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We examine considerations that enter into design and evaluation of measures in social science, categorizing them
into four drivers: epistemic, ethical, pragmatic, and metrological. We call them drivers to highlight their role in
guiding researchers’ decisions without determining them. Through an analysis of the World Inequality Report
2022, we reveal tensions among these drivers, illustrating the complex interplay between the various demands a
measure must satisfy. Our analysis highlights the need for case-by-case compromises to address these tensions, as
optimizing one driver often comes at the expense of another. We explore the extent to which these compromises

shape measurement practice and the principles that guide researchers in balancing them. While existing liter-
ature on measurement assumes that tensions can be resolved with good practice and use, we argue that devel-
oping a good measure requires balancing multiple demands, recognising that it might be impossible to meet all of

them simultaneously.

1. Introduction

Measurement has more than one aim: it gives empirical content to
theoretical parameters, enables comparisons, facilitates accumulation of
knowledge across time and contexts, informs decision-making and
evaluation, and provides an empirical lens for grasping nebulous yet
socially relevant phenomena, thus keeping those responsible for them
accountable. Users and producers of metrics at times acknowledge
tensions between these aims. Still, a generalized view is that a good
measurement achieves all its intended aims. This view is implicit in
various accounts of measurement. Mari et al. (2023)’s Measurement
Across the Sciences presents a framework for understanding measure-
ment across the physical and human sciences. In their view, a good
measurement is objective and intersubjective, that is, it conveys infor-
mation about the measured property and remains interpretable across
different observers and contexts. While the authors acknowledge ten-
sions between these qualities (p.83), the framework progresses step by
step towards establishing a public value for the measured property,
thereby securing both desired qualities. The framework leaves no room
for achieving these qualities only partially. In another cutting-edge
contribution, McClimans’ (2024) Patient-Centred Measurement explores
tensions between the goal of standardisation and the need to represent

the diverse, evolving perspectives of patients. Despite the challenges
these tensions pose, the book remains optimistic that proper develop-
ment, interpretation, and use can resolve them.

Looking at an ambitious example of measurement in the social sci-
ences, The World Inequality Report 2022 (Chancel et al., 2022), we argue
that it is often impossible to design measurements that fulfil all their
intended purposes. This is because there are tensions between different
aims and needs, such that achieving one aim may prevent the satisfac-
tion of another.

The idea that measurement requires compromises has been voiced
before. Scientists sometimes acknowledge making compromises when
discussing the epistemic costs of pragmatic choices, like those made
during data collection or measurement implementation (e.g.,van
Drimmelen et al.,, 2024; loannidis, 2005; Simmons, Nelson, and
Simonsohn, 2011). Historians and philosophers of science emphasize
that development and evaluation of measures requires prioritizing
among different aims, only some of which are epistemic (Boumans,
2015; Bradburn et al., 2017; Cartwright and Runhardt, 2014; de Vet
et al., 2011). According to Cartwright and Runhardt (2014, p. 276),
trade-offs are so pervasive in scientific practice, especially in the social
sciences, that addressing them is a central problem that scientists
continuously confront.
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However, the extent and modality with which these compromises
shape measurement practice have not been recognized, nor documented
in detail. Trade-offs emerge from specific decisions during development
and validation, and discussions on the topic have so far been highly
contextual, often tied to the contingencies of individual cases. Trade-offs
have been identified between different epistemic values, such as preci-
sion, calibration, and standardisation (Boumans, 2015, p. 84), or be-
tween epistemic aims and other considerations, including ethical and
pragmatic needs (Cartwright and Runhardt, 2014). However, there has
been little effort to systematize the types of tensions that arise in mea-
surement practice. We address this question by asking whether the
trade-offs are expressions of broader tensions between multiple aims of
measurement, rather than being confined to individual cases. To do this,
we explore the range of considerations that guide researchers in the
development, evaluation, and use of a measure and identify four main
drivers of their choices. Our analysis suggests that the trade-offs arise
from broad tensions between the drivers, which span various choices.

This systematization also enables us to examine the principles that
guide researchers in addressing these tensions, a topic that is largely
unexplored in the philosophy of measurement. Boumans (2015) argues
that no epistemic principle can dictate how to resolve the tensions;
instead, addressing them requires expert judgment. However, he does
not address the considerations that might guide this judgment. Some
insights can be found in the values in science literature, where the
recognition that scientific practice can serve a variety of aims, both
epistemic and non-epistemic, is often coupled with the claim that value
influences are acceptable as long as they accord with the epistemic goals
of inquiry (Potochnik, 2020; Rosales and Morton, 2019). On this view,
moral values play a secondary role, either closing the gap between ev-
idence and theories (Longino, 1990, 2002) or managing the risks of error
associated with uncertainty (Douglas, 2009)." This perspective positions
ethical considerations as peripheral, invoked only when epistemic ones
are insufficient (Elliott, 2011; Steel, 2010). In contrast to this view, we
find that in measurement there is no lexical order of priority between
different aims, nor a general rule for determining which one should
trump the others. This suggests that different sets of principles may be
applied depending on the case.

In the rest of the article, we articulate how the need to address ten-
sions and trade-offs shapes the World Inequality Report 2022 (hereafter
WIR). After a brief primer on measurement of inequality in Section 2,
Section 3 identifies four drivers that can in principle guide the re-
searchers’ choices: epistemic, ethical, pragmatic, and metrological. We
show that all four can play a role and that each one opens up a variety of
options, none of which is superior to the others. In Section 4, we examine
an influential approach in the measurement of economic inequality
developed in the Paris School of Economics and embodied in the WIR.
Specific versions of the four drivers emerge when analysing the Report’s
key choices and their justifications. Based on this case study, in Section 5
we highlight three broad tensions between the drivers, reflecting the
complex interactions between the diverse needs and purposes of social
indicators. The first tension arises between epistemic and ethical drivers,
the second between metrological and epistemic drivers, and the third
involves all four drivers in a trade-off between fruitfulness and visibility
of measurement. We then look at how these tensions are addressed in the
Report to see if there are consistent principles guiding the economists’
choices, or signs of relations of priority between the different aims.
Though grounded in the case study, this analysis will be useful more
generally in two ways: first, by offering a vocabulary for scientists and
philosophers of science to articulate these compromises, and second, by
serving as a step toward developing sets of principles to navigate these
decisions.

! Another view posits that scientific assessment requires the joint satisfaction
of epistemic and non-epistemic values (Lusk and Elliott, 2022). This approach
resonates with the idea that a good measurement is one that fulfils all its aims.
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2. Measurement of inequality: a primer

To study inequality, economists measure the degree of concentration
of economic resources across a population, and use these measurements
to make comparisons across regions and monitor trends over time.
Inequality is quantified by summarizing statistics that associate any
distribution of resources with a number that captures the degree of
concentration, thereby ensuring a complete ordering of distributions in
terms of inequality.

Inequality indicators are developed within an axiomatic approach,
which starts off by identifying a set of axioms that the indicators must
respect. These axioms, commonly called principles, describe properties
of inequality that are considered self-evident and provide the basis for
constructing an indicator. For example, the anonymity principle states
that inequality is indifferent to the identifying features of the individuals
in the population, so that if two individuals exchange their resources,
the population inequality remains the same. The population principle,
instead, states that inequality is independent of the size of the popula-
tion, so that if the population is multiplied x times, inequality remains
the same. The transfer principle states that inequality decreases when
there is a transfer of resources from a rich to a poor that does not change
the order between them. The number and kind of axioms vary
depending on the features of inequality the researchers want to capture.
The higher the number of axioms, the fewer indicators are able to satisfy
all of them (Costa and Pérez-Duarte, 2019).

The axioms alone, however, do not cover all the choices researchers
face when constructing and evaluating an indicator of inequality.
Economists discuss about a variety of other choices, considering the
implications of various alternatives and evaluating their appropriateness
from multiple perspectives (see e.g., Atkinson, 1983; Bojer, 2003; Sal-
verda, Nolan, and Smeeding, 2009; Sen, 1997a).? For example, in ab-
stract terms inequality is a property of the distribution of resources
across a population, but to construct an indicator researchers must
choose which resource to focus on, the relevant population, and the
statistical unit. Economic inequality is usually defined in terms of in-
come or wealth, but there are several alternative options including
consumption, utility, or capabilities — and important distinctions be-
tween inequality of outcomes and inequality of opportunities. With
respect to the population and statistical unit, common options include
measuring inequality between households within a country, global
inequality between countries, or global inequality among individuals
regardless of where they live. Constructing an inequality indicator re-
quires making several additional choices, for instance about how to deal
with specific forms of income, like dividends, social benefits, de-
ductions, and non-monetary incomes. Yet other choices regard equiva-
lence scales, summarizing statistics, and data sources. Alternative
equivalence scales have been proposed to compare households of
different sizes and compositions. Data are usually drawn from income
surveys and national censuses, but one can also consider other sources
like tax records and national accounts.

Based on these choices, researchers construct the distribution of the
resource of interest across the relevant population and then use statis-
tical tools to summarize the inequality of the distribution into a single
number. Alternative summarizing statistics are available, like the Gini,
Theil, and Atkinson indexes, or percentiles ratios like the P90,/P10.°

These choices can significantly influence the study results. Not only,
as one can expect, are there large differences in inequality depending on
the specific resource one focusses on — wealth, income, or consumption

2 Textbooks and methodological contributions summarize these discussions
considering alternative options for each aspect of the indicator that requires
specification (see e.g., Afonso et al., 2015; Baldini and Toso, 2009; Jenkins
et al., 2009; McGregor et al., 2019; Piketty, 2015; Ray, 1998).

3 The P90/P10 ratio compares the resources at the 90th percentiles to the
ones at the 10th percentile.
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for example. But also, other choices have significant impacts on the
conclusions drawn from inequality indicators. For instance, it has been
shown that relying on different indexes can lead to inverse ranking,
other things being equal (Jenkins, 2024). Moreover, inequality trends
can appear different depending on the statistical units or equivalizing
scales employed (Atkinson and Brandolini, 2009; Jenkins, 2015). The
definition of the population of interest also has a significant impact on
the measurement outcomes: recent trends in global inequality can
appear different depending on whether one looks at inequality between
countries or inequality between individuals regardless of where they live
(Lakner and Milanovic, 2016). As a consequence, the quality of the in-
dicator and its authority in arbitrating decision-making processes
depend on how these choices are made and justified (Alexandrova,
2017; Cartwright and Runhardt, 2014; Hand, 2004; Reiss, 2008). This is
evidenced by recent and ongoing debates about the current level and
trends of global inequality, where scholars challenge each other’s find-
ings by questioning the specific choices made to construct the indicators
(e.g., Auten and Splinter, 2023; Lakner and Milanovic, 2016).

3. Four drivers in the measurement of economic inequality

We are now in the position to organise the range of considerations
that make a difference to the choice of indicators into distinct analytic
categories. The economic literature often mixes different types of
consideration while we seek to distinguish them according to the values
they appeal to. We call them drivers to underline the fact that they serve
as general motivations for methodological choices without determining
these choices fully. We divide the drivers into epistemic, ethical, prag-
matic, and metrological. These adjectives name the general value that
each driver pushes: the epistemic driver gathers considerations that all
roughly have to do with pursuit of knowledge, the ethical driver en-
compasses reasons that have to do with what is good and right in the
moral sense, the pragmatic driver picks out considerations of practi-
cality, and the metrological driver is all about values of quantification.
Each driver is an umbrella term for a group of more specific reasons
animated by distinct values. We acknowledge that these drivers are
broad and heterogeneous, so our suggestion should not be seen as a neat
classification of mutually exclusive categories. Moreover, some consid-
erations are impure, so to speak, in that they mix two or more drivers
together. Nevertheless, we find the idea of a driver and the four-way
division helpful for bringing some interpretative order to the complex
process by which an indicator is developed and assessed.

The next four subsections unpack each driver, connecting them to the
literature in philosophy of measurement and showing where in the
economic discussions these drivers are located. Our focus will be in
highlighting the most salient aspects of these drivers for measurement
practice.4

3.1. The epistemic driver

The epistemic driver is a collection of considerations that refer to
those virtues of an indicator that ensure it is properly connected to the
existing knowledge of the phenomenon that the indicator represents.
These considerations include a theoretically grounded definition of the
phenomenon, causal or correlational evidence that the indicator has a
stable link with the phenomenon, and various markers of precision,

4 The idea that scientific theorizing can be assessed based on a range of
theoretical virtues is well-established in the philosophy of science, along with
the recognition that these virtues can sometimes conflict. Philosophers of sci-
ence are well equipped to analyse compromises between competing epistemic
aims (Kuhn, 1981; Levins, 1966) and, more recently, between epistemic and
value-driven considerations (Douglas, 2009; Longino, 1990). Our goal here is to
build on this work and make these connections more explicit in the context of
measurement practice.
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accuracy, and reliability of this link. This driver is analogous to what
philosophers often describe as epistemic values, but in our case the focus
is on measurement practice, hence the emphasis on effective coordina-
tion between theoretical concepts and their empirical content.”

In the literature on philosophy of measurement, the epistemic driver
is reflected in accounts of the nature of validity, as well as discussions of
how scientists overcome uncertainty in the process of validation of
measures.® To test whether the indicator tracks the phenomenon, sci-
entists are supposed to formulate and confirm causal claims about the
relation between the measure and the measurand (though some
disagree). On some accounts, this is accomplished with axioms that
enable proof of representation theorems relating the observations and
the concept (Chang and Cartwright, 2008; Krantz et al., 1971; Vessonen,
2021b).” To capture the challenge of figuring out what’s a good measure
of a phenomenon that is itself unclearly understood, philosophers made
use of notions like epistemic iteration (Chang, 2004), co-evolution of
measurement and theory (van Fraassen 2008), and model-based mea-
surement (Tal, 2017). In the more applied literature in the sciences, the
epistemic driver is explored in the various conceptions of validity
(Lissitz, 2009; Zeller and Carmines, 1980) and uncertainty (JCGM,
2020; Giordani and Mari, 2013; Mari et al., 2023).

In case of inequality, the epistemic driver invites an evaluation of
how well the indicator captures the relevant concept of inequality.® For
example, when choosing how to define inequality, researchers are
prompted to consider which resource is best suited for capturing the
actual endowments of economic resources, independently of temporal
fluctuations and distribution within micro-social organizations. An
often-made remark is that income varies significantly over a lifetime,
making the measurement of inequality at any specific time relevantly
dependent on these fluctuations (e.g., Lakner and Milanovic, 2016;
McGregor et al., 2019). This is undesirable because people can some-
times compensate for income fluctuations with savings and wealth,
which means that income may not accurately reflect a person’s or
household’s economic circumstance. If a household has an income gap, a
measure of income inequality would place it at the bottom of the dis-
tribution, despite the fact that this household may be able to use savings
and wealth to smooth out its financial situation.

Researchers can mitigate this worry by focussing on consumption,
which instead is smoothed over a person’s lifetime. However, con-
sumption has other disadvantages because it depends on endogenous
decisions: some people might live a more parsimonious life than their
circumstances would allow, or on the contrary, consume more than they
can afford by relying on credit. Therefore, consumption is not a ‘clean’
measure of people’s circumstances either, though for different reasons.
Neither of these options fully captures the complexity of people’s eco-
nomic circumstances, but the concerns they raise may be more relevant
to certain purposes than others. An examination of economic inequality
may consider multiple resources for a broader perspective; nevertheless,
these epistemic considerations can help researchers decide which

5 In Mari et al. (2023, p. 259), these considerations are captured by the
quality of object-relatedness (or objectivity), which they define as the extent to
which the information provided by a measurement concerns the intended
measurand and nothing else.

% For a discussion of the nature of validity, see e.g., Borsboom et al. (2004).
An account of the process of validation can be found, for example, in Bradburn
etal. (2017). Tal (2016) provides an account in which idealized models (used in
the evaluation and management of measurement uncertainty) mediate between
quantity concepts and their realization.

7 Insofar as representational theorems establish the type of scale that can be
used for a given measurement, they also respond to the metrological driver.

8 In some cases, a measurement reflects a collection of attributes, requiring
the researcher to address the problem of how to aggregate them. However, in
the case of economic inequality, economists typically focus on the monetary
value of resources like income and wealth, treating inequality as a one-
dimensional parameter.
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resource, or set of resources, to focus on.

Epistemic considerations bear on other choices too. For example,
they can contribute to justify the choice of statistical unit (e.g., house-
hold or individual) and the equivalence scale used to compare house-
holds of various sizes. Methodological discussions emphasize that
measuring individual inequality can create distortions because it does
not reflect the social aggregation and sharing of resources within
households (Coulter et al.,, 1992). On the other hand, household
inequality raises other kinds of worry because households come in
different sizes and compositions, and we lack knowledge about internal
distribution. Neither of these options is clearly superior, but they raise
different kinds of concern and therefore one might be preferable over the
others depending on the intended purpose and context of analysis (e.g.,
different sources of error can be best controlled in distinct contexts).

3.2. Ethical

A second type of consideration is the ethical driver. These are con-
siderations that affect the choice of measures by appeal to some moral
reason having to do with justice, harm, wellbeing, rights. For example,
researchers might invoke such reasons when they pick an indicator that
explicitly highlights an injustice (or progress) in the most effective way.
Or they might use value-based considerations to select the sensitivity of
a metric or even its content.

There is no well-established literature highlighting the ethical driver.
However, it is implicit in several traditions. The French movement of
statactivism is dedicated to using statistics to effect activist goals typi-
cally by disclosing official statistics that reveal hidden costs of gover-
nance and regulation (Bruno et al., 201 4).° American economists Anne
Case and Angus Deaton use this sort of reasoning to invent a measure of
‘deaths of despair’, namely the premature deaths in deprived regions of
USA due to opioid addition and suicide (Case and Deaton, 2020).
Normative considerations enter the very definition of concepts and
therefore the choice of metrics in cases where the object of study is
picked out by a ‘thick concept’, that is, concepts that involve a
descriptive and a moral dimension, like wellbeing, quality of life,
poverty, inflation etc. (Alexandrova and Fabian, 2022; Angner, 2013;
Cartwright and Runhardt, 2014; McClimans, 2010, 2024, Thoma, 2024).

Without trying to be exhaustive, we can unpack several ways in
which ethical considerations can influence measurement. Ethical moti-
vations might guide the selection of measures that better capture phe-
nomena of ethical significance (Alexandrova and Fabian, 2022;
Anderson, 2004). They can shape the background assumptions about
what evidence is relevant for measuring a particular property (Longino,
1990; Peschard & van Fraassen, 2014). Research ethics may impose
constraints to ensure ethical standards, such as protecting privacy, are
upheld. Concerns about the social consequences of quantification might
lead to choosing measures that promote morally desirable outcomes
(Rodriguez Duque et al., 2024). Additionally, ethical considerations can
affect decisions involving inductive risk, favouring designs that mini-
mize the likelihood of more serious errors (Douglas, 2009).

In case of inequality, economists remark that ethical considerations
are unavoidable when choosing how to measure inequality. Ranking
levels of inequality is never purely statistical because it requires making
judgments about how to weight resources at different points of the
frequency distribution and which properties of the distribution are the
focus of analysis (see e.g., Baldini and Toso, 2009; McGregor et al., 2019;
Piketty, 2015). Any way of comparing different distributions in terms of
their inequality must rely on a specific way of weighing resources in
different parts of the distribution. For example, because of how it is
constructed, the Gini index gives greater weight to changes around the

9 Morgan and Bach (2018) provide an extensive case study showing how
measurements can prompt policy actions by serving as means for accountability
and evaluation, as well as public instruments of persuasion.
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middle of the distribution compared to transfers at top and bottom tails.
This is because its sensitivity depends not on the size of the income levels
but on the number of people situated between them (Sen, 1997a). This
design has ethical implications: transfers within densely populated parts
of the distribution influence the index more than transfers at the bottom
tail, where fewer individuals are present but the needs are often more
pressing. In this sense, ethical judgments are embedded in the weighting
mechanism of any index. Therefore, when researchers choose a statis-
tical tool to measure inequality, they implicitly make ethical judgements
about the relative importance of resource transfers in different parts of
the distribution. This illustrates what Schroeder (2019) describes as
values fixed within the measurement (as opposed to being adjustable
according to the user’s needs). The weighting mechanism carries ethical
implications and cannot be modified because it depends on the welfare
function that is implied by different statistics.

The Atkinson index breaks with this tradition by embedding values
in a way that makes them more user-accessible. In this index, the welfare
weighting is controlled by a variable called ‘inequality aversion’, which
researchers can adjust. By modifying this variable, they can change the
sensitivity of the index to transfers at different points in the distribution
and test how this affects the measurement outcomes (Sen, 1997a). This
approach makes the value-laden choice explicit and encourages re-
searchers to provide ethical justifications for their chosen value of
inequality aversion.

Ethical considerations can shape other choices too, such as the
definition of the population of interest. Researchers define the popula-
tion under study based on the specific type of inequality that is morally
significant for the purposes of the study (Baldini and Toso, 2009;
McGregor et al., 2019). For example, one can choose to study inequality
between countries because countries are actors in international diplo-
macy and their motivations for addressing global issues are determined
by their position in a between-country distribution. Inequality between
countries, for instance, is one of the primary arguments in favour of
international aid and cooperation. Alternatively, researchers can choose
to study global inequality among individuals regardless of where they
live, because ultimately what matters is the situation of individual
people, which is masked in broad groupings.

3.3. Pragmatic

The pragmatic driver refers to considerations arising from practical
needs of measurement practice, such as resource constraints and ease of
use. Datasets cost a lot of money because to assemble them requires
time, human resources, and often material basis. Everything from
negotiating access to existing data, to gathering your own, to processing,
and storing them, is intensive in terms of labour and resources. So it is
unsurprising that measures are often judged by appeal to values of
feasibility, convenience, and tractability, and other practical
considerations.

Despite the centrality of the pragmatic driver in the lived experience
of scientists, these considerations are often regarded as playing only a
secondary role. According to Hand (2004), pragmatic choices are
needed for resolving aspects of measurement that are epistemically
unforced, like selecting a unit of measurement or coming up with a
precise definition for a loosely specified concept when relevant
epistemic considerations are absent. On his account, whether these
choices involve adhering to conventions or devising ad hoc solutions,
they are made with the hope that their impact on the study’s conclusions
will be minimal. Ideally, researchers should restrict their conclusions to
claims that are invariant to changes in pragmatic choices. However,
achieving this ideal is often impossible, and therefore pragmatic con-
siderations can have a significant influence on measurement processes.

The practical aspects of building and using indicators, like the pro-
cess of data gathering and the employment of indicators in conjunction
with other parts of science, are readily visible in the discussions on
measurement of inequality. For example, economists remark that
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General Entropy indicators (a class of indexes inspired by information
theory) have the attractive property of being perfectly decomposable (e.
g., Sen, 1997a). These indicators, such as the Theil index, allow to
compare inequality between and within different subgroups of the
population. This is because they can be obtained as a weighted sum of
the values the indicator takes within different subgroups of the popula-
tion, plus a term summarizing the inequality between the subgroups. For
this reason, General Entropy indicators are preferable when studying the
level and evolution of inequality within subgroups of the population,
such as social groups or regional areas. By contrast, the Gini index is not
decomposable in this way: it might happen that the inequality within a
subgroup increases, but the Gini of the whole population diminishes, or
vice versa. As a consequence, the Gini index is not appropriate for
studying subgroups.'’

Decomposability is a desirable property when it comes to use the
indicators to analyse inequality within a population and its subgroups,
and explore relations with other relevant variables, such as education or
quality of life. However, lacking this property is not an error or a source
of uncertainty because an indicator can have epistemic value indepen-
dently of whether it is decomposable or not.'!

Pragmatic considerations can influence several other choices. For
example, when choosing the resource to focus on, researchers consider
the feasibility of gathering data about it (McGregor et al., 2019). While
income data is regularly collected by national statistical institutes and
tax authorities, consumption data is not broadly available and requires
costly surveys to be collected. Similarly, while financial wealth is rela-
tively easy to measure, a more comprehensive estimation of someone’s
wealth is difficult because it requires bringing together many different
data sources including national accounts, micro-level data from house-
hold surveys, financial institution surveys, administrative records, tax
records, and specialized databases on artworks, luxury cars, etc.
(McGregor et al., 2019).

3.4. Metrological

One last type of consideration is metrological. This driver appeals to
the values of quantification and comparability. Quantification involves
representing an attribute in terms specified by a mathematical scale,
typically ratio, or interval.'? Exactly how to formulate the conditions of
each scale, what operations each allows, and how to estimate mea-
surement uncertainty is the purview of metrology. Within the social
sciences, metrological research is typically carried out as psychometrics,
which uses mathematical models to represent the relation between
psychological constructs and behavioural manifestations. Such models
represent constructs as variables on particular scales (Borsboom and

10 Depending on the context of application, ignoring subgroups can have
ethical implications, making this choice one that requires both ethical and
pragmatic considerations.

1 Note that it is possible to ask different questions about decomposability,
such as if one is justified in representing inequality with a decomposable in-
dicator, similarly for example to when researchers ask if temperature can be
measured on an absolute scale. But economists do not discuss this question.
They assume a positive answer and discuss when it is preferable to use a
decomposable indicator, based on its pragmatic value for the purpose at hand.

12 The metrological driver encompasses some of the considerations described
by Bradburn et al. (2017) as part of the representational stage of measurement —
when a researcher develops a metrical system to appropriately represent the
property at hand. However, our proposal is not intended to describe stages of
validation. As we will demonstrate in the following sections, all drivers
contribute to the development and evaluation of measurement, and none takes
precedence over the others, either temporally or philosophically.
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Molenaar, 2015). Quantification is valuable because it allows a consis-
tent representation of attributes across various instances and enables the
application of mathematical tools for making comparisons, as well as for
deriving and testing predictions.'® However, it is also controversial and
difficult to defend especially in the human sciences.

For example, some have questioned whether parameters in the
human sciences are genuinely quantifiable, either because they only
justify ordinal rather than quantitative structures, or because they
involve unjustifiable aggregations of heterogeneous properties (Michell,
2012; Hausman, 2015). Quantification in the human sciences is also
criticized for oversimplifying social and psychological complexity,
leading to a loss of interpretative depth and local contextual knowledge
(Greene, 2020). These controversies have inspired work that examines
the foundation of quantification in the human sciences and explores how
measurement can be understood to account for its successful application
in these fields (Basso, 2017; Briggs, 2021; Larroulet Philippi, 2021; Mari
et al., 2023; Newfield, Alexandrova, and John, 2022; Vessonen, 2021a).

In the measurement of economic inequality, researchers usually
disregard the question of whether representing inequality in quantita-
tive terms is justified, presumably because economic inequality is pre-
dominantly measured in terms of income or wealth, which are
quantified in monetary terms. However, the comparability of inequality
across contexts and time periods is a central issue in methodological
debates (Piketty, 2015; Sen, 1997a). This is because monetary values
change over time and across currencies, and because the coexistence of
similar but not identical indicators raises doubts about the compara-
bility of their outcomes.

In particular, since inequality is estimated on the basis of the dis-
tribution of resources across a population, it is essential that economic
circumstances are quantified in a way that allows for comparisons across
the population. For example, when measuring inequality among
households, researchers use equivalizing scales to improve the compa-
rability of households of different numerosity and composition. Equiv-
alizing scales are vectors of coefficients that standardise heterogeneous
households and make them comparable. Multiple scales have been
proposed in the literature and researchers are encouraged to choose the
one that ensures the best comparability of available data and resources.
Similarly, when measuring inequality among all individuals globally,
regardless of residence, a key challenge is how to compare incomes in
different currencies. There are alternative methods to do this, such as
using Purchasing Power Parity (PPP) or current exchange rates to
standardise monetary values. While none of these options is clearly
better, researchers are advised to select the one that facilitates broader
comparisons, other things being equal, and to cross-check their results
using different methods.

Metrological considerations extend to other choices. In the absence
of standardised procedures, each country measure inequality using its
own methods and presuppositions, raising the problem of how to
compare the outcomes of similar but not identical indicators (Atkinson
and Brandolini, 2001, 2009). There is a rich methodological discussion
about how to harmonize the outcomes of different indicators to make
them comparable, without compromising their epistemic value
(Jenkins, 2015; Basso 2025). Harmonization involves choosing a
benchmark definition of inequality and constructing an indicator that is
operable across a broad range of countries and desired timeframes.

Our goal in this section has been to emphasize that each driver cre-
ates opportunities for researchers to make different choices without
determining them. With the four drivers in place, we are ready to
introduce our case study in which the choices have already been made
and need to be justified.

13 Mari et al. (2023, p. 259) characterize subject-independence (or intersub-
jectivity) in a way that partially captures these considerations, as it emphasises
the goal that the information conveyed by a measurement should be inter-
pretable in the same way by anyone.
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4. The world inequality report 2022

The World Inequality Report 2022 is considered one of the best
sources of information about global economic inequality. It is well-
received in academic circles and broadly discussed in the media. The
Report is authored by some of the most well-known economists of
inequality in collaboration with a large network of researchers and in-
stitutions. It includes summaries and comments on recent and historical
findings about global economic inequality, based on the database
curated by the World Inequality Lab — an international institute based at
the Paris School of Economics and the University of California, Berkeley.
The Report describes today’s levels of inequality as well as historical
trends going back to 1820, covering almost all countries in the world.

The Report is the source of some striking claims. For example, it
claims that “the poorest half of the world population owns just 2 % of
total net wealth, whereas the richest half owns 98 % of the wealth on
earth” (Chancel et al., 2022, p. 27). Another striking claim regards the
disproportionate share of recent growth that is captured by global
multimillionaires, contributing to an escalating trend of global
inequality: “the top 1 % took 38 % of all additional wealth accumulated
since the mid-1990s, whereas the bottom 50 % captured just 2 % of it”
(ibid, p. 15).

The Report’s findings not only expose unprecedented levels of
inequality but also challenge widespread views about the causes of
inequality. For instance, they challenge the ideas that inequality can be
explained by geographical location or by average income levels, and
that redistribution have large impacts on global inequality. By studying
the impact of redistributive taxation, the Report states that while
inequality is generally lower after taxation, the overall effect is small, so
that in regions that are highly unequal before taxes, inequality remains
extremely high even after redistribution. Moreover, the Report high-
lights that the redistributive power of taxation emerges as a historical
contingency of the 19th and 20th centuries (when progressive tax sys-
tems have been established) and should not be taken for granted.
Indeed, tax systems in several countries have become regressive in
recent decades, meaning that the rich pay less tax, as a share of their
income, than the middle and poorest part of the population (ibid, p.35).

To arrive at these finding, the Report investigates economic
inequality using a variety of indicators, such as inequality pre- and post-
taxation, inequality between and within countries, and across regions or
globally regardless of where people live. These amount to multiple
measurements of closely related parameters, which are used for causal
analysis and hypothesis testing. For example, the Report measures
inequality pre- and post-taxation to assess the impact of redistribution
policies. Similarly, it looks at inequality within and between countries to
track different dynamics of global inequality (Basso & Lisciandra, 2024).
Despite the variety of measurements, some key methodological choices
remain consistent throughout the Report. In particular, we discuss four
key choices.

First, the Report focusses on inequality of income and wealth only,
disregarding other factors that contribute to people’s economic cir-
cumstances, such as public goods, human capital, or health.'* Inequality
of opportunities is also neglected. Second, the Report chooses to mea-
sure inequality using percentiles rather than summarizing statistics —
that is, it focusses on which share of income and wealth is held by
different parts of the population, as opposed to indexes summarizing the
concentration of resources. Third, the Report chooses benchmark con-
cepts of income and wealth inequality, which are used across all coun-
tries regardless of contextual differences. Finally, the Report is open
access and has a transparent methodology, providing access to data-
series as well as meta-data about methodological and analytical

4 In addition to income and wealth, the Report studies gender and environ-
mental inequalities. However, these are studied as separate types of social
disparities, rather than as contributing to people’s economic circumstances.
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techniques.

All these choices are justified in methodological discussions that can
be interpreted as appealing to the four drivers discussed in the previous
section.

The epistemic driver motivates the provision of an empirical grasp on
economic inequality, a social phenomenon that cannot be sized with
eyes and ears. The WIR aims to shape our perception of global economic
inequality by producing data series and elaborating them with statistical
models and indicators. The authors set as their primary objective to
document new findings about global inequality and its evolution. More
precisely, they aim to bring out factual information that may be limited
in scope but can be trusted because the same results could be gained by
different researchers asking the same question. The authors acknowl-
edge that some disagreement about inequality is unavoidable, particu-
larly when the investigation reflects differing views on what the
desirable level of inequality is, and the social policies and institutions
required to achieve and sustain it. Nonetheless, they believe that “it is
possible to agree about certain facts about inequality,” implying an
aspiration to keep disagreement over values separate from knowledge
claims about inequality levels and trends (ibid, p. 22).'°

The ethical driver pushes the authors to publicise socially relevant
information concerning inequality, particularly by exposing the under-
served privilege stemming from the extreme concentration of wealth in
the hands of a small elite. According to the authors, informing about
economic inequality is instrumental in enabling citizens to exercise their
right to shape public decisions. Rejecting the idea that knowledge about
inequality should remain confined to the realm of experts, the authors
set as their “chief objective to contribute to the power of many” (ibid, p.
23). To this end, they strive to provide accessible information that can
reach broad audiences, while maintaining transparency regarding data
sources and methodologies to facilitate independent judgment. In
essence, motivated by concern, indeed, anguish over today’s inequality
levels, the authors aim to equip their readers with the information they
need to contribute to democratic debates, with the ultimate goal of
catalysing actionable responses.

The pragmatic driver is at work to construct indicators with the data
sources that are currently available. The Report is based on a database
called World Inequality Database (WID), which compiles inequality re-
cords for several countries and years. The curators of the WID do not
collect new empirical data themselves. Instead, the WID is constructed
by elaborating on data collected by other institutes, including national
statistical institutes and tax authorities. The WID combines multiple
data sources to overcome some of the limitations of using one type of
data only, but it remains constrained by the availability of data due to
privacy, secrecy, tax evasion.

Finally, the metrological driver makes inequality comparable glob-
ally and over a long time span. The Report’s ambition is to provide the
most comprehensive findings on the current levels and historical evo-
lution of income and wealth inequality, aiming to cover “almost all
countries in the world over long time periods” (ibid, p. 22). According to
the authors, this allows them “to present systematic data on inequality at
the global level and to analyse how it has evolved over time” (ibid, p.
22).

These examples demonstrate that each of the four drivers are in
operation in the Report. The authors of WIR deploy all four types of
considerations in choosing how to measure and to represent economic
inequality. But so far it remains possible that these drivers supply re-
quirements that can be satisfied in a particular order, say with the
epistemic driver being the dominant one. Equally, it remains possible

15 An emerging consensus in the values in science literature discussed in
Section 3.2 holds that a neat separation between factual and value-laden claims
is often impossible and undesirable. Some authors, however, maintain that
researchers should still aim to eliminate value influences on scientific
reasoning, even if this aim remains unattainable (Menon & Jacob, 2023).
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that all four drivers can be satisfied at once, thus acting as necessary
conditions for the adequacy of indicators. Now we are in the position to
show that this is not so. The drivers bump into each other and force
trade-offs.

5. Tensions and compromises

Sometimes drivers pull in opposite directions. For example, the de-
cision to focus on the distribution of income and wealth may be justified
pragmatically on the basis of data availability, but it has epistemic
limitations: income and wealth fluctuate for many reasons, making them
unreliable representations of people’s economic circumstances. Simi-
larly, measuring global inequality may be an ethical priority, but it poses
metrological challenges, as international differences in currencies and
economies make comparisons and hence quantification deeply uncer-
tain. As a result, in some cases a driver can be satisfied only at the cost of
another.

These trade-offs are ubiquitous in the WIR, but three such tensions
are especially visible as the next subsections show. Moreover, when the
authors of WIR need to balance different desiderata, there is no easy way
to bring different aims into accordance, and no single correct answer as
to which balance is best. In the absence of a standard, principled way of
addressing the tensions, researchers make case-by-case decisions that
weigh up pro and con, compromising between different drivers.

5.1. Epistemic vs. ethical driver

The first tension is between the epistemic and the ethical drivers.
These drivers pull in opposite directions regarding the role of moral
values in guiding researchers’ choices. The epistemic driver calls for
truthful, fact-based information about inequality. To meet the epistemic
demands, the Report strives to be an apolitical resource in a pluralistic
society, providing information that is free from bias and ideology.
Conversely, the ethical driver urges an ethical stance to highlight the
most troubling aspects of current inequality. The authors are committed
to exposing undeserved privilege, aiming to empower their readers to
participate in democratic decisions.

Conflicts between the epistemic and ethical aims of measurement
have sometimes been acknowledged by historians and philosophers of
science, who highlighted how measurements are socially and institu-
tionally constructed, embedding social and political intentions that may
compromise their objectivity and impartiality (Desrosieres, 1998;
Hacking, 1995; Kula, 1986; Porter, 1995). This tension is also evident in
the context of scientific modelling. For example, Elliott & McKaughan
(2014) claim that non-epistemic considerations can sometime take
precedence over epistemic values in model evaluation, as models are
assessed not only for their fit with the world but also for their suitability
to meet the needs of their users (see also Diekmann and Peterson, 2013).
In the case of the WIR, this tension manifests in the author’s dual
commitment to achieving factual accuracy while also taking re-
sponsibility for the societal impact of their research.

To balance these competing demands, the WIR sometimes prioritizes
the epistemic driver and sometimes the ethical one. The goal is not to
optimize both drivers simultaneously, but rather to allow both to
contribute partially, striking a balance that is justifiable from their point
of view. To illustrate, consider the following example. To meet the
epistemic demands, the WIR aims to restrict its findings to claims that
are robust against value disagreement. In contrast, to address the ethical
demands, it represents these findings in a way that highlights the Re-
port’s ethical and political implications.

Because different statistical tools embed distinct value assumptions,
the authors test the robustness of their main findings against multiple
indicators. For example, when reconstructing the historical trends in
income inequality, the Report tests the main findings using percentiles,
T10/B50 ratios, and other indicators, including the Gini coefficient. The
claim that todays’ global inequality mirrors levels observed around

94

Studies in History and Philosophy of Science 113 (2025) 88-97

1900 and is substantially higher than in 1820 holds independently of the
statistics employed (ibid, p.56).

Similarly, when analysing global wealth distribution, the Report uses
Purchasing Power Parity (PPP) to compare economic circumstances
across regions with different living costs. PPP rates are based on
combining and weighting price indices in different areas of consumption
to reflect people’s purchasing needs across the world. This requires
making value assumptions about how to aggregate and weight spending
needs of different segments of the population (Reiss, 2008, Ch, 2). To
ensure robustness, the WIR cross-checks the findings with alternative
methods and argues that the extreme concentration of global wealth
does not depend on the specific method used to compare resources
across countries. When results diverge, it adopts the more cautious es-
timate, explicitly highlighting any discrepancies: “when measuring
global wealth inequality using market exchange rates, rather than pur-
chasing power parities, then there is ever more inequality: the bottom
50 % owns less than 1 % of total wealth and the global top 10 % nearly
82 % of it.” (Chancel et al., 2022, p. 27).

When it comes to conveying their main findings, however, the au-
thors no longer strive to be apolitical. Instead, they choose to represent
their findings in a way that emphasises the extreme concentration at the
top of the distribution. Rather than using summarizing statistics like the
Gini or the Theil indexes, the authors prefer to Report their findings
using percentiles or rations. Percentiles allows to monitor the shares of
income and wealth of different parts of the distribution as in the claim
that the bottom 50 % of the population owns only 2 % of global wealth.
The Report uses indicators based on ratios like the Top 10/Bottom 50
(T10/B50), which measure how many times more the rich earn
compared to the poorest half (ibid, p.31). Percentiles and ratios are more
intuitive to understand, making it easier to reach broad audiences.
Moreover, they highlight the tails of the distribution, helping to reveal
the increasing concentration of resources at the top tail, which instead
remains unclear looking at summarizing indexes.

It is worth clarifying that the use of percentiles is not an extra step
outside the measurement process. The choice of indicator is a funda-
mental part measurement, as it creates a unique ordering of distributions
based on their inequality. In the WIR, this choice is driven by ethical
concerns including consideration of the consequences of how the results
are received.

This choice diverges from disciplinary standards and partly contra-
venes the epistemic driver. The percentile approach makes values highly
visible in the WIR, highlighting the authors’ clear preference for more
progressive taxation. Moreover, the use of percentiles imposes an
epistemic constraint on the Report’s users by emphasizing certain as-
pects of the distribution over others: it draws attention to top tail dy-
namics while providing little information about the rest of the
distribution. Note that values are difference-makers in this case. Alter-
native ethical considerations, such as those motivated by the aim of
informing and justifying national policy, would require representing the
entire distribution, particularly the middle, which plays a primary role
in social spending and redistribution. As a consequence, the epistemic
and ethical demands are not jointly met. The Report addresses both only
partially, striking a balance that can only be justified from their specific
point of view.

5.2. Metrological vs. epistemic driver

The second tension involves the epistemic and the metrological
drivers. These drivers generate opposing demands with respect to the
contextual accuracy of inequality claims. The epistemic driver demands
to provide information that is faithful to the real world, prioritizing
descriptive adequacy throughout the WIR, also in the case of context
dependent aspects of inequality. The metrological driver, instead, calls
for global comparability, and this requires simplifying and flattening out
contextual differences.

As with the previous case, these demands cannot be fully met
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together. The trade-off between contextual accuracy and breadth of
comparability is well known in the social sciences. Bradburn et al.
(2017) argue that researchers are pulled in opposite directions when
constructing measurements. Optimizing contextual accuracy often leads
to a proliferation of context-specific measures. This makes accumulating
knowledge difficult, pushing researchers to rely on concepts that may
not perfectly fit specific contexts but allow for easier comparison. In the
context of inequality, this tension is acknowledged by economists who
argue that it’s easier to compare inequality within subsets of relatively
homogeneous countries, where data quality and measurement methods
are similar. Comparability becomes more challenging as the groups
become more heterogeneous (Jenkins, 2015).

While it may not be possible to fully satisfy both demands, the WIR
strikes a balance, sometimes prioritizing comparability and sometimes
emphasizing contextual accuracy. Driven by metrological consider-
ations, the Report standardises inequality measurements across coun-
tries and over time. The benchmark concept of income is post-
replacement, pre-tax income, which reflects gross income before taxa-
tion and after pension and retirement schemas. Wealth is defined as the
sum of financial and non-financial assets net of debts. The statistical unit
is adult individuals, with resources equally split between couples. Ac-
cording to the authors, it is essential to use single benchmark concepts to
avoid misleading conclusions in international comparisons.

This standardisation inevitably introduces distortions, partly
compromising the epistemic ambitions. By using the same concepts
across countries and over time, the Report flattens out contextual dif-
ferences, sacrificing some descriptive adequacy for the sake of compa-
rability and knowledge accumulation. For example, splitting household
income equally between couples may not accurately reflect people’s
economic circumstances depending on legislation or demographic mi-
crostructures. In regions and time periods where women are not allowed
to own land, splitting household resources equally bring about a dis-
torted picture of the real distribution (Basso 2025).

The authors of WIR are aware of these dangers and seek to reduce the
degree of distortion. To redeem descriptive adequacy at least to some
extent, the Report takes into account some contextual differences. For
example, when estimating national incomes, the Report considers
country-specific definitions of taxable income, including the treatment
of special forms of income like dividends, pensions, and social benefits.
Similarly, when comparing average income levels between countries,
the Report takes into account income earned per hour, as working hours
vary significantly across countries. As a result, the claim that “North
Americans earn 6 to 10 times more, on average, than Sub-Saharan Af-
ricans, South and Southeast Asians” is made more precise by adding that
Sub-Saharan Africans and Southeast Asians spend around 30 % more
time at work per year than Europeans and North Americans (Chancel
et al., 2022, p. 28). By considering these contextual features, the WIR
sacrifices some comparability but gains the advantage of correcting
some relevant distortions. Once again, the Report cannot optimize both
desiderata at the same time but strikes a balance between these
competing needs.

5.3. Epistemic and ethical vs. pragmatic and metrological drivers

The third tension is more complex as it pits a pair of drivers against
another pair. The epistemic and ethical drivers together reflect a
commitment to make inequality visible and actionable. The Report aims
to grasp empirically what is otherwise a nebulous social phenomenon,
making it knowable and subject to intervention. Call this commitment
visibility. Conversely, pragmatic and metrological drivers require the
adoption of simple, technical definitions that are quantifiable and
operable across countries and over time. The commitment of quantifi-
cation is fruitfulness because it enables comparison and precise testing,
but it also requires simplifying and narrowing down the notion of
inequality. Neglected factors become invisible in the measurement
outcomes, creating the need to balance visibility with fruitfulness of the
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indicators.

Historians of science and political philosophers have explored this
tension by reconstructing how indicators evolved to fulfil political
functions, such as capturing and communicating socially significant
changes (Bach and Morgan, 2020) or serving as tools for justifying po-
litical decisions (Badano, 2022). These scholars emphasize that mea-
surement has a positive function in addressing social problems and
supporting public justification. However, the required simplifications
are not without risks because they can obscure important factors, leav-
ing measurements vulnerable to manipulation and misrepresentation.

To see how the WIR navigates this tension, consider the choice of
focussing on income and wealth only. The focus on income and wealth
facilitates quantification and comparability because it allows to draw on
some of the best sources of data about economic inequality. However,
these indicators offer only a limited perspective, ignoring other factors
that influence people’s economic circumstances. Education, public
goods, and inequality of opportunity, for instance, are excluded,
compromising visibility for the sake of quantification. Amartya Sen
famously criticised the narrow understanding of economic inequality in
terms of income only. He argued that income is merely one means
among others for achieving personal and social goals, illustrating this
with examples of countries where lower average incomes coexist with
longer life expectancy thanks to factors like environmental conditions,
social climate, and intrahousehold distribution (Sen, 1997b).

To make up for these limitations and broaden the scope of the
analysis, the Report complements the study of income and wealth with
additional indicators, such as time spent at work, quality of public ser-
vices and infrastructure, and quality of civic and human rights (Chancel
et al., 2022, p. 28). According to the authors, “incomes are a powerful
economic indicator of living standards, but must be complemented by
other indicators [...] if they are to be a good representation of in-
equalities in living standards between countries” (ibid, p.28). The
Report also provides extensive empirical analysis of other social in-
equalities, looking at income inequalities between genders and global
ecological inequality. However, it offers little examination of how
different social inequalities are related to each other.

Neither visibility, nor fruitfulness is fully achieved. In some cases,
fruitfulness takes precedence, while in others, visibility is prioritised.
The choice to focus on income and wealth as economic resources ad-
dresses the need for a fruitful quantification that can be used for com-
parison and precise testing, but this narrow focus limits visibility. On the
other hand, using complementary indicators enriches the visibility and
accountability of various aspects of inequality but complicates quanti-
fication. Both demands are only partially met, with the Report striking a
balance between these incompatible needs.

6. Conclusions

We have argued that to understand measurements of inequality in
the WIR is to understand the compromises between the epistemic,
ethical, pragmatic, and metrological drivers. This Report is an example
of social measurement that lends itself particularly well to this sort of
analysis, but we trust that the idea of the four drivers and compromises
between them is generalisable and applicable to other cases in the
human and possibly also life sciences.

When constructing indicators, researchers rely on multiple types of
considerations, which we loosely classify into four different drivers.
These drivers can sometime be in tension to each other, creating
competing demands.

Our examination suggests that there is no single correct way to
address these tensions and no pre-established norms on how to resolve
them. In the WIR, these tensions are not always resolved in favour of one
driver over another. There is no temporal or priority order among the
drivers, nor are there clearly distinct stages of research where different
drivers apply. Instead, researchers’ choices should be understood as a
series of compromises, tailored to the specific circumstances.
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We also find that none of the drivers plays a consistently secondary
role. Ethical and pragmatic considerations, which are usually regarded
as potential disturbances or treated as secondary factors that only come
into play when choices are epistemically underdetermined, hold a more
substantial role in WIR. These considerations not only ensure ethical
admissibility and practical feasibility. They also shape decisions about
balancing epistemic accuracy and quantification, but in a way that is
constrained by the ambition to state the facts. No single ambition has
lexical priority over the others.

Recognising this balancing act matters for how we assess measure-
ment quality. First, it challenges the idea that this quality can be eval-
uated along a single dimension, a message concordant with the
contextual conception of validity in Larroulet Philippi (2021). When
measurement involves balancing multiple, often conflicting demands,
constructing a good indicator is not just about optimizing its epistemic
performance. Instead, it requires finding a defensible balance between
different needs and demands. The quality of an indicator, its ability to
serve its intended purposes, and its authority for decision making pro-
cesses ultimately depend on compromises between the drivers. We thus
urge a realistic view of measurement, which acknowledges the inevi-
tability of sacrifices and encourages researchers to be explicit about their
choices.

A second implication emerges through an analogy with the evalua-
tion of scientific models. Parker (2020) argues that models should be
assessed based on their adequacy for a specific purpose, rather than
solely on how accurately and completely they represent a target system.
This perspective emphasises that models, like measurements, are not
just representations but also tools designed to fulfil both epistemic and
practical purposes, with their usefulness and persuasiveness varying
depending on the needs and perspectives of users (Giere, 2004; Knuut-
tila, 2011; Maki, 2011; see Rolin, 2024 for an overview). In our case,
adequacy for purpose is a high-level representation of the compromises
between different drivers.'®

The compromises that are deemed acceptable when evaluating an
indicator depend on the purposes the indicator is meant to serve. For
example, we noted that the Report’s emphasis on the tails of the dis-
tribution is motivated by the ethical driver, at the expense of fully
capturing trends and dynamics across the entire distribution. This
compromise appears to align with the purposes of the WIR, which aims
to highlight global distribution dynamics for broad audiences and
potentially guide international cooperation and foreign aid. However,
such a compromise might not be suitable for other purposes. For
instance, informing and justifying national policy would likely require a
focus on the entire distribution, especially the middle, which is central to
decisions about social spending and redistribution. We hypothesize that
if the Report were designed to inform national policymaking, the
compromise prioritizing the tails of the distribution would likely seem
less acceptable.

As with many aspects of science, measurement involves compro-
mises. No compromise is valid universally, but some are much more
defensible than others.
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