkers (9%), siblings (7%), helpdesk (7%), parents (5%), librarians (0.0%), and Internet café
employees (0.0%). Variety of informal support actually used was measured by summing the
checked informal sources (parents, (grand)children, siblings, friends) among those who said
that they used support in the past three months (M=0.9, SD=0.4). Similarly, the variety of
formal sources actually used was measured by summing the checked formal sources
(colleagues, helpdesk, experts, library) (M=0.3, SD=0.6). The quality of the received support
was measured by asking the respondents who received support in the past three months
whether they felt they would still need support the next time in a similar occurrence (5-point
scale, M=3.7, SD=0.9).
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The socio-cultural indicator gender was included as a dichotomous variable. Age was
computed by subtracting the reported year of birth from the survey year.
The first socio-economic resource indicator accounted for is education, collected by
degree as one of ten categories following the Dutch education system classification. These
data were subsequently divided into groups of low and high educational level. Income was
measured using total family income over the last 12 months, assessed on an 8-point scale.
From census data, two categories were created: low and high income. Employment status was
coded as dummy variables: employed, retired, disabled, househusbands or -wives,
unemployed, and students. Finally, we asked whether respondents had health issues that
hinder them in their daily activities.
Social resource indicators were measured by asking the respondents their marital
status, which was coded into dummy variables: single (23%), married or living together in a
relationship (66%), divorced (8%), and widow(er) (4%). We also asked for children at home,
measured by asking the number of children aged 0-9 (M=0.4, SD=0.7), 10-14 (M=0.4,
SD=0.7) and over 15 (M=0.5, SD=0.8) people have. For the analysis, we created a single
dichotomous variable of having children at home or not. Finally, we created a dichotomous
variable other Internet users at home measured by asking respondents whether the household
contained others that make use of the Internet (76%).
The digital resource indicator of frequency of Internet use was measured by asking
respondents how often they use the Internet; monthly, weekly, few times a week, daily, or
multiple times each day (M=4.47, SD=0.7). Years online was captured by the number of years
that people had been using the Internet (M=11.3, SD=5.0). Internet skills were measured
using a frequency based instrument adopted from Van Deursen, Van Dijk and Peters (2012).
The instrument uses a five-point scale ranging from never to daily and proposes items for
operational, formal, information and strategic Internet skills. Instead of drawing upon self-
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assessments, items in the original instrument ask for actual behaviors that serve as indices for
skills. The instrument was originally constructed by using extensive ecologically valid skill
performance field tests as benchmarks. Eight (operational and formal skill) items were
averaged as a measure of medium-related Internet skills (M=1.9, SD=0.6, α=.89) and ten
(information and strategic skills) items were averaged as a measure of content-related skills
(M=3.5, SD=0.8, α=.90). Internet self-efficacy was measured with six items primarily adapted
from Livingstone and Helsper (2010) (M=3.5, SD=0.8, α=.90):

Analysis
We used binary logistic regression to determine odds ratios for predictors of the
dichotomous dependent variables of perceived availability of support and actual use of
support. Linear regression analyses were used to analyze which are the significant predictors
of the variety of informal sources potentially available, the variety of formal sources
potentially available, the variety of informal sources actually used, the variety of formal
sources actually used, and the quality of the received support. The regression models included
the independent variables of gender, age, education, income, employment, health issues,
marital status, children at home, other Internet users at home, frequency of Internet use, years
online, medium and content related Internet skills and self-efficacy.

Results
Potential Availability and Variety of Support
Table 1 shows the predictors for the availability of potential support and for the variety
of the available informal and formal sources. Regarding the availability of potential support,
women and older people are more likely to have support sources to their disposal. Compared
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to employed people, the unemployed are less likely to have potential support. Furthermore,
those with more years of Internet experience and higher levels of medium related Internet
skills and self-efficacy, indicate to have less potential support available. Concerning the
variety of the informal sources that is potentially available, women a have significantly higher
variety available than men. Age contributes negatively to the variety of informal support
available. Compared to employed people, those retired have a greater variety in potentially
available informal sources.

[Table 1 near here]

Table 1 furthermore shows that, contrary to informal sources available, men have a
greater variety of formal sources potentially available as compared to women. Those with a
higher level of educational attainment and higher income also have a greater variety of formal
sources available. Compared to those employed, those unemployed, disabled, retired, or
housewives/men have a smaller variety of potential formal sources available. Higher levels of
medium and content related Internet skills also result in a larger variety of potential formal
sources.

Actual Use of Support and the Quality of Support Received
Of all respondents, 30% requested support in the three months before the survey.
Table 2 shows the predictors for the use of support in the past three months, and the variety of
the informal and formal support that were used. Older people were more likely to have
requested support than younger people. Students and housewives/men are more likely to have
requested support as compared to employed people. Those who live at home with other
Internet users are more likely to have used support. Furthermore, people with more years of
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Internet experience, with a higher frequency of Internet use and with higher levels of selfefficacy are less likely have requested actual support.

[Table 2 near here]

Table 2 further shows that the variety of the informal sources that was actually used is
higher for people married or in a relationship, divorced people and widow(er)s as compared to
singles. Those with a disability used less support, as did those with higher levels of selfefficacy. Finally, those with higher income levels requested more formal support. Compared
to employed people, those disabled requested less formal support. Married people or those in
a relationship also requested less formal support as compared to singles. Those with higher
levels of content related Internet skills requested more formal support.
In addition, Table 2 demonstrates the predictors for the quality of the received support
that was actually used. Age was negatively related to quality of support; that is older people
are more likely to still need support when similar problems occur again. People with a
disability seem to benefit more from requested support compared to those without. Higher
levels of self-efficacy result in a higher quality of the support received.

Overview of Hypothesis
Hypothesis H1a – Gender and age are related to potential availability and actual use of
support when digital resources are controlled for – is partly supported. Women are more
likely to have potential support available as compared to men. They also have a larger variety
of potential informal sources available, while men have a larger variety of formal support
sources. We did not find evidence for gender differences concerning the actual use of support.
As regards age, we can conclude that younger people are more likely to have a larger variety
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of informal support available. Hypothesis H1b – Gender and age are related to the quality of
support when digital resources are controlled for – is accepted for the age indicator. Besides
having a larger variety of informal support available, younger people also receive support of a
perceived higher quality.
Hypothesis H2a – The more socio-economic resources (i.e. education, income,
employment, and health) one has, the higher the potential availability and actual use of
support when digital resources are controlled for – is partly supported. Education, income,
employment, and having a disability especially play a role in the potential availability of
formal support sources. Being retired and having a disability play a role when examining the
variety of available informal support. Having a disability also relates negatively to the variety
of informal sources actually used. Hypothesis H2b – The more socio-economic resources (i.e.
education, income, employment, and health) one has, the higher the quality of support when
digital resources are controlled for – is rejected with one exception: disability also negatively
relates to the quality of the support that people received.
Hypothesis H3a – The more social resources one has, the higher the potential
availability and actual use of support when digital resources are controlled for – is partially
rejected for the availability of potential support sources. However, the actual use of support is
higher among those who live with others that have access to the Internet. Furthermore,
compared to singles, those married or in a relationship, those divorced or widow(er)s, have
used a larger variety of informal support sources. Hypothesis H3b – The more social
resources one has, the higher the quality of support when digital resources are controlled for –
is, therefore, rejected.
Hypothesis H4a – The more digital resources one has the higher the potential
availability and the lower the actual use of support – is partly rejected. In fact, contrary to
expectations, having more digital resources result in having less potential availability of
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support and in less actual use of support. Both medium and content related Internet skills do
however result in a larger variety of formal sources that are potentially available and actually
used. Finally, hypothesis H4b – The more digital resources one has the higher the quality of
support – is rejected with the exception of Internet self-efficacy. Higher levels of self-efficacy
result in higher quality of received support.

Discussion
Main Findings
Recently, the debate around digital inclusion has started to recognize the importance of
everyday support to allow individuals to use the Internet in the most beneficial way (Courtois
& Verdegem, 2015; Van Deursen et al., 2014). However, empirical research is still rare.
Using data from a representative survey in the Netherlands, we aimed to contribute to the
debate by investigating what predicts the potential and actual sources that are used when
using the Internet. This study did this by using variables commonly used in digital inclusion
research (i.e. socio-cultural, socio-economic, social and digital characteristics of the
individual). In light of the research question posed, we can draw several conclusions. On the
positive side, we can conclude that in the Netherlands there are no striking socio-cultural,
socio-economic and social differences in the potential availability of support (with the
exception of those who are unemployed). The same goes for the actual use of support, of
which we would have hoped that it would have been higher among those who need it most
(i.e. the elderly, lower educated, disabled, lower skilled and those with less experience) but
feared that this might not be the case. However, the results become a bit more worrying when
we examine the variety of informal and formal support sources one has access to. Informal
support such as that from family and friends is sought relatively more often by those retired
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and those with lower levels of digital resources. To the contrary, those with more socioeconomic resources more often turn to formal sources of co-workers or experts.
We, thus, must conclude that the availability of digital resources does not lead to more
support as digital inclusion literature and interventions would hope. Those with more digital
resources probably feel more comfortable in using the Internet and therefore request less help,
or think they are so well skilled, that in the event a problem occurs, one has little faith that
there is someone nearby who can help them out. The latter conclusion is strengthened by the
result that the more skilled one is, the less happy one is with the received support. However,
besides having difficulty finding someone to help out at the level that they need, they might
also be more aware of the issues that accompany the support that they receive. Those
individuals who sought help from more formal sources argued they needed less help in similar
future problems. This raises questions about the quality and effectiveness of the help of family
and friends. Although not using these informal sources is clearly less effective, when support
is received from these sources it does not necessarily turn people into self-sufficient users.
This was also apparent amongst older users who rated the (informal) support they received
lower than younger people did.
Overall our findings suggest that access to support is another level at which the digital
divide manifests and strengthens itself. Those who experience most problems online also
seem to have the most difficulty obtaining high quality support even when it is available,
creating an even larger ‘gap’ between those who do and do not need support. This would
suggest that the most natural solutions for help should be supplemented with more formal
help. For example, public access centers or libraries can play role in providing skills support
but regular home visits by people with more experience or support in places that people
frequent outside the home is likely to be more effective. Relying on family members or
occasional support that people need to actively seek out is unlikely to result in higher levels of
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inclusion. We argue that solving a lack of available support of high quality is the
responsibility of many actors in society, among others governments, ICT industry, ICT
training, labor organizations, schools and universities, libraries, public access centers, and
user support groups.

Limitations and Future Research
Limitations of the study presented here are the constraints of using cross-sectional
survey data. For example, it is not clear whether the differences found in this study will
change over time whether older people’s access to and use of support sources is due to
coming from a different generation or whether it is because of life stage events and that these
differences will continue when younger people grow older. Similarly, we do not know
whether people who are in a relationship or live with others are different from those who do
not and that this explains their differences in access to and use of support sources or whether
living with others leads to a different life and therefore more access to support sources.
Other improvements in further research would be to make a distinction between
different types of employment and access to and use of support sources. It is likely that those
in administrative and managerial positions will have access to a more expert and wider range
of sources. Another issue that could be improved upon has to do with the way in which the
availability of support question was asked. It might have been the case that those who did not
think they needed help indicated not having access to help sources if they needed one.
To understand in more depth why people feel they have access to and chose to ask
different sources (or why they do not) and what the differences are between support through
informal and formal sources in the support provided a detailed mixed method study is needed
that combines the quantitative evaluative research done in this paper and with research into
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people’s evaluations of support. A strong qualitative component would enable a better
understanding of the underlying processes.

References
Addis, M.E. & Mahalik, J.R. (2003). Men, masculinity, and the contexts of help seeking.
American psychologist, 58(1), 5-14. doi:10.1037/0003-066X.58.1.5
Bakardjieva, M. (2005). Internet Society: The Internet in Everyday Life. London: SAGE.
Buente, W., & Robbin, A. (2008). Trends in Internet information behavior 2000-2004.
Journal of the American Society for Information Science and Technology, 59(11),
1743-1760. doi:10.1002/asi.20883
Bourdieu, P. (1984). Distinction: A social critique of the judgement of taste. Harvard
University Press.
Clark, L.S. (2009). Digital media and the generation gap: Qualitative research on US teens
and their parents. Information, Communication & Society, 12(3), 388-407.
doi:10.1080/13691180902823845
Clayton, J., & Macdonald, S. J. (2013). The limits of technology: Social class, occupation and
digital inclusion in the city of Sunderland, England. Information, Communication &
Society, 16(6), 945-966. doi:10.1080/1369118X.2012.748817
Coleman, J. S. (1988). Social capital in the creation of human capital. American journal of
sociology, 94(S) 95-120. doi:10.1080/1369118X.2012.748817
Cooper, J. (2006). The digital divide: The special case of gender. Journal of Computer
Assisted Learning, 22(5), 320-334. doi:10.1111/j.1365-2729.2006.00185.x
Cotten, S. R., & Jelenewicz, S. M. (2006). A disappearing digital divide among college
students? Peeling away the layers of the digital divide. Social Science Computer
Review, 24(4), 497-506. doi:10.1177/0894439306286852

22
Courtois, C., & Verdegem, P. (2014). With a little help from my friends: An analysis of the
role of social support in digital inequalities. New Media & Society, Online first.
doi:10.1177/1461444814562162
DiMaggio, P., Hargittai, E., Celeste, C., & Shafer, S., (2004). From unequal access to
differentiated use: a literature review and agenda for research on digital inequality. In
K. Neckerman (Ed.), Social Inequality (pp.355–400). New York: Russell Sage
Foundation.
Donath, J. S., & boyd, d. (2004). Public displays of connection. BT Technology Journal,
22(4), 71-82.
Dutton, W., Blank. G. & Groselj, D. (2013) Cultures of the Internet: The Internet in Britain.
Oxford Internet Survey 2013. Oxford: Oxford Internet Institute, University of Oxford.
Available at: http://oxis.oii.ox.ac.uk/reports.
Eastin, M. S., & LaRose, R. (2000). Internet self‐efficacy and the psychology of the digital
divide. Journal of Computer‐Mediated Communication, 6(1), 0. doi:10.1111/j.10836101.2000.tb00110.x
Eynon, R. & Helsper, E.J. (2011) Adults learning online: Digital choice and/or digital
exclusion? New Media & Society, 13(4), 534-551. doi: 0.1177/1461444810374789
Eynon, R. & Helsper, E.J. (2015). Family dynamics and Internet use in Britain: What role do
children play in adults' engagement with the Internet? Information, Communication &
Society, 8(2), 156-171. doi: 10.1080/1369118X.2014.942344
Field, J. (2005) Social Capital and Lifelong Learning. Bristol: Policy Press.
Gil-Garcia, J. R., Helbig, N. C., & Ferro, E. (2006). Is it only about Internet access? An
empirical test of a multi-dimensional Digital Divide. In M.A.Wimmer, H.J. Scholl, A.
Grönlund, & K.V. Andersen (Eds.), Electronic Government: Lecture Notes in
Computer Science, Vol. 4084 (pp. 139-149). Berlin: Springer.

23
Gui, M., & Argentin, G. (2011). Digital skills of Internet natives: Different forms of digital
literacy in a random sample of northern Italian high school students. New Media &
Society, 13(6), 963-980. doi:10.1177/1461444810389751
Hale, T. M., Cotten, S. R., Drentea, P., & Goldner, M. (2010). Rural-urban differences in
general and health related Internet use. American Behavioral Scientist, 53(9), 1304–
1325. doi:10.1177/0002764210361685
Haight, M., Quan-Haase, A., & Corbett, B. A. (2014). Revisiting the digital divide in Canada:
the impact of demographic factors on access to the Internet, level of online activity,
and social networking site usage. Information, Communication & Society, 17(4), 503519. doi:10.1080/1369118X.2014.891633
Hargittai, E. (2010). Digital na(t)ives? Variation in internet skills and uses among members of
the ‘Net Generation’. Sociological Inquiry, 80(1), 92-113. doi: 10.1111/j.1475682X.2009.00317.x
Haythornthwaite, C. (2002) Strong, weak and latent ties and the impact of new media. The
Information Society, 18(5), 385-401. doi:10.1080/01972240290108195
Helsper, E.J. (2012). A corresponding fields model for the links between social and digital
exclusion. Communication Theory, 22(4), 403-426. doi: 10.1111/j.14682885.2012.01416.x
Helsper, E.J. & van Deursen, A.J.A.M. (2015). Digital Skills in Europe: Research and Policy.
In K. Andreasson (ed). Digital Divides: The New Challenges and Opportunities of eInclusion (pp. 125-144). CRC Press.
Helsper, E.J. & Eynon, R. (2013) Pathways to digital literacy and engagement. European
Journal of Communication, 28(6), 696-713 doi: 10.1177/0267323113499113.
Helsper, E.J. & Godoy-Etcheverry, S. (2011) The Long Tail of Digital Exclusion: A
Comparison Between the United Kingdom and Chile. In B. Van Ark, R. Weis & K.

24
Schinasi (Eds) The Linked World: How ICT is Transforming Societies, Cultures, and
Economies New York, NY: The Conference Board.
Holloway, S. L., & Valentine, G. (2003). Cyberkids: Children in the Information Age.
London: Routledge Farmer Psychology Press.
Kent, N., & Facer, K. (2004). Different worlds? A comparison of young people's home and
school ICT use. Journal of Computer Assisted Learning, 20(6), 440-455.
doi:10.1111/j.1365-2729.2004.00102.x
Kiesler, S., Zdaniuk, B., Lundmark, V., & Kraut, R. (2000). Troubles with the Internet: The
dynamics of help at home. Human-Computer Interaction, 15(4), 323-351.
doi:10.1207/S15327051HCI1504_2
Lehdonvirta, M., Nagashima, Y., Lehdonvirta, V., & Baba, A. (2012). The Stoic Male How
Avatar Gender Affects Help-Seeking Behavior in an Online Game. Games and
Culture, 7(1), 29-47. doi:10.1177/1555412012440307
Livingstone, S., and Helsper, E.J (2010) Balancing opportunities and risks in teenagers’ use of
the Internet: The role of online skills and family context. New Media & Society, 12(2),
309-329.
Macdonald, S.J. & Clayton, J. (2013). Back to the future, disability and the digital divide.
Disability & Society, 28(5), 702-718. doi:10.1080/09687599.2012.732538
McPherson, M., Smith-Lovin, L. & Cook, J.M. (2001). Birds of a feather: Homophily in
social networks. Annual Review of Sociology, 27, 415-444.
doi:10.1146/annurev.soc.27.1.415
Meraz, S (2008). Women and technology: how socialization created a gender gap. In
P.M.Pointdexter, S. Meraz, & A. Schmitz (Eds). Women, Men and News: Divided and
Disconnected in the News Media Landscape (pp. 99–116). New York: Routledge.

25
Neves, B. B., & Fonseca, J. R. (2015). Latent Class Models in action: Bridging social capital
& Internet usage. Social science research, 50, 15-30.
doi:10.1016/j.ssresearch.2014.11.002.
Putnam, R. D. (1995). Bowling alone: America's declining social capital. Journal of
democracy, 6(1), 65-78.
Putnam, R. D. (2000). Bowling Alone: The Collapse and Revival of American Community.
New York: Simon & Schuster.
Reisdorf, B. C. (2011). Non-adoption of the internet in Great Britain and Sweden. A crossnational comparison. Information, Communication & Society, 14, 400-420. doi:
10.1080/1369118X.2010.543141
Van Deursen, A., Courtois, C. & Van Dijk, J. (2014). Internet Skills, Sources Of Support And
Benefiting From Internet Use. International Journal of Human-Computer Interaction,
30(4), 278-290. doi: 10.1080/10447318.2013.858458
Van Deursen, A.J.A.M. & Van Dijk, J.A.G.M. (2010). Measuring Internet Skills.
International Journal of Human Computer Interaction, 26(10), 891-916. doi:
10.1080/10447318.2010.496338
Van Deursen, A. & Van Dijk, J. (2014). Loss of labor time due to Skill insufficiencies and
malfunctioning ICT. International Journal of Manpower, 35(5), 703-719. doi:
10.1108/IJM-07-2012-0102
Van Deursen, A.J.A.M., van Dijk, J.A.G.M. (2015). Internet skill levels increase, but gaps
widen: a longitudinal cross-sectional analysis (2010–2013) among the Dutch
population. Information, Communication & Society, 18(7), 782-797. doi:
10.1080/1369118X.2014.994544
Van Deursen, A.J.A.M. Van Dijk, J.A.G.M. & Peters, O. (2012). Proposing a survey
instrument for measuring operational, formal, information and strategic Internet skills.

26
International Journal of Human-Computer Interaction, 28(12), 827-837. doi:
10.1080/10447318.2012.670086
Van Deursen, A.J.A.M., Van Dijk, J.A.G.M. & Ten Klooster, P.M. (2014). Increasing
inequalities in what we do online. A Longitudinal Cross Sectional Analysis of Internet
Activities among the Dutch Population (2010 To 2013) over Gender, Age, Education,
and Income. Informatics and Telematics, 32(2), 259-272. doi:
10.1016/j.tele.2014.09.003
Van Dijk, J.A.G.M. & Van Deursen, A.J.A.M. (2014). Digital Skills, Unlocking the
Information Society. New York: Palgrave Macmillan.
Vicente, M.R., & Lopez, A.J. (2010). A multidimensional analysis of the disability digital
divide: some evidence for Internet use. The Information Society, 26(1), 48-64.
doi:10.1080/01615440903423245
Wellman, B., Haase, A.Q., Witte, J., & Hampton, K. (2001). Does the Internet increase,
decrease, or supplement social capital? Social networks, participation and community
commitment. American Behavioral Scientist, 45(3), 436-455.
doi:10.1177/00027640121957286
Wellman, B., & Wortley, S. (1990). Different strokes from different folks: Community ties
and social support. American journal of Sociology, 96(3), 558-588.
doi:10.2307/2781064
Zillien, N., & Hargittai, E. (2009). Digital Distinction: Status‐Specific Types of Internet
Usage. Social Science Quarterly, 90(2), 274-291. doi:10.1111/j.15406237.2009.00617.x

27
Table 1. Logistic regression to predict availability of potential support and linear regressions
to predict variety of informal and formal sources potentially available

Gender (M/F)
Age
Education (Low/High)
Income (Low/High)
Employment status
(ref. Employed)
Unemployed
Unable to work
Retired
Student
Househusbands/wives

Availability
(N/Y)
Odds ratio
1.65***
1.02**
1.07
1.09

Variety of informal
sources
β
.08*
-.23***
-.05
-.04

Variety of formal
sources
β
-.10**
.03
.10**
.10*

0.44**
1.28
1.02
1.39
1.72

-.04
.01
.15**
.04
-.04

-.16***
-.17***
-.16*
-.01
-.14***

Disabled (N/Y)

0.95

-.09*

.10**

Marital status
(ref. Single)
Married/Relation
Divorced
Widow

1.11
1.21
1.01

-.09
-.04
-.01

-.11
-.08
-.05

0.95

.08

-.02

1.21

.00

.02

1.17
0.97*
0.75*
0.84
0.66*

-.03
.04
-.04
-.03
-.08

.03
-.01
.08*
.13**
.04

Children at home (N/Y)
Other Internet users at home
(N/Y)
Frequency of Internet use
Years online
Medium related Internet skills
Content related Internet skills
Internet self-efficacy

Constant
6.19
Nagelkereke R2
.12
Chisquare
97.21***
Adj. R2
.08
.18
F
3.44***
8.15***
Base. Availability of potential support N=1,420; Variety of support sources =1,320.
* p <.05, ** p <.01, ***p <.001
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Table 2. Logistic regression of the availability of actual support and linear regressions of the
variety of informal and formal actual sources and the quality of the support received

Gender (M/F)
Age
Education (Low/High)
Income (Low/High)

Availability
(N/Y)
Odds ratio
1.34
1.03**
1.09
1.30

Variety Informal
sources
β
-.04
.02
-.03
-.08

Variety formal
sources
β
-.05
-.12
.06
.21***

Quality of
support
β
-.03
-.31**
-.00
.05

Employment status
(ref. Employed)
Unemployed
Unfit for work
Retired
Student
Househusbands/wives

0.72
1.41
1.21
2.46*
1.92*

.01
.01
.02
.03
-.05

-.07
-.13*
-.03
-.13
-.10

.02
.08
.05
-.05
.02

Disability (N/Y)

1.22

-.19**

.04

-.18**

Marital status (ref. Single)
Married/Relation
Divorced
Widow

0.63
1.25
1.73

.23*
.21**
.17*

-.19*
-.14
-.12

.07
.14
.09

Children at home (N/Y)
Other Internet users at home
(N/Y)

0.84

.11

-.12

-.04

2.19**

-.11

.02

.03

Frequency of Internet use
Years online
Medium Internet skills
Content Internet skills
Internet self-efficacy

0.72*
0.96*
0.80
1.16
0.47***

-.08
.09
-.07
-.12
-.18**

.08
.04
.03
.13*
.08

-.05
-.07
-.03
-.01
.25*

Constant
3.28
2
Nagelkereke R
.14
Chisquare
120.92***
2
R
.18
.24
.15
F
3.28***
4.61***
2.67***
Base. Availability of actual support N= 1,030; Variety of actual support sources N=423,
Quality of Support received N=423.
* p <.05, ** p <.01, ***p <.001

