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Abstract

Why would a law-abiding occupational community support members engaged
in legally prohibited actions? We propose that lawbreaking can elicit informal
support when it is construed as a disinterested action—intended to serve the
community rather than the perpetrator. We study how illegal remixing (‘‘boot-
legging’’) affects an artist’s ability to secure opening act and other performance
opportunities in the electronic dance music (EDM) community, whose mem-
bers endorse the substance of copyright law but whose norms about bootleg-
ging are ambiguous. Data on 38,784 disc jockeys (DJs) across 97 countries
over 10 years reveal that producing bootlegs is associated with more opportu-
nities to perform, compared to producing official remixes or original music. This
effect disappears when community members view bootlegging as a self-
serving action—primarily designed to benefit the perpetrator. An online experi-
ment and an expert survey rule out the possibility that bootlegs are considered
more creative, of higher quality, or better able to attract attention. We shed
additional light on our proposed mechanism by analyzing data from 34 inter-
views with EDM professionals. This helps us to explain how a lawbreaker can
paradoxically be perceived as serving the community, thereby eliciting active
community support for their action.

Keywords: occupational communities, intellectual property (IP) laws, creative
industries, norms and deviance

In 2019, a young bedroom DJ named Imanbek discovered the song ‘‘Roses’’ by
the artist Saint Jhn. Taken with the song, he remixed it and shared his track
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online. He knew that doing so was illegal, as he did not hold the copyright: ‘‘I
made an illegal remix. I didn’t know how to promote it, because I didn’t know
how to clear it. I just put it online, and let it go’’ (Winkie, 2020). Despite advocat-
ing for artists’ intellectual property (IP) rights, the EDM community responded
surprisingly well to Imanbek’s move, which effectively jump-started his career.
The young man is now an established artist: He has undertaken several high-
profile collaborations, including one with Saint Jhn, and has been invited to per-
form at top venues worldwide.

Few organizational scholars would expect an otherwise law-abiding occupa-
tion to tolerate members who break the law. Even fewer would expect such
lawbreaking to contribute to the perpetrator’s career advancement, particularly
when their actions could harm other community members. Instead, extant
research suggests that whenever possible, occupational communities partner
with legal institutions to establish the legitimacy and merit of their work
(Abbott, 1988). Legal institutions have the distinct ability to safeguard an occu-
pation’s integrity and to regulate potentially problematic behaviors. Members
thus tend to embrace laws aimed at defending their distinctive skills. For
instance, recent scholarship shows that photographers are active copyright
advocates since it helps them build a professional reputation, protect their sub-
jects, and preserve photography as a valuable medium of expression, and it
confers a sense of professionalism on them (Silbey et al., 2019).

Extant research helps us understand why occupational members do not
support—and sometimes even penalize—lawbreakers. This is evident in situa-
tions like that of Hardwell, an established DJ who was called out on social media
after sharing a trio of illegal remixes online. Along with other DJs, the original art-
ists accused Hardwell of stealing their work to build his own social media pres-
ence: ‘‘Giving away our music . . . for Facebook likes @Hardwell that’s the
lowest I’ve seen!’’ While Hardwell argued that it was ‘‘all about the love for
music,’’ he issued a public apology and took the bootlegs offline.1 His experi-
ence contrasts sharply with Imanbek’s, which raises questions about the condi-
tions under which an illegal action might elicit support within an occupation.

To address these questions, we begin with an observation: The law involves
‘‘a world that rejects the living complexity of professional life,’’ and its ‘‘insistence
on rigid definition forces it to ignore . . . ambiguities’’ (Abbott, 1988, p. 64). This
often results in regulations that are considered appropriate in some but not all
situations. Ambiguity requires that occupational members make sense of a situa-
tion and assess whether compliance is desirable. Lawbreaking may be accepta-
ble, even commendable, when the law protects one core occupational value but
conflicts with another (Evans & Silbey, 2022) or when lawbreaking affirms a per-
petrator’s belief in the primacy of community-specific values over formal legal
requirements and other ‘‘pre-programmed or socially imposed values’’ (Hahl &
Ha, 2020, p. 6). We theorize that, although occupational members welcome the
regulator’s protection, they may support lawbreakers whose action they view as
disinterested—an action pursued not to benefit the perpetrator but to honor core
occupational values, ultimately serving the community.2

1 https://twitter.com/hardwell/status/241245768772644864
2 Bourdieu (1993) introduced the concept of disinterestedness to describe the disposition of an

artist engaged with their work, not for extrinsic rewards but for the sake of the work itself. We

build on this idea and define ‘‘disinterested’’ lawbreaking as an unlawful action motivated not by

the perpetrator’s self-interest, such as the pursuit of personal and extrinsic gains, but by their priori-

tizing core occupational values over legal considerations.

2 Administrative Science Quarterly (2025)

https://twitter.com/hardwell/status/241245768772644864


Consider academic bioscience research. Patent law protects academic
researchers’ right to their inventions but also conflicts with scientific communi-
tarian values, which promote the free exchange of information and materials.
While patents are largely overlooked for purely academic research projects
(Walsh et al., 2005), this is not the case for projects with commercial implica-
tions: In such cases, patent holders are more inclined to enforce their rights,
and researchers are more likely to cease activities that might infringe on peers’
patents (Walsh et al., 2005). We suspect that patent infringement is treated dif-
ferently, at least in part, because of perceived differences in scientists’
intentions.

To test our theory, we focus on EDM artists who illegally remix others’
work. One advantage of this setting is that unlike acts of theft that are not for-
mally regulated—such as chefs stealing recipes or comedians stealing jokes,
as previously studied (e.g., Di Stefano et al., 2015; Fauchart & von Hippel,
2008; Reilly, 2018)—bootlegging is a clear violation of copyright law. EDM art-
ists vigorously oppose music theft and welcome regulations that protect their
IP. However, they have a more ambiguous view of bootlegging. Unlike legal
authorities, they do not systematically equate this practice with music theft and
rely, instead, on their discretionary judgment to make sense of the situation.
We leverage these characteristics of our setting to investigate whether and
when unlawful actions may paradoxically elicit informal community support for
perpetrators.

We employ a mixed-method explanatory strategy: We start with quantitative
analyses to ascertain the phenomenon of interest and to investigate potential
explanations; we then draw on rich qualitative data to deepen our understand-
ing of the mechanism (Kaplan, 2015). Combining quantitative and qualitative
data allows us to develop a more complete and reliable explanation of the prob-
lem (Creswell & Clark, 2017). Our empirical approach is three-pronged. First,
using hand-collected data on 38,784 DJs worldwide between 2007 and 2016,
we examine how the illegality of a DJ’s music affects the number of gigs they
obtain. Peer support plays a crucial role in securing these opportunities, as rec-
ommendations and invitations from other EDM DJs are the most common
ways to obtain gigs. Our primary analyses focus on DJs getting invited to play
opening acts, which particularly depend on community support. We also show
analyses with consistent findings for all gigs, regardless of their type, across
the full sample of DJs. We discover that producing illegal remixes results in
more opportunities to perform than does producing otherwise similar but legal
music.

Second, we investigate possible explanations for this surprising finding. One
set of analyses aims to rule in our proposed mechanism by exploiting differ-
ences in the perceived motivations of bootleggers. That bootleggers receive
more opportunities to perform reflects, we argue, support for perpetrators
viewed as acting in the community’s interest. In contrast, free-riding on peers’
efforts and exploiting their work for personal gain is a self-serving action, which
we would not expect to garner community support. We find that, consistent
with our theory, bootleggers whose intentions are construed as self-serving do
not secure more—and may even get fewer—opportunities to perform and to
open for other artists.

Another set of analyses investigates plausible alternative explanations for
our results: that bootlegs are superior to other tracks in their perceived
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creativity, quality, or ability to attract attention. Following Berg (2016), we run a
consensual assessment study in which three EDM professionals blindly evalu-
ate 150 tracks of different types (bootlegs, official remixes, and originals). We
also run an online experiment in which 885 EDM enthusiasts evaluate the
same track, whose type is randomized across conditions. The results rule out
systematic differences across track types, suggesting that producing bootlegs
is unlikely to result in more gigs simply because these tracks are seen as more
creative, attention-grabbing, or of higher quality than others.

Given the inherent limitations of quantitative data, we then use qualitative
data to enrich our interpretation of the statistical findings (see Creswell & Clark,
2017; Kaplan, 2015). We conduct 34 semi-structured interviews with EDM pro-
fessionals to provide a fuller picture of the mechanism underpinning the rela-
tionship between bootlegging and gig opportunities (see Kaplan, 2015, for a
detailed description of this approach). We analyze these data to flesh out
the counterintuitive idea that lawbreaking can be viewed as a disinterested
action. This analysis yields complementary insights: Bootlegging is seen as a
community-building action when its goal is to uphold specific occupational val-
ues, such as pursuing one’s passion for music and fostering respect for other
artists and their work. As a community-building action, bootlegging is worthy of
community support, which shapes careers and the opportunity structure within
the occupation. Together, these analyses paint a picture that is more consistent
with our theory than plausible alternative explanations.

The article contributes to the literature on the formal and informal regulation
of occupations. Recent work in this area argues that the relationship between
these two forms of control is more nuanced than previously acknowledged.
Occupational communities do not simply accept, ignore, or reject formal regula-
tions. Instead, compliance can be discretionary in ambiguous situations, like
when a regulation aligns with some core values but conflicts with others. This
form of compliance requires professional judgment, yet how professionals
resolve these ambiguities has received little attention (Evans & Silbey, 2022).
Our article fills this gap and theorizes about a new form of discretionary
compliance—one based not on the perpetrator’s occupational expertise (as in
Evans & Silbey, 2022) but on interpretations of their intentions for breaking the
law.

The following section reviews the literature on the formal and informal regu-
lation of occupations. We then draw on research on ambiguous norms to theo-
rize about how community members interpret a lawbreaker’s motivations and
how their interpretation can shape their response to lawbreaking.

REGULATING BEHAVIOR IN OCCUPATIONAL COMMUNITIES

Law-Based and Norm-Based Systems of Regulation

Occupations rely on legal institutions to control their activities, tasks, and skills
(Abbott, 1988). Formal recognition and protection in the legal arena confer eco-
nomic benefits and legitimacy on their members. Consider copyright law in
creative occupations: It provides a ‘‘low-cost and immediate form of protection’’
for artists (Fauchart & von Hippel, 2008, p. 189); it also acknowledges original
creative work as socially and economically valuable (Becker, 1978). Hence, in
many creative occupations, members support copyright law and encourage
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compliance to protect their private economic returns and to defend their craft
(e.g., Silbey et al., 2019).

Organizational scholars have examined how an occupation regulates proble-
matic behaviors that legal institutions overlook (e.g., Di Stefano et al., 2015;
Fauchart & von Hippel, 2008; Reilly, 2018). Studies have found that informal
norm enforcement substitutes for the law to curb these behaviors, especially
those that undermine collective welfare and generate costly externalities for
community members (e.g., Coleman, 1990; Ullmann-Margalit, 1977). Informal
norms are ‘‘moral standards surrounding what work is to be considered good
and bad, what work is ‘real work’ and, therefore, in contrast to ‘shit work’ what
formal and contextual rules of conduct are to be enforced’’ to preserve the
community (Van Maanen & Barley, 1982, p. 303). Fauchart and von Hippel
(2008), for instance, showed that French chefs take it on themselves to punish
recipe theft, a formally unregulated behavior that nonetheless violates shared
occupational values.

Organizational scholars have also examined situations in which formal regu-
lations directly clash with a community’s values and norms. Research in this
area suggests that under such circumstances, members tend to disregard for-
mal regulations or engage in ceremonial compliance. For example, in profes-
sional cycling communities, doping is banned, but many people believe it
remains prevalent and even encouraged by some (see Palmer, 2012, p. 18–19).
Overall, this research suggests that the alignment between formal regulations
and a community’s core values is key in determining whether members sup-
port compliance with the law (e.g., Posner, 2009).

However, recent studies paint a more complex picture by revealing that
compliance can be discretionary in ambiguous situations, like when a regulation
aligns with some occupational values but conflicts with others. In a recent eth-
nography, Evans and Silbey (2022) considered various safety laws that academic
bioscience researchers must adhere to, including one mandating personal pro-
tection equipment for all laboratory tasks. This regulation aligns with scientific
values that prioritize personal safety, but it also restricts researchers’ move-
ment, potentially threatening their ability to perform fast and reliable experi-
ments, which is another core occupational value. The authors find that while
novices are expected to comply with the regulation, their more experienced
peers are allowed to deviate (Evans & Silbey, 2022). This difference occurs
because the experienced researchers’ expertise enables them to identify tasks
that pose minimal risk to physical safety.

This work adds important nuance to our understanding of how occupations
regulate behavior. It suggests that compliance can be discretionary and that
expertise plays a key role in determining who can break the law and under
what circumstances. Experts’ deviations from formal regulations are acceptable
because knowledge allows these individuals to understand better and, in turn,
navigate ambiguous situations. Our article expands on this idea by arguing that
expert knowledge is not the only factor explaining differences in how an occu-
pation deals with lawbreakers.

Interpreting a Lawbreaker’s Intentions

Research on ambiguous norms suggests that in complex situations in which it
is up to community members to evaluate alleged transgressions, they will
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focus more on a perpetrator’s attributes than on the questionable behavior itself.
This occurs perhaps because these attributes are more salient and clear-cut
(Reilly, 2018) or because they guide how members interpret a perpetrator’s moti-
vations (Ody-Brasier & Vermeulen, 2020). How members perceive the intentions
behind an illegal action may thus play an essential but under-appreciated role in
how the occupation manages ambiguous situations. Specifically, we propose
that whether members believe an action is motivated by honorable intentions
or self-interest can lead to significant differences in how various perpetrators
are treated for violating the same regulation. Instead of focusing on the align-
ment between formal regulations and core occupational values, we thus
emphasize the importance of how members interpret the motivations behind
an illegal action.

We theorize that despite agreeing with the substance of the law, members
may support unlawful actions if they perceive the perpetrator’s intentions as
upholding core occupational values and serving the broader community. This
argument is consistent with previous research showing that perceptions of an
action as self-serving or ‘‘disinterested’’ influence people’s evaluation process
(Hahl et al., 2017, p. 835). Scholars often contrast disinterested actions, i.e.,
prioritizing core occupational values over personal gain, with self-interested
maneuvers, i.e., seeking extrinsic rewards and manipulating the audience
(Child, 2021; Hahl et al., 2017). Disinterestedness involves living by one’s occu-
pational values with minimal concern for one’s personal interest. Breaking the
law, despite the personal risks involved, to serve the community’s interests
can convey a principled stance and dedication to something greater than one-
self. Disinterestedness is generally considered appropriate (Bourdieu, 1993)
and likely to elicit support, whereas ‘‘perceived self-serving behavior triggers
negative attributions leading to reduced social support’’ (Iorio, 2022, p. 774).
We suspect that these dynamics influence how illegal actions are perceived
and how community members respond to them.

Attributes Shaping Interpretations of a Lawbreaker’s Intentions

Intentions are not directly observable, so members rely on specific attributes of
a perpetrator to gauge intentions and determine the appropriate response.
Recent studies point to several attributes that shape whether a perpetrator’s
motivations are perceived as more or less self-interested. One attribute that
challenges perceptions of disinterested intentions is the degree to which per-
petrators engage in interested self-promotion. Perpetrators involved in inter-
ested self-promotion actively try to sway the audience in their favor, working
hard to catch the attention of community tastemakers (see Hahl et al., 2017).
Their unlawful behavior should not garner community support as it tends to be
seen as an attempt to increase their visibility for extrinsic and personal gain.
Hence, the more oriented toward self-promotion they are, the less support we
expect perpetrators to receive from the community.

A perpetrator’s privileged socioeconomic position within the community,
which grants access to key resources, is another factor likely to cast doubt on
their disinterested motivations (see Iorio, 2022, for a related argument).
Because an individual’s social status is often linked to the pursuit of extrinsic
rewards, like fame and money (Hahl & Zuckerman, 2014), observers tend to
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assume that high-status perpetrators prioritize their own interests. We thus
expect that the higher the status of the perpetrators, the lower the community
support will be for their unlawful behavior. By the same logic, access to critical
community resources can make lawbreaking appear as a self-serving strategy.
Specifically, when a perpetrator has easy access to legal knowledge or expert
advice (e.g., legal counsel), their violation of the law can be seen as a calculated
maneuver. Therefore, we anticipate that community support will wane for per-
petrators with greater access to key community resources.

These factors will likely influence how community members interpret a law-
breaker’s intentions and, we argue, how much they choose to support the per-
petrator. Support can take various forms in an occupation, such as providing
mentorship, involving peers in collaborative projects, offering job recommenda-
tions, or sharing crucial information (e.g., hidden job market opportunities). For
community members, offering support is often less costly than imposing penal-
ties (Oliver, 1980), and it can significantly shape the perpetrator’s career. For
instance, Reilly (2018, p. 938) observed that support from fellow stand-up
comedians results in more bookings for comics and ‘‘unquestionably facilitates
career development.’’ In the next section, we describe the EDM community,
focusing on opportunities to perform live and to open for peers as forms of
community support and examining the legal and normative frameworks that
regulate behavior, especially regarding music theft.

THE EDM COMMUNITY

For this overview, we triangulated data from various secondary and primary
sources. We began by reviewing the academic literature on club cultures along-
side practitioner books, magazines, and articles dedicated to EDM. We also
conducted fieldwork in Berlin, where the two authors attended shows in June
2019 and informally met with EDM professionals.3 This allowed us to become
familiar with this community, its specific values, norms, and gig-based employ-
ment practices. Insights from our fieldwork closely mirrored those found in the
secondary data. Below, we integrate insights from both the primary and sec-
ondary data.

Characteristics and Values

EDM is a distinct music genre (e.g., Lizardo & Skiles, 2016) that traces its ori-
gins to the disco of the 1970s (McLeod, 2001; Van der Hoeven, 2014). It gained
global recognition in the 1980s when two subgenres, house and techno, were
brought to light by DJs in Detroit and Chicago (McLeod, 2001; Rietveld, 2011;
Wiltsher, 2016). Created using electronic instruments, including synthesizers,
samplers, and drum machines, the genre is characterized by a repetitive beat
that prompts audiences to dance (Fraser, 2012; McLeod, 2001).

The popularity of EDM is attributable to the community of talented DJs who
create the sound and present it to a crowd (Montano, 2009; Wiltsher, 2016).
EDM DJs must possess superior capabilities in composition, musical selection,

3 Berlin is arguably the world capital of club culture, especially techno. In 2024 its scene was added

to the Unesco cultural heritage list. Even outside techno, many EDM artists spend at least some

time or cross paths in Berlin, a feature we used to our advantage for our fieldwork.
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sequencing of tracks, and technical mixing, which jointly allow them to create a
boundary-pushing sound (Clarke, 2012; Jaimangal-Jones, 2018). The EDM cul-
ture ‘‘celebrates ground-breaking artists whilst seeking to preserve the identi-
ties of genres from unscrupulous commercial exploitation’’ (Jaimangal-Jones,
2018, p. 225; see also Thornton, 1996, on club cultures).

Getting Gigs

With the rise of social networks and online platforms, reaching an audience has
become easier. By contrast, opportunities to perform live are in short supply,
and as veteran DJ Phil Morse (2016, p. 221) put it, ‘‘When we say ‘DJing suc-
cess,’ we mean ‘DJ gigs’.’’4 In this competitive, gig-based labor market, peer
support makes a tremendous difference, a reality widely acknowledged within
the community. This support can manifest in at least three concrete ways.

The first is through private information sharing. As in other labor markets,
jobs are usually found through informal contacts, and DJs can alert each other
to hidden job opportunities. The second is through recommendations. Most
bookings come from venue bookers and event promoters, whose role is to get
heads through the door and curate an appropriate combination of DJs for their
event (Ahmed et al., 2012). SoundCloud is the leading platform they use to
assess whether a DJ sonically aligns with the event. However, a DJ’s ability to
get the crowd dancing, a crucial aspect of any EDM event, depends on their
skills behind the deck. This is harder to evaluate without attending live perfor-
mances, which is time-consuming. For example, the founder and booker of a
New York-based club explained, ‘‘I try to go to as many other clubs and parties
as I can, but as I spend my whole weekends at [the club], it’s hard for me to
find time to do that very often’’ (O’Connor, 2023). Hence, booking decisions are
usually influenced by suggestions and recommendations from the artists with
whom bookers and promoters already work. As Morse put it, if the promoter
‘‘who you want to get a gig from has got your mix, they ain’t gonna listen to it,
unless someone has told them about it first.’’5 In sum, peer recommendations
are a necessary, if not sufficient, condition to get booked.

A third form of support is when DJs invite peers to play a gig. This can occur
through exchange bookings, whereby two DJs or promoters agree to book
each other for gigs in their respective local scenes, and through gig swapping,
a common practice due to the challenging temporal rhythm of EDM gig sche-
dules. Furthermore, given their knowledge of the local nightlife, DJs often take
up the role of bookers for their club(s), a responsibility typically shouldered by
resident DJs.6 Many DJs also work as promoters, organizing their own parties
or club events series for which they book other DJs. Phil Morse (2016, p. 240–
241) recalled such an experience: ‘‘I was lucky enough to have Dave Haslam, a
key DJ at the famous Hacienda club in Manchester, as a mentor. He asked me

4 Phil Morse is the founder of Digital DJ Tips, a popular online platform, and his book Rock the

Dancefloor! is a bestseller described by insiders as ‘‘a wealth of knowledge and practical informa-

tion that will help boost any DJ’s career . . . both beginners and experienced DJs’’ (Mick Wilson,

DJ Mag).
5 https://www.youtube.com/watch?v=1uxgNXxs8kQ
6 A resident DJ refers to an artist who, unlike a guest DJ, is a current, regular employee of the

venue.
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to play a guest spot or two at a club night he ran . . . I eventually ended up tak-
ing over his Saturday night slot.’’

Opening acts, whereby a DJ is invited to warm up the crowd and set the
tone for other artists, exemplify the critical role of peer support. Gigs are often
separated into main acts, around which the event is promoted, and support
acts, which open for the headliners. Opening acts matter because they help
energize the audience and build excitement for the main acts. Hence, headli-
ners may handpick talent they believe in to open for them. A Dublin-based pro-
moter explained: ‘‘We’d want someone who is well-equipped to do the right
thing by the headline act and how we want to curate the night, and that varies.
Sometimes, the headliner will want a say on it, and other times you might take
a chance on someone.’’7 As in other musical genres, being invited to open for
other artists is an endorsement because co-appearance can influence percep-
tions of an artist’s quality (Piazza et al., 2020). Other artists often act as gate-
keepers: ‘‘They decide whether a newcomer gets to perform . . . as an opening
act’’ and thus ‘‘have the power to offer or withhold career-building opportuni-
ties’’ (Sanders et al., 2022, p. 38).8

Producing Music, Remixing, and Copyright Law

Before sharing music with an audience live or online, DJs must create a sound.
They can produce original music or remix others’ work, a well-established practice
(e.g., Lena, 2004). Remixing entails altering a sound recording to create a new
version that clearly refers to the original. Recorded sounds are converted into bin-
ary units, stored, retrieved, and manipulated electronically (Vaidhyanathan, 2003).
This manipulation can be accomplished via simple sonic adjustments to the mix,
changes in track arrangement or structure, or creative reworking of the original’s
aesthetic (Computer Music, 2022).

In EDM, remixing is an art form in its own right: ‘‘The remix is a legitimate
way to create new art, culture, products, and ideas from old ones’’ (Mason,
2009, p. 102). In this sense, remixing is ‘‘an expression of appreciation, debt,
or influence’’ (Vaidhyanathan, 2003, p. 137). Mason (2009, p. 71) elaborated:
‘‘Remixing is about taking something that already exists and redefining it in
your own personal creative space, reinterpreting someone else’s work your
way. It’s an industry standard.’’ In addition, remixing can be an effective way to
attract the attention of community tastemakers. Because it appeals to an exist-
ing audience, it can generate additional visibility for the remixer and act as a
quicker proof of concept than producing original music can.

Although remixing is a celebrated art form, artists often face legal challenges
as they ‘‘struggle to prove they aren’t simply plagiarizing someone else’s con-
cept by remixing it’’ (Mason, 2009, p. 72). To proceed legally, a remixer must
secure the rights from the copyright owner, usually the original artist or label.
The latter, upon agreement, supplies the original stems or MIDI files of the
track. Sometimes, DJs are invited to remix a song as a strategy to extend its
lifespan and broaden the demographics of the track’s audience (Computer

7 https://blog.pioneerdj.com/djtips/how-to-get-dj-gigs/
8 Please refer to Online Appendix 1 for sample quotes from our fieldwork, which outline the role

that peer support played for the professionals we spoke with.
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Music, 2022). Either way, an agreement between the remixer and the copy-
right owner is a prerequisite for any official remix.

As Imanbek’s story illustrates, some remixes are shared without the copy-
right owner’s permission. From a legal standpoint, bootlegging is a clear case of
music theft.9 A bootlegger is someone ‘‘who broadcasts or copies someone
else’s creative property without paying for it or obtaining permission’’ (Mason,
2009, p. 36). It is also known to all in the EDM community that, legally speaking,
no music can be altered without the permission of the copyright owner. The
legal implications of bootlegging include receiving cease-and-desist letters, copy-
right strikes, or even lawsuits. While copyright disputes are usually resolved out-
side of court, leading to an underestimation of their prevalence, bootleggers’
most frequent issues are legal complaints demanding the removal of infringing
content. Account shutdowns on streaming platforms due to copyright strikes
are far more common than lawsuits. In our fieldwork, some DJs discussed the
highly stressful experience of facing a lawsuit worth millions, but most worried
instead about copyright strikes on streaming platforms. A core issue they high-
lighted was that account bans often result in the permanent loss of their entire
music library and mix archive. Given these implications, bootlegging is not a
common behavior.

Normative Framework Regarding Music Theft

In some respects, copyright laws align with occupational values that emphasize
an artist’s right to protect their work from the interference of others (Geiger,
2018). DJs want credit for their work and to benefit from their originality. They
believe that their musical output deserves copyright protection and that file
sharing should be regulated.10 Within the community, there is a shared expec-
tation that DJs will not free-ride on others’ work and will respect ‘‘the original
innovator as the author of the recipe they had created’’ (Mason, 2009, p. 116).
Therefore, bootleggers risk incurring penalties not only from legal institutions,
as described above, but also from the community itself. Such penalties can
include public shaming (as in the case of Hardwell), negative gossip, or even
social ostracism.

In other respects, however, insiders acknowledge much ambiguity around
the notions of stealing music and free-riding, which are not adequately cap-
tured by copyright law. Indeed, some ambiguity stems from the fact that, very
much like official remixes, bootlegs involve something that overtly references
the original. A seasoned booker and label owner we spoke with explained the
dilemma:

Everybody likes to see that you’re inspired by them. It’s flattering, but between
inspired by and taken from, it’s very tricky. Kind of, where does that start, where
does that end? So I think there’s a black, a white, and a grey version. What I’m say-
ing is that the grey can become white or black.

9 Even if a DJ does not sell their bootlegs, posting these tracks online (even for free) constitutes IP

infringement, as it involves creating derivative works without the copyright holder’s permission.
10 The case of Metallica vs. Napster nicely illustrates the specific problem of file sharing in the

music industry. We thank an anonymous reviewer for highlighting this point.
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Usually, when you start doing music, there is a certain innocence of creation. You
don’t mean harm. You just like it [the original track]. And you want to do something
new with it, like a collage. So you’re taking a shot at it. Like, you are brave enough to
try. This has always been part of making art, but obviously, it can also feel different.
Every artist is fighting hard and struggling to get where they want to be. And it can
also feel like ‘‘hey, he’s taking a shortcut by using my stuff!’’ (Gabriel)11

As Gabriel’s quote suggests, bootlegging can be condemned as music theft
(the ‘‘black version’’), but it can also be viewed as an artist’s courageous effort
to create something new and honor the work they admire (the ‘‘white ver-
sion’’). During our fieldwork, the latter was vividly described as ‘‘having a real
connection’’ to a song and deserving credit for ‘‘following its vibe’’ (Liam).
Given this ambiguity, occupational members often have reservations about the
systematic applicability of copyright law (Mason, 2009). Instead, they engage in
a more nuanced, case-specific evaluation of bootlegging acts. There is a shared
belief that ‘‘grey cases,’’ to paraphrase Gabriel, ‘‘won’t be decided on the basis
of logic alone [but] instead upon [community] practices and understandings . . .
lines are drawn by the understanding of those within a community’’ (Lessig,
2008, p. 235). Next, we present the main quantitative data and statistical analy-
ses, which examine whether bootlegging may generate community support in
the form of opportunities to perform and to open for peers.

PHASE 1: EXPLORING THE RELATIONSHIP BETWEEN BOOTLEGGING
AND GETTING GIGS

Quantitative Sample and Data Sources

Our primary data source is a leading online community platform and magazine
promoting electronic dance music, artists, and events worldwide. This platform
is ideal for our study because, besides offering editorial content, including
news, reviews, and features, it functions as a prominent hub where EDM DJs
manage their online profiles and showcase their work, and where venues list
events and sell tickets.12 Since its launch in 2001, over 60,000 DJs from over
120 countries have created personal pages on the platform, and over a half-
million EDM events in 150 countries have been listed. Monthly unique visitors
exceeded 1 million in 2011 and 2.5 million by 2015.

To create our sample, we manually gathered monthly information spanning
a decade, between January 2007 and December 2016, on all events at which
any registered DJ had performed.13 A major benefit of selecting this time frame
is that we can still observe illegal music tracks from before 2016 on the plat-
form.14 We thus collected data on the music tracks produced by each DJ and,

11 All names from our fieldwork are pseudonyms.
12 A DJ’s personal page on the platform is connected to personal SoundCloud and other media plat-

form pages. A DJ’s ‘‘track page,’’ which summarizes the DJ’s track-releasing history, will redirect

one automatically to the music tracks posted on those media platforms. These links, embedded in

the DJ’s page, allow fans to listen to a particular track instantly and for free.
13 We start in January 2007 because it was the first year that the platform opened its DJ Page sys-

tem to all DJs, not just those selected by its editors.
14 Due to significant technological advancements, copyright algorithms were deployed more

broadly around 2015–2016. As a result, bootlegs started to be automatically detected and removed

from most online platforms.
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of critical importance for the study, whether these were originals, official
remixes (authorized by the copyright owner), or bootlegs (for which explicit per-
mission was missing).

We used three additional data sources to create the final sample. First, we
collected annual data on YouTube searches for the word ‘‘bootleg’’ in the coun-
try and the year of each gig in our sample. We used these to quantify the local
demand for bootlegs over time. Second, we obtained the yearly Patent
Enforcement Index (PEI) developed by Papageorgiadis and Sofka (2020). Based
on international patent-litigation data, the PEI captures the transaction costs
that patent owners anticipate incurring when enforcing IP rights in different
countries. Third, because the PEI covers enforcement of IP rights across indus-
tries rather than in EDM specifically, we collected monthly data on the number
of tweets discussing penalties for copyright infringement on SoundCloud, the
leading streaming platform for EDM artists. This enabled us to capture real-time
discussions among DJs about the perceived risk associated with bootlegging.

Overall, we assembled a sample of 38,784 EDM DJs from 97 countries who
had played at least one gig over our ten-year observation window. To make
sure that the DJs in our sample were truly active, for each DJ we captured only
the period from the month when they first released a music track or played a
gig to the month of their last music release or gig. Of these 38,784 DJs, 26,419
from 92 countries performed at least once as an opening act for other DJs
while active. We focused on this subsample of DJs for our main analyses.
Figures 1a and 1b map the geographic distribution of the DJs who played

Figure 1a. Geographic Distribution of DJs, 2007–2016
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opening acts, including those who shared illegal bootlegs online during the
study period.

Variable Description

In creating our variables, we were guided by insights from our fieldwork and
secondary data sources.

Dependent variable. Measuring community support is challenging, espe-
cially when it involves support for an illegal practice (Stroope, 2015). In this arti-
cle, we captured community support by focusing on a tangible outcome: the
monthly number of opening acts for which a given DJ was invited to play. To
create this variable, we started by identifying every gig recorded on our online
community platform. We then hand-coded data detailing the artist lineup for
each of these gigs. By looking at the order in which each DJ performed, we
were able to compute and model the monthly number of gigs that each DJ
played as an opening act for (an)other artist(s). This approach effectively
restricts the analyses to gigs almost certainly obtained through peer support.
Focusing on opening acts reduces our sample size, as those DJs who played
only solo gigs or never opened for other artists were dropped from our condi-
tional fixed effect analyses. For completeness, we also show the results for the
full sample using all monthly gigs played by a DJ as the dependent variable.

Figure 1b. Geographic Distribution of Bootleggers, 2007–2016
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Note that the results are robust if we use coarser measures for our depen-
dent variables. These include dummies for whether a DJ was hired or not—as
an opening act or in general—in a given month and the yearly numbers of open-
ing acts or gigs for which a DJ was hired (please see Online Appendices 2 and
3 for these analyses). In further robustness checks, we also distinguished
between different types of gigs and venues (see Online Appendices 4a and
4b).

Independent variables. Our key independent variables capture a DJ’s artis-
tic output, the type of music produced and shared online. Because a three- to
six-month lead time is typical between being hired for a gig and the actual per-
formance date, we adopted a conservative approach to construct our variable
and assumed a six-month lead time. For each DJ in month t, we then calculated
the total number of Original tracks released and the total number of Official
remixes released plus Bootleg remixes released between t-7 and t-18 (i.e., a
one-year window).15

We hand-collected detailed label information for each remix track to identify
the legal status of all remixes released by the DJs in our sample. Commercial
agreements with copyright owners typically specify that official remixes will be
released either under the record labels of the original artists or under the labels
that own the master recordings of the tracks being remixed. By contrast, boot-
leg remixes are posted online by DJs themselves, without the cooperation of
record labels. For each DJ in month t, we separately counted the total number
of Official remixes released (those cleared by the copyright owner) and the total
number of Bootleg remixes released (those illegally shared online) between t-7
and t-18. Within the study period, 15,646 of our 26,419 DJs (59.2 percent) in
our main sample released at least one original track, 5,495 (20.8 percent)
released at least one official remix, and 2,426 (9.18 percent) released at least
one bootleg. These numbers confirm that bootlegging is not normative in the
sense of an empirical regularity.

Other variables. We assumed a six-month lead time in constructing most
of our control variables, which is consistent with our independent variables. We
began by creating a variable to capture a DJ’s orientation toward self-promo-
tion. To this end, we identified the number of social media accounts a DJ chose
to link to their personal page on our online EDM platform. Because we wanted
to capture the extent of a DJ’s interested self-promotion, we distinguished
between their social networking accounts, such as Facebook, Instagram,
Twitter, and Tumblr, and their music-sharing accounts, such as SoundCloud,
Discog, and Bandcamp.16 Insiders often described the former (in contrast to the
latter) as commercially oriented and mainly used for promotional purposes. We
measured the ratio of social networking accounts to music-sharing accounts for

15 Using a three-month lead time to construct our variables produced similar results. Analyses using

either a two-year or a three-year window also produced consistent results.
16 To identify a DJ’s social networking accounts, we started by identifying all web pages that the

DJ linked to their personal page on the online EDM platform. We then compared their web

domains with those of the top-20 global social media platforms that had the most active users in

2016 (i.e., the end of our study period). See the list of social media platforms here: https://datare

portal.com/reports/digital-2016-global-digital-overview
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each DJ. The higher this ratio, the more focused a DJ appeared to be on self-
promotion. In contrast to our other measures, DJ’s self-promotion orientation is
time-invariant because detailed data on the social media accounts linked to
each DJ’s personal page are available only for our last year of observation.

Next, we created measures to capture a DJ’s privileged socioeconomic posi-
tion in the community, which provides status and access to key resources.
Status represents the social position of an actor relative to peers (Podolny,
1993). A source of status in cultural industries is the receipt of accolades or
awards. On their personal pages, DJs publish a monthly chart of their top-10
favorite tracks by other DJs. The platform’s home page then features the 50
most-charted tracks in its ‘‘top-50 tracklist.’’ These rankings help to capture a
DJ’s status because they stem from aggregated opinions (Sorenson, 2014). In
the EDM community, our fieldwork revealed that the longer a DJ’s track is fea-
tured in the top 50, the higher their status. For each DJ in month t, we thus
measured DJ’s status by calculating the number of months between t-7 and
t-18 during which the DJ had a track featured in the top-50 tracklist.

Being signed with a record label also indicates a DJ’s position in the com-
munity, revealing they have gained access to critical community resources. It
notably grants access to the label’s connections and funding, enabling the artist
to reach a larger audience. Labels can give their artists many of the resources
they need to further their careers. We collected detailed information on DJ’s
label affiliation, which we used to capture access to these social and economic
resources. For each DJ in month t, we created a dummy variable equal to 1 if
the DJ was affiliated with a record label between t-7 and t-18, and 0 otherwise.
Similarly, DJs who have released official remixes earlier in their careers are
familiar with copyright issues. They understand the process of securing permis-
sion from copyright holders because they have often benefited from access to
help and advice, such as guidance from legal experts. We expect prior consul-
tation with legal experts and experience with the intricacies of clearing tracks
to cast doubt on their motivations. We thus created a measure for a DJ’s prior
release of official remixes over the previous 12 months (i.e., between t-19 and
t-30).

We controlled for several other variables likely to correlate with our depen-
dent and independent variables. First, we measured the popularity of musical
tracks released by each DJ. Specifically, for all the tracks a DJ released
between t-7 and t-18, we calculated the average frequency at which these
tracks were charted by fellow DJs (i.e., selected as a top-10 favorite). Separate
measures of popularity were constructed in the same manner for each type of
track released between t-7 and t-18, including original tracks, (total) remixes,
and then official remixes, and bootlegs. Interestingly, bootlegs appear to be
less popular than original tracks or official remixes (0.04 vs. 1.10 and 0.53,
respectively). As for other cultural products, the objective quality of an EDM
track is often obscure and difficult to measure (Askin & Mauskapf, 2017).17

However, decisions about the quality of artistic work are rarely formed indepen-
dently and can be shaped by the opinions of others (e.g., Salganik et al., 2006).

17 Ideally, we would measure a track’s sonic quality by following Askin and Mauskapf (2017).

However, we were unable to do this because of our interest in illegal musical tracks, which are not

part of the Echo Nest corpus. Thus, even if we constructed a track-level dataset, we would not be

able to compute a reliable measure of sonic quality for bootlegs.
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Since quality is, in part, socially constructed, we expect our measure of popu-
larity to capture this social and subjective dimension of a track’s quality.

Local demand for bootlegs may also correlate with our key variables. We
tracked the annual volume of YouTube searches for the word ‘‘bootleg’’ in the
country and the year of each gig (YouTube searches for ‘‘bootleg’’ from gig
location). These data are normalized on a scale from 0 to 100, with 100 repre-
senting the country that accounted for the highest proportion of such queries
in a given year (Google.com, n.d.). Ireland, for instance, consistently showed
the highest interest in bootlegs, whereas Argentina showed the lowest. We
created this variable for each DJ–month in our data.18

For each month, we further controlled for the strength of the local intellec-
tual property protection regime (IP enforcement at gig location) by using the
PEI index for the country where a DJ’s gigs occurred. This measure captures
the perceived risk of bootlegging being punished by law. To capture risk per-
ceptions, we also used the monthly number of Twitter posts discussing the
penalties associated with copyright infringement on SoundCloud.19 This num-
ber is specific to the EDM community and measures real-time discussions of
copyright issues among artists. We chose SoundCloud because it is the leading
music-sharing platform for EDM DJs; about 70 percent of DJs in our sample
used it to showcase their work.

Finally, we included month–year dummy variables (e.g., August 2010,
August 2011) to control for unobserved external factors that could have influ-
enced DJ hiring in a specific month. Table 1 summarizes the descriptive statis-
tics and correlations between variables.

Main Results

In Phase 1, we investigated the relationship between illegal remixing and oppor-
tunities to play gigs. Our main dependent variable is the monthly count of open-
ing acts for each DJ in our sample, so we adopted Poisson regressions with DJ
fixed effects. These models require fewer assumptions for count panel data and
are more robust than fixed-effects negative binomial models (Guimarães, 2008;
Wooldridge, 1999). Using negative binomial or OLS regressions with DJ fixed
effects yields similar results.

While including DJ fixed effects allowed us to control for unobserved time-
invariant heterogeneity among artists, some differences between DJs likely remain.
We ran multinomial logit analyses to investigate this possibility. Reassuringly, boot-
leggers do not seem to differ on key observable characteristics in comparison to
DJs who remix officially. These analyses and results are summarized in Online
Appendix 10 and Table B1.

18 If a DJ performed in multiple countries in a given month, we weighted the YouTube search data

of those countries by using the number of gigs played in each country. If a DJ did not perform in a

given month, we assigned the home-country value of YouTube searches for ‘‘bootleg.’’
19 We started by searching for the phrase ‘‘SoundCloud copyright’’ on Twitter. After manually

inspecting the results and running sensitivity checks, we selected the following additional key-

words: ‘‘infringement(s),’’ ‘‘violation(s),’’ ‘‘takedown(s),’’ ‘‘strike(s),’’ ‘‘remove(s),’’ ‘‘removing,’’

‘‘removed,’’ ‘‘delete(s),’’ ‘‘deleting,’’ ‘‘deleted,’’ ‘‘terminate(s),’’ ‘‘terminating,’’ and ‘‘terminated.’’

The final measure is the total monthly number of posts (including replies) that include at least one

of these keywords alongside the phrase ‘‘SoundCloud copyright.’’
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Table 2 summarizes the results of our main analyses.20 In model 1, the
regression includes the counts of original tracks and of all remixes, regardless
of their legal status, that a DJ released between t-7 and t-18. The results show

Table 2. Poisson Regressions Predicting a DJ’s Monthly Opening Acts and All Gigs*

Variable

Model 1 Model 2 Model 3 Model 4

Opening Acts Opening Acts All Gigs All Gigs

Predictors

Original tracks released 0.019••• 0.019••• 0.017••• 0.017•••

(0.001) (0.001) (0.001) (0.001)

Remixes released 0.026••• 0.023•••

(0.002) (0.002)

Official remixes released 0.024••• 0.020•••

(0.002) (0.002)

Bootleg remixes released 0.043••• 0.054•••

(0.009) (0.007)

Control Variables

Popularity of original tracks 0.005••• 0.005••• 0.006••• 0.006•••

(0.001) (0.001) (0.001) (0.001)

Popularity of remixes 0.005••• 0.004•••

(0.001) (0.000)

Popularity of official remixes 0.004••• 0.003•••

(0.001) (0.000)

Popularity of bootleg remixes –0.005 –0.003

(0.004) (0.003)

DJ’s status 0.030••• 0.030••• 0.028••• 0.029•••

(0.006) (0.006) (0.005) (0.005)

DJ’s label affiliation 0.172••• 0.173••• 0.118••• 0.119•••

(0.011) (0.011) (0.007) (0.007)

YouTube searches for ‘‘bootleg’’ from gig location –0.001 –0.001 –0.001 –0.001

(0.000) (0.000) (0.000) (0.000)

IP enforcement at gig location –0.040••• –0.040••• –0.037••• –0.037•••

(0.005) (0.005) (0.004) (0.004)

Perceived risk of bootlegging 0.002••• 0.002••• 0.001••• 0.001•••

(0.000) (0.000) (0.000) (0.000)

Month–year dummies Yes Yes Yes Yes

DJ fixed effects Yes Yes Yes Yes

Number of observations 1,466,007 1,466,007 1,834,388 1,834,388

Number of DJs 26,419 26,419 38,784 38,784

Log pseudolikelihood –591076.8 –591078.7 –1574417.6 –1574384.7

Prob 0.000 0.000 0.000 0.000

• p < .05; •• p < .01; ••• p < .001; two-tailed.

* Robust standard errors (clustered at DJ level) appear in parentheses.

20 In all models presented in Table 2, the estimated effects of our control variables are intuitive and

align with expectations. Interestingly, we note a small positive effect for the Perceived risk of boot-

legging on a DJ’s monthly opening acts (and total gigs). We speculate that since this measure is

based on the monthly number of Twitter posts discussing copyright infringement penalties in

EDM, it may capture some of the public’s growing exposure to and/or interest in EDM. We also

note that the estimated effect of IP enforcement at gig location on a DJ’s monthly opening acts

(and total gigs) is negative and significant. We suspect this is attributable to the larger number of

active DJs, and thus greater competition for gigs, in countries with higher IP enforcement (e.g.,

Germany or the UK). In our sample, the correlation between IP enforcement and the number of

active DJs at a gig location is 0.523 (p = 0.000).
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that releasing original music and remixes positively and significantly affected
the number of monthly opening acts a DJ was invited to play. Compared with
releasing no tracks, sharing one remix online increased a DJ’s number of open-
ing acts by 2.6 percent; sharing one original track increased this number by 1.9
percent. A Wald test confirmed that the estimated effect of releasing remixes
was significantly larger (p = 0.002) than that of releasing original tracks. This
finding confirms industry insiders’ speculation that remixes more substantially
boost a DJ’s chances of playing than original music does.

Next, we examined our key prediction that bootleggers may receive informal
community support in the form of opportunities to open for other artists. In
Table 2, model 2, we replaced the overall count of remixes that a DJ released
between t-7 and t-18 with two separate count variables, one for official remixes
and the other for bootlegs. Releasing original tracks, official remixes, and boot-
legs all significantly enhanced the monthly number of opening acts a DJ was
invited to play. Crucially, the estimated coefficient for releasing bootlegs was
significantly larger (Wald tests p = 0.005, p = 0.025) than that for releasing orig-
inal tracks or official remixes. Sharing one bootleg online increased the number
of opening acts a DJ played per month by 4.4 percent; releasing one official
remix or one original track increased this number by only 2.4 and 1.9 percent,
respectively. These results indicate that DJs were given the most opportunities
to open for other EDM artists after posting bootlegs online.

Although the magnitude of the effect may seem modest, recall that we
measure how engaging in a clearly illegal behavior affected a DJ’s opportunities
to open for peers. Contrary to what prior research would predict, we document
a significant positive effect. This itself, we argue, is a surprising and important
result (in fact, it would be concerning if we found that unlawful behaviors result
in very large rewards for the perpetrators). Also consider the relative effect of
producing illegal vs. legal music: The estimated effect of bootlegs is about
twice that of official remixes and original music. Hence, our results reveal a
clear advantage associated with producing illegal music.

Models 3 and 4 in Table 2 outline the results of the analyses using the total
number of gigs a DJ played in a given month as the dependent variable. The
results are entirely consistent. As shown in model 4, the estimated effect of
releasing bootlegs on the total number of monthly gigs a DJ secures is not only
positive and significant but also statistically greater than the effect of releasing
official remixes or original tracks (Wald tests p = 0.000, p = 0.000).

Robustness check. We further examined whether the effect we uncovered
is confined to specific types of venues or gigs. First, using the annual list of DJ
Mag, we distinguished between the gigs (i.e., for both opening acts and all
gigs) that DJs played at top-100 clubs and those played at ordinary clubs.21

Second, using the dates of all EDM events in our sample, we subdivided the
gigs each DJ was hired to perform into weekday gigs (relatively less demanding
and competitive) and weekend gigs. Third, we used data on the locations of all
gigs in our sample to distinguish between DJs’ performances in any of the 117

21 Each year, the magazine’s poll attracts up to a half-million votes from EDM DJs and fans world-

wide; its final list of ‘‘top 100 clubs’’ is widely regarded within the community as the definitive

guide to the world’s best dance floors.
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cities identified by our online platform as EDM destinations, like Berlin, London,
and Ibiza, and those in other cities. Finally, for each gig that a DJ played, we
identified whether it was recurrent, that is, whether the DJ had been hired at
the club before, or new. These subsample analyses are available in Online
Appendices 4a and 4b. They suggest that the support received by bootleggers
was a generalized phenomenon, not one restricted to specific clubs or gigs. In
sum, our main effect is not confined to a particular EDM subcommunity; it
seems to encapsulate relatively widespread community support.

PHASE 2: INVESTIGATING POSSIBLE MECHANISMS

Disinterested or Self-Serving Strategy

Thus far, we have documented active community support for unlawful actions,
as bootlegs surprisingly elicited the most opportunities to perform and open for
peers, compared to legal music. We have argued that this support hinges on a
perpetrator’s perceived motivation for breaking the law. Lawbreaking in the
name of core community values may be commendable, but cutting corners for
self-serving reasons (e.g., to garner attention) is not. Hence, to test the validity
of our proposed mechanism, we leveraged variation in how a bootlegger is
perceived, specifically, the degree to which they are viewed as driven by self-
interest. Drawing on prior research, we expect that specific characteristics of
the bootlegger will be associated with self-interested motivations: their focus
on self-promotion, their status in the community, and their access to key
resources. Should observers interpret a bootlegger’s motivation as self-serving
based on these characteristics, they may refrain from offering opening act
opportunities or even withdraw existing ones. Hence, we expect these DJ
characteristics to moderate negatively the positive relationship between boot-
legging and gig opportunities.

Self-promotion orientation. While interested self-promotion may generate
visibility and sway consumption patterns favorably (e.g., Azoulay et al., 2019), it
also suggests to community members that the perpetrator is primarily driven by
extrinsic personal gains, namely, fame and recognition (Hahl et al., 2017). This
perception hinders support, especially in occupations in which members are
expected to live by their values without concern for personal gain, such as artis-
tic occupations (Bourdieu, 1993). Bootleggers will appear to be motivated by
extrinsic rewards when they actively work to attract attention to themselves.
We thus expect that interested self-promotion will dampen community support
for bootleggers. We examine this argument by including in our regression an
interaction term between the number of bootlegs released and the perpetrator’s
self-promotion orientation. Table 3, model 1, shows the results of this analysis.

According to model 1, the estimated coefficient for the interaction term is
negative and significant. Given the nonlinear nature of interaction effects in
Poisson models (see Ai & Norton, 2003), we followed Mize (2019) and Hoetker
(2007) and plotted the results in Figure 2a. It shows that compared to DJs
focused more on self-promotion, DJs less focused on self-promotion experi-
ence a larger (positive) average marginal effect of bootlegging on the monthly
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Table 3. Poisson Regressions Testing the Role of Bootlegger’s Motivation*

Variable

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8

Opening

Acts

Opening

Acts

Opening

Acts

Opening

Acts

All

Gigs

All

Gigs

All

Gigs

All

Gigs

Predictors

Original tracks

released

0.019••• 0.019••• 0.019••• 0.016••• 0.017••• 0.017••• 0.017••• 0.014•••

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)

Official remixes

released

0.024••• 0.024••• 0.025••• 0.016••• 0.020••• 0.020••• 0.020••• 0.013•••

(0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002)

Bootleg remixes

released

0.075••• 0.058••• 0.128••• 0.073••• 0.084••• 0.067••• 0.114••• 0.075•••

(0.015) (0.009) (0.023) (0.013) (0.012) (0.007) (0.016) (0.010)

Bootleg remixes

released × DJ’s

self-promotion

orientation

–0.057•• –0.054••

(0.022) (0.017)

Bootleg remixes

released × DJ’s

status

–0.035••• –0.036•••

(0.007) (0.005)

Bootleg remixes

released × DJ’s

label affiliation

–0.098••• –0.070•••

(0.024) (0.016)

Bootleg remixes

released × DJ’s

prior release of

official remixes

–0.012••• –0.011•••

(0.002) (0.002)

Control Variables

Popularity of original

tracks

0.005••• 0.005••• 0.005••• 0.004••• 0.006••• 0.006••• 0.006••• 0.005•••

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)

Popularity of official

remixes

0.004••• 0.004••• 0.004••• 0.003••• 0.003••• 0.003••• 0.003••• 0.003•••

(0.001) (0.001) (0.001) (0.001) (0.000) (0.000) (0.000) (0.000)

Popularity of bootleg

remixes

–0.004 –0.003 –0.003 –0.009• –0.002 –0.001 –0.002 –0.006•

(0.004) (0.004) (0.004) (0.005) (0.003) (0.003) (0.003) (0.003)

DJ’s status 0.030••• 0.040••• 0.031••• 0.020••• 0.029••• 0.038••• 0.029••• 0.018•••

(0.006) (0.006) (0.006) (0.006) (0.005) (0.005) (0.005) (0.005)

DJ’s label affiliation 0.173••• 0.172••• 0.179••• 0.153••• 0.119••• 0.118••• 0.122••• 0.109•••

(0.011) (0.011) (0.011) (0.011) (0.007) (0.007) (0.007) (0.007)

YouTube searches for

‘‘bootleg’’

from gig location

–0.001 –0.001 –0.001 –0.001 –0.001 –0.001 –0.001 –0.000

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

IP enforcement at gig

location

–0.040••• –0.040••• –0.040••• –0.041••• –0.037••• –0.037••• –0.037••• –0.038•••

(0.005) (0.005) (0.005) (0.005) (0.004) (0.004) (0.004) (0.004)

Perceived risk of

bootlegging

0.002••• 0.002••• 0.002••• 0.001••• 0.001••• 0.001••• 0.001••• 0.001•••

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

DJ’s prior release of

official remixes

0.032••• 0.027•••

(0.002) (0.002)

Popularity of

previously released

official remixes

0.002••• 0.002•••

(0.001) (0.000)

Month–year dummies Yes Yes Yes Yes Yes Yes Yes Yes

DJ fixed effects Yes Yes Yes Yes Yes Yes Yes Yes

Number of

observations

1,466,007 1,466,007 1,466,007 1,098,070 1,834,388 1,834,388 1,834,388 1,388,338

Number of DJs 26,419 26,419 26,419 22,012 38,784 38,784 38,784 32,748

Log pseudolikelihood –591070.5 –591047.3 –591056.3 –475070.3 –1574363.2 –1574306.6 –1574346.2 –1215403.6

Prob 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000

• p < .05; •• p < .01; ••• p < .001; two-tailed.

* Robust standard errors (clustered at DJ level) appear in parentheses.
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number of opening acts they perform.22 In fact, these results reveal that
when a DJ’s orientation toward self-promotion equals 3, the highest possible
value among DJs who played opening acts, the average marginal effect of

Figures 2a and 2b. The Moderating Effect of a DJ’s Self-promotion Orientation (Table 3,

Models 1 and 5)
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22 We conducted pairwise comparisons between the magnitudes of the estimated average mar-

ginal effects for all seven data points shown in Figure 2a and 2b; all differences in 21 pairwise com-

parisons are statistically significant (p < 0.009 and p < 0.002 for all 21 pairwise comparisons).
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bootlegging becomes negative (–0.098 p = 0.069). In other words, these DJs
have fewer opportunities to open for other artists after releasing bootlegs than
if they had not released any music. Thus, consistent with our expectations, the
community does not support (and even penalizes) bootleggers whose orienta-
tion toward self-promotion is greater.23 Note that our results, as shown in
model 5 and Figure 2b, remain entirely consistent when we analyzed the full
sample of gigs (rather than opening acts only).

Status. In addition to self-promotion orientation, we expect a privileged
socioeconomic position in the community, which provides status and access to
significant resources, to raise suspicion about a perpetrator’s motivation for
breaking the law. Higher-status DJs benefit from a privileged position, which
enables them to easily win over copyright owners, making it relatively simple
for them to clear tracks. This privileged position raises questions about a boot-
legger’s motivation, leading observers to assume they acted out of conveni-
ence, lack of consideration, or outright disregard for their peers. We investigate
whether higher-status DJs benefit less from bootlegging, in Table 3, model 2,
by including an interaction term between the number of bootlegs released by a
DJ and their status.

As model 2 shows, the estimated coefficient for the interaction is negative
and significant. Figure 3a shows that the (positive) estimated average marginal
effects of bootlegging on a DJ’s monthly opening acts are significantly larger
when the DJ’s status is lower than when it is higher.24 Here again, note that
when a DJ’s status reaches a value of 3 or more, which includes 424 DJs in
our sample, the average marginal effect of bootlegging becomes negative and
significant (–0.054, p = 0.022), suggesting that they experience a penalty for
engaging in this illegal action. In other words, support for a bootlegger disap-
pears as their status increases, even leading to fewer opportunities (than if
they had not released any music) to open for peers. These results, as shown in
Table 3, model 6 and in Figure 3b, remain consistent when we consider the full
sample of gigs performed by a DJ.

Record label affiliation. A DJ signed with a record label can access its
resources and have its experts handle partnership and copyright issues. During
our fieldwork, bootlegging was thus described as suspect if one had access to
a label’s legal team. Labels also have departments dedicated to shaping artists
into something that will sell. Hence, being signed with a label likely suggests to
observers that a bootlegger is motivated by economic considerations and is
strategically seeking attention.

Table 3, model 3, includes the interaction between the bootlegs that a DJ
released and whether the DJ was signed with a label. The estimated coefficient
for our interaction term is negative and significant. Figure 4a shows that the
(positive) estimated average marginal effect of bootlegging on a DJ’s monthly
opening acts is significantly greater when the DJ is without a record label (i.e.,

23 Recall that this particular measure is time-invariant; hence, this result should be interpreted as

between DJs.
24 We conducted pairwise comparisons between the magnitudes of the estimated average mar-

ginal effects for all 12 data points shown in Figures 3a and 3b; all differences in 66 pairwise com-

parisons are statistically significant (p = 0.000 and p = 0.000 for all 66 pairwise comparisons).
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DJ’s label affiliation = 0) than with a label (i.e., DJ’s label affiliation = 1).25 While
these results do not indicate a backlash for bootleggers who are backed by a
label, we speculate that these DJs might incur penalties we cannot observe,
such as social ostracizing or public shaming, and that their label affiliation may
somehow help them maintain opportunities to play gigs. Nevertheless, the
results confirm that support for releasing bootlegs wanes when DJs gain

Figures 3a and 3b. The Moderating Effect of a DJ’s Status (Table 3, Models 2 and 6)
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25 We also compared the magnitudes of the estimated average marginal effects for both data

points in Figures 4a and 4b and confirmed them to be statistically different (p = 0.000, p = 0.000).
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access to a label’s resources. As with the previous analyses, the effects, as
shown in model 7 and Figure 4b, remain consistent when we analyze any gig a
DJ performed rather than just the opening acts.

Experience with the legal process. A DJ who has previously secured per-
mission from copyright holders and released official remixes is likely familiar
with the legal intricacies of clearing tracks. Given such experience, usually
gained through collaboration and access to legal expertise, a bootlegger’s intent

Figures 4a and 4b. Moderating Effect of a DJ’s Label Affiliation (Table 3, Models 3 and 7)
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may seem questionable to community members. We thus expect this experi-
ence to raise questions about possible ulterior motives for bootlegging.

In Table 3, model 4, we included in our regression an interaction term with the
number of official remixes the DJ released over the previous 12 months (i.e.,
between t-19 and t-30). Note that we also added a control for the popularity of the
previously released official remixes. The estimated coefficient for the interaction
term is negative and significant. This effect is plotted in Figure 5a, which shows
that the (positive) estimated average marginal effects of bootlegging on monthly

Figures 5a and 5b. The Moderating Effect of a DJ’s Prior Release of Official Remixes (Table 3,

Models 4 and 8)
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opening acts were significantly smaller when a DJ had previously released official
remixes.26 In particular, when a DJ had previously released more than nine official
remixes, which includes 654 DJs in our sample, the average marginal effect of
bootlegging turns negative and significant (–0.039, p = 0.021), suggesting that
they encounter a penalty for releasing illegal bootlegs and are offered fewer
opportunities (than if they had not released any music) to play opening acts. In
keeping with our proposed mechanism, prior experience with the legal process
thus played a role in the level of support a DJ elicited for bootlegging. Again, as
shown in Table 3 model 8 and Figure 5b, these results remain consistent when
we analyzed the full sample of gigs, instead.

Last, for robustness checks, we followed Shaver (2019) and tested all the
proposed moderation effects by using segmented regressions both for the
main sample (opening acts) and the full sample (all gigs). The results are entirely
consistent and are summarized in Online Appendices 5a and 5b.27

Differences in Perceived Creativity, Quality, and Visibility as Alternative
Explanations

Our theory and evidence thus far suggest that the EDM community can inter-
pret bootlegging as a disinterested action intended to serve the community,
which generates support for perpetrators in the form of opportunities to
open for peers. A different explanation could be that bootlegs are perceived as
more novel, attention-grabbing, or of higher quality than other musical tracks.
Perhaps this results in more opportunities to perform and to open for peers,
especially for artists with a limited orientation toward self-promotion, lower sta-
tus within the community, no affiliation with a music label, or minimal experi-
ence releasing official remixes. We conducted two studies to investigate this
possibility.

First, we ran a consensual assessment survey to examine whether EDM
professionals would view bootlegs as more novel or of higher quality than legal
music (see Amabile, 1996; Berg, 2016). We recruited three professionals with
an average of 10 years of experience producing EDM music, DJing, and book-
ing DJs. Independently and blindly, they rated the novelty and quality of 150
tracks randomly selected from our sample (50 bootlegs, 50 official remixes, and
50 original tracks). Following Berg (2016, p. 444–445), we defined quality as
‘‘audience appeal’’ and novelty as the degree to which a track is ‘‘unique’’
among EDM tracks. With no information about the type of music track they
were evaluating, raters were first asked to listen to 15 tracks (randomly
selected from our sample and excluded from the 150 to be rated) to establish a
means of comparison. These consisted of five bootlegs, five official remixes,
and five original tracks, presented in randomized order (Amabile, 1996; Berg,
2016). Experts then rated the 150 tracks, in randomized order, on the items
‘‘This track is novel, compared to other EDM tracks’’ and ‘‘This track is

26 We conducted pairwise comparisons between the magnitudes of the estimated average mar-

ginal effects for all 12 data points shown in Figures 5a and 5b; all differences in 66 pairwise com-

parisons are statistically significant (p = 0.000 and p = 0.000 for all 66 pairwise comparisons).
27 We also probed the role of the status of the original artist whose track is being bootlegged. We

expected that the status of the original (bootlegged) artist may shape perceptions of the bootleg-

ger’s intentions. We report the logic underlying our analyses as well as the results in Online

Appendix 6.
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appealing, compared to other EDM tracks,’’ using a 7-point Likert scale (i.e.,
1 = strongly disagree to 7 = strongly agree). Online Appendix 7 provides a
screenshot of the survey shared with our experts. We fielded the survey in
December 2022 and obtained ratings that met standard cutoffs for both interrater
reliability (ICC2 = 0.55 for novelty, 0.68 for quality) and agreement (average devia-
tion = 0.91 for novelty, 0.87 for quality) (Fleiss, 1999; LeBreton & Senter, 2008).

The three professionals’ average novelty ratings were 3.89 (S.D. = 1.14) for
bootlegs, 3.97 (S.D. = 1.12) for official remixes, and 4.15 (S.D. = 1.28) for origi-
nal tracks. Using a one-way analysis of variance (ANOVA), we found no signifi-
cant differences (p = 0.545) among the average novelty ratings for the three
types of tracks. The average quality ratings were 3.68 (S.D. = 1.55) for boot-
legs, 4.01 (S.D. = 1.35) for official remixes, and 4.21 (S.D. = 1.14) for original
tracks. Again, a one-way ANOVA indicated no significant differences (p =
0.143) between the three track types. In summary, the bootlegs in our sample
were not rated as superior in novelty or quality compared to official remixes
and original tracks.

Although EDM professionals blindly rated bootlegs, official remixes, and orig-
inal tracks as similar, perhaps knowing that a track is a bootleg influences the
perception of its novelty and quality. Furthermore, though it is well established
that remixes can attract audience attention more effectively than original tracks,
perhaps an illegal remix attracts even more attention than an official remix.28

Next, we conducted an online experiment to assess these possibilities. We
started by surveying all U.S.-based participants who designated music as their
hobby on Prolific.com. We asked them about their three favorite music genres
from a list of the 11 most-streamed genres in the U.S. in 2021.29 Of the 4,502
participants, 1,069 selected EDM as one of their three favorite genres. In 2023,
we invited these 1,069 individuals to participate in our experiment, and 885
completed the study.

Randomly assigned to one of four conditions, participants listened to the
same EDM track selected from our sample.30 Participants in condition 1 (the
baseline) were told that the track was an ‘‘EDM track by a DJ’’; those in condi-
tion 2 were told it was an ‘‘original track composed and produced from scratch
by a DJ’’; those in condition 3 were told it was an ‘‘official remix produced by a
DJ with the formal consent of the original’s copyright owner’’; those in condi-
tion 4 were told it was a ‘‘bootleg produced by a DJ without the formal consent
of the original’s copyright owner.’’ After listening to the track, all participants
were asked to rate the track’s novelty, quality, and ability to attract audience
attention on three items, using a 7-point Likert scale (i.e., 1 = strongly disagree
to 7 = strongly agree). Online Appendix 8 provides screenshots of the experi-
mental material.31 Participants were paid £1.50 (approximately $1.89) for com-
pleting the study and further incentivized via a lottery with a 3 percent chance

28 It is not entirely clear why this would be the case given that official bootlegs benefit from the pro-

motional efforts of both the original and the remixing artist. Theoretically, the illegal nature of boot-

legs should also make them less visible than official remixes to audience members.
29 These are R&B/hip-hop, rock, pop, country, Latin, dance/electronic (EDM), Christian/gospel,

world, children, classical, jazz (Statista.com, 2021).
30 We randomly selected three tracks in our sample. We then considered the number of charts for

each track so we could select the track that would be the least recognizable of the three.
31 The experimental material was approved by an institutional review board (ERB 2311026).
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of earning a £3.0 (approximately $3.65) bonus payment (see Schaerer et al.,
2018).

Among the 885 participants who finished the study, 52 failed the attention
check. Thus, the final sample consisted of 833 EDM enthusiasts. Participants
averaged 33.8 years of age (S.D. = 10.5); 47.7 percent were female, and 49.5
percent had been EDM fans for over 10 years. Table 4 summarizes the sample
characteristics by condition; it shows that randomization across observable
characteristics was successful, with no statistical differences among the four
groups.

The novelty of the track received an average rating of 3.24 (S.D. = 1.50)
when it was described as an EDM track, 3.46 (S.D. = 1.49) when described as
an original track, 3.27 (S.D. = 1.57) when described as an official remix, and
3.03 (S.D. = 1.61) when described as a bootleg remix. Adopting a one-way
ANOVA with Bonferroni multiple-comparison tests, we found that the same
EDM track was rated significantly less novel (p = 0.030) when described as a
bootleg than as an original track; no significant difference (p > 0.699) was
found in any other pairwise comparison of the track’s novelty ratings.

Regarding quality, the track’s ratings averaged 4.64 (S.D. = 1.48) when
described as an EDM track, 4.40 (S.D. = 1.49) when described as an original
track, 4.35 (S.D. = 1.46) when described as an official remix, and 4.31 (S.D. =
1.63) when described as a bootleg remix. A one-way ANOVA revealed no sig-
nificant differences (p = 0.101) among the average quality ratings across the
four conditions.

Last, we found that the track’s ability to capture attention received average
ratings of 3.73 (S.D. = 1.68) when described as an EDM track, 3.65 (S.D. =
1.65) when described as an original track, 3.54 (S.D. = 1.54) when described as
an official remix, and 3.53 (S.D. = 1.66) when described as a bootleg remix.
Again, a one-way ANOVA showed no significant differences (p = 0.532) among
those ratings.

Jointly, these additional survey and experimental data suggest that the ben-
efits we document for bootleggers, in terms of opportunities to perform and to
open for peers, are unlikely to be explained by differences in perceptions of

Table 4. Sample Characteristics by Condition*

Full

sample

Condition 1

EDM

track

Condition 2

Original

track

Condition 3

Official

remix

Condition 4

Bootleg

remix

Randomization

test

(p value)

N 833 211 215 214 193 N/A

Gender (1 = female,

0 = male)

0.48

(0.50)

0.50

(0.50)

0.49

(0.50)

0.47

(0.50)

0.47

(0.50)

0.94

Age 33.84

(10.54)

33.54

(10.54)

33.90

(10.41)

33.79

(10.02)

34.16

(11.29)

0.95

Years as EDM fan (1 = 0− 4 years,

2 = 5− 9 years, 3 = 10 years or more)

2.28

(0.80)

2.31

(0.78)

2.26

(0.82)

2.27

(0.78)

2.27

(0.81)

0.92

* For each condition, the sample mean is reported together with the standard deviation (in parentheses).

Randomization tests were conducted through one-way ANOVA.
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quality, novelty, or ability to attract audience attention. This is likely to be true
whether the audience consists of EDM professionals or EDM enthusiasts.

PHASE 3: ELABORATING ON THE PROPOSED MECHANISM

Purpose, Sampling, and Analytical Approach for the Qualitative Data

Our study’s third and final phase consisted of analyzing qualitative data to shed
more light on our surprising quantitative evidence (Creswell & Clark, 2017). Rather
than building a new theory, we aimed to refine the interpretation of the ‘‘hard,
objective facts’’ uncovered in the statistical analyses (Roth & Mehta, 2002, p. 138–
139). Our original concern was to explore the face validity of our quantitative results
and to uncover whether they made sense in the lived experience of people on the
ground. However, the qualitative analysis also helped us to add depth to our pro-
posed mechanism and to uncover complementary insights (Kaplan, 2015).

We chose to conduct interviews because private conversations allow
respondents to be more open about their experience with and handling of
unlawful actions. We focused on recruiting EDM professionals who had some
experience, either direct or indirect, with bootlegging. For this reason, we used
snowball chain sampling: We added interviewees referred to us until we con-
cluded that we had reached saturation.32 While we do not claim that the sam-
ple is representative of all EDM professionals, we note that our interviewees
shared clear views on how bootlegging is understood and assessed within the
community. The final sample includes a range of professionals—including DJ
producers, bookers, and promoters—from ten countries, mainly in Europe,
North America, and Asia. We conducted a total of 34 in-depth interviews,
resulting in over 36 hours of audio recording. Respondents included ten profes-
sionals actively hiring DJs at the time of the interviews; the remaining 24 were
DJs actively playing gigs and producing music (except for three DJs still honing
their music production skills). Table 5 provides an overview of these respon-
dents. All interviews were conducted two on one, in English, were recorded
with the participant’s permission, and were transcribed.33

The interview process was semi-structured and guided by open-ended ques-
tions that led to topical areas including respondents’ understanding of and reac-
tions to bootlegging based on the attributions they assigned to this unlawful
behavior (see the interview guide in Online Appendix 9). Initial responses to our
questions (such as ‘‘Have you ever remixed someone’s music without their
permission?’’ and ‘‘Can you tell us about it?’’) were probed to allow increasingly
detailed reflections from these professionals. The questions were tailored to
the nature of the respondent’s activities.

We analyzed the interview transcripts, guided by expectations derived from
the quantitative analysis and focusing on the following questions: (a) Under
what circumstances may bootlegs be acceptable? (b) How would one distin-
guish between a more and less acceptable bootleg? (c) Would the community

32 This sampling strategy facilitates access to respondents who are difficult to reach (in our case,

EDM professionals willing to discuss their experience with illegal remixing). To mitigate concerns

about homogeneity, we carefully selected our original network of seeds with particular attention to

ensuring as much diversity as possible. We strived to capture a wide range of perspectives, lever-

aging a diverse network of seeds across geographic areas.
33 We adhered to institutional review board guidelines in selecting the respondents and conducting

our interviews.
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actively support bootleggers, and why? Our method involved a content analysis
in which interview data were divided into categories to facilitate the compari-
son of themes. We manually tracked themes and patterns in Excel, focusing
on how EDM professionals described bootlegging and responses to this illegal
behavior. We coded each paragraph for recurrent themes to identify potential
mechanisms contributing to variation in respondents’ perceptions.

To situate the conversation, we start by briefly summarizing, from the per-
spective of these professionals, when copyright infringement implies music
theft and when it does not.

Bootlegging as Music Theft and/or Copyright Infringement

Over and over, our interviewees described copyright enforcement as necessary
to protect the creative output of individual artists: ‘‘It [copyright law] is about

Table 5. Interview Respondents*

Name Position(s) Location(s)

Arthur DJ Taipei

Ben DJ, producer Munich

Bruce DJ Berlin & Rio de Janeiro

Cal DJ, producer, booker Berlin

Christian DJ, producer Berlin

Damien DJ, producer Copenhagen

Daylian DJ, producer Tokyo

Dominic Club owner, booker (and former DJ) Copenhagen

Dorielle Talent agent, booker New York City, NY

Elliott DJ, producer Baltimore, MD

Elsa DJ Taipei

Esteban DJ, producer, label owner Copenhagen

Ezra DJ, promoter, label owner Barcelona

Gabriel Label owner, booker (and former DJ and producer) Berlin

Hector DJ, producer London

Jace DJ, producer Munich

Jack DJ, producer London

Jacob DJ, producer Berlin

Jason DJ, promoter, talent agent Copenhagen

Jayden DJ, promoter Taipei

Jude DJ, producer, label owner, talent agent Washington, DC

Leo Booker, club owner New York City, NY

Liam DJ, producer London

Marcello DJ, producer Rotterdam

Matt DJ, promoter Munich

Milo DJ, promoter Taiwan

Nils DJ, producer Baltimore, MD

Pascal DJ, producer Amsterdam & Munich

Romain DJ, producer Bristol

Samantha DJ, producer Taipei

Thomas DJ, producer Copenhagen

Trevor DJ, producer Culpeper, VA

Victor DJ, producer, booker Montréal, QC

Wahid DJ, producer Copenhagen

* All interviews were conducted between November 2018 and February 2024.
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protecting the sweat and the tears of the original producer!’’ (Christian, DJ and
producer). The EDM professionals we spoke with all characterized music theft
as a violation not just of the law but of the shared occupational norms of mutual
respect. This word was mentioned on numerous occasions. ‘‘It’s not only that
it’s a legal issue. You also don’t want to be disrespectful, disrespectful to other
artists and labels . . . It’s not welcome in the scene’’ (Ben, DJ and producer).
Pascal, a DJ and producer, outlined how music theft violates expectations of
respect for original works: ‘‘We treat each other’s music with respect because
we know how much work is behind it. Say a guy comes in, who steals your
stuff, who cuts corners . . . This is a sign of disrespect.’’ Above and beyond
upholding respect for original works, the law was credited with ensuring that
artists respect each other in general, a point nicely summarized by DJ and pro-
ducer Samantha: ‘‘Copyright laws are here to make sure artists show respect
to one another.’’

Yet, there was a sense that enforcing copyright law—and systematically
penalizing bootlegging—is not always the best way to promote respect in a
community in which borrowing and reinterpreting others’ work is a celebrated
art form. Simply put, community norms regarding bootlegging were ambigu-
ous. When probed on the issue, our interviewees questioned what several
described as the law’s ‘‘blanket approach’’ to music theft. Regarding copyright
law, the general view was that ‘‘the one-size-fits-all regulation doesn’t make
sense’’ (Ezra, DJ, promoter, and label owner) and that community members
understand better than the legislator subtle yet meaningful differences among
bootleggers. This led our interviewees to advocate a more nuanced approach
to evaluating each bootleg, though they exhibited much variation in terms of
what they viewed as practical and viable alternatives to strict adherence to
copyright law.34 We now delve into these nuances.

Bootlegging as a Disinterested Community-Building Action

Our interviews revealed that EDM professionals considered bootlegging
commendable—the ‘‘white’’ version of bootlegging—when the action con-
veyed a perpetrator’s willingness to follow their passion for music or promote
respect for other EDM artists and their work. Table 6 provides sample quotes
and summarizes the common themes detected from the interviews; we
included any theme mentioned by more than one interviewee.

A first theme that emerged from our analysis is that bootlegs are commend-
able when they are motivated by an artist’s passion for a song and their desire
to stretch the boundaries of EDM sound: ‘‘[You think,] ‘I can make this song
better.’ You follow your gut’’ (Thomas, DJ and producer). Damien, a DJ and
producer, explained: ‘‘It’s nice that people are inspired by your music to make
more music. And it’s nice that they like your track and want to work with it.
When that’s the motivation, it’s nice.’’ By contrast, Jayden, a DJ and promoter,
summarized the essence of a self-serving motivation for bootlegging: ‘‘You’re
not in it for the music . . . Like if you are a fakey. Not a fakey, but like if you’re

34 Few could describe what the alternative would look like concretely, but four respondents went

as far as suggesting the possibility of an extra-legal, multi-stakeholder, community-based institution

designed to solve the problem of music theft.
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Table 6. Summary of the Qualitative Data on ‘‘White’’ and ‘‘Black’’ Versions of Bootlegging

Code Theme Count* Sample quote

Perceived motivations for bootlegging

Pursuing one’s passion

for music, regardless of

extrinsic considerations

Bootlegging is

commendable

when motivated by

an artist’s love for

the original song.

16 ‘‘Some people [bootleggers] just throw caution to the wind,

and they say, I’m going to make what I’m going to make,

and I’m going to like it, and hopefully other people like it

too. So you’re like, ‘I really love this song. I wanna make

my own version of it.’ When you do that, I mean, it’s

definitely paying homage . . . You’re using it [the track]

because you connect with that song and that music so

much. It’s OK to be inspired.’’ (Jude, DJ, producer, label

owner, talent agent)

Bootlegging is

commendable

when it prioritizes

stretching the

boundaries of the

sound over legal

concerns.

22 ‘‘It’s all about music, it’s about creativity. He [a bootlegger]

makes it so much more interesting. You know, he takes

something different and sees how he can like cut that up

and doing that will sound way more interesting. He takes

something from some of the track, chops it up in this

weird way, stretches it, reverses it and like makes it

weirder. I mean, his music, it’s obviously weirder. But

that’s why electronic music is good because it’s just

creative and it’s being okay with taking [others’] stuff to

push the envelope.’’ (Liam, DJ and producer)

Promoting respect for

other artists and their

work

Bootlegging is

commendable

when it promotes

mutual respect

among EDM artists.

23 ‘‘I mean, he [a bootlegger] could have just played it safe. But

he wanted to honor their [another artist’s] work. It’s bigger,

it builds a community that creates the . . . these people

support each other as artists. They bring other people up . . .

All the people I respect are the people that do that, they do

the right thing by the community.’’ (Leo, booker and club

owner)

Bootlegging is

commendable

when it builds on

others’ work to

promote greater

creativity in the

community.

14 ‘‘I think that’s another thing that a lot of DJs and promoters

will respect about bootlegs. That you’re building off of

someone else’s work, you’re kind of standing on the

shoulders of giants, and you’re really digging into your

creativity. It does matter because if you create your own

stuff, you create something new for the community. It’s

super important to give back, with your own projects, your

own creations.’’ (Nils, DJ and producer)

Furthering one’s own

interests at others’

expense

Bootlegging is

disrespectful when

strategically used to

boost one’s career.

21 ‘‘But when the objective [of bootlegging] is, can I become

viral very fast . . . And even if I have some legal suits

against me, everything will be settled out because by then I

will have made it. It doesn’t feel appropriate to me.’’

(Christian, DJ and producer)

Bootlegging is

disrespectful when

the perpetrator

breaks the law out

of disregard for

other artists.

6 ‘‘They [a bootlegger] did it just in a way where . . . They

probably said, I like this song, but I’m not going to bother

asking. For me, there is an alternative. There is something

in the middle that this person didn’t do. They should have

asked me.’’ (Hector, DJ and producer)

Some cues used for assessing bootleggers’ intentions

Access to critical

community resources

(e.g., legal expertise)

High-status

bootleggers tend to

disrespect other

artists.

16 ‘‘And then two months later, like some other artist with a big

name has released a [bootleg of a track of ours] and we’re

like, ‘oh, it’s kind of annoying.’ Cause like any big DJ isn’t

gonna give a shit about me or how good a DJ I am. And I

always wonder like artists that are lower in their career, like

how do you clear it [the track]?’’ (Liam, DJ and producer)

(continued)
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just trying to make it, you know, to be cool and stuff like that, and you’re not in
it for the art.’’

A second dominant theme in respondents’ accounts—and a key insight from
our qualitative analyses—was that commendable bootlegs are disinterested,
community-building actions rather than strategic, career-boosting actions.
Indeed, respondents continuously contrasted bootleggers who protect and
strengthen the community’s values with those who act out of self-interested
calculations. Unlike a disinterested action, the ‘‘black’’ version of bootlegging
involved a calculated bet on the perpetrator’s part. Christian explained: ‘‘It’s a
commercial thing that will boost my career immediately. And there are some
artists that do that. I don’t like it.’’ This notion of a disinterested rather than stra-
tegic action is critical and helps explain a significant and surprising finding in our
quantitative analyses: Bootlegs elicit more support, as measured by opportuni-
ties to perform and to open for peers, than official remixes do. A key insight
gathered from our interviews is that an official remix involves a public partner-
ship in which each party comes to a mutually beneficial agreement from a crea-
tive, strategic, and/or financial standpoint. As summarized by Matt, a DJ and
promoter, ‘‘Official remixes are always a good way to give additional visibility to
friends or also DJs in your network, to combine both of your brands. Then the
other DJ is doing the promotion for the track, and you are doing the promotion
for the track.’’ Similarly, label owner and booker Gabriel recalled his experience
with an official remix when he used to DJ: ‘‘They [artists] did a nice [official]
remix for me . . . It’s a partnership. Remixes are a good way to get additional

Table 6. (continued)

Code Theme Count* Sample quote

Artists affiliated with

a label act

strategically when

they choose to

bootleg.

25 ‘‘We often get frustrated because if you’re huge as an artist

and you have a massive label and lots of resources you can

kind of do what you want and you can say you know ‘I

want to remix this person or I’m going to grab the vocal

from this track and remix it and I know it will be released

because we’ve got the resources and we’re at the point

where you know we can release some with the label.’’’

(Jason, DJ, promoter, talent agent)

Experienced artists

have no valid

excuse for

bootlegging.

10 ‘‘And to be honest, you can’t say you don’t know how it’s

being done [copyright clearing]. I would have an assumption

that you didn’t bother asking. Yeah, I’m not a big fan of that

stuff . . . It means I’m [experienced bootlegger] not the kind

of person that will make a big effort to like, respect me.’’

(Liam, DJ, producer)

Self-promotion Bootleggers oriented

toward self-

promotion may not

be truly committed

to music.

8 ‘‘This guy would like edit videos and pair it with music and

just like, you know, put it out there. Twitter, Instagram, you

name it. OK. So you just jump on the bandwagon. But it’s

depressing, to be honest. I say it a lot because

unfortunately it’s the poison of the scene at the moment.

Social media is unfortunately something that is making the

scene not as beautiful as it was.’’ (Christian, DJ and

producer)

* Number of interviewees who brought up the theme.
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visibility and to combine both of your brands. So, the official remix is strategic;
a strategy that everybody understands and uses.’’ This strategic angle is absent
when a DJ violates copyright law out of passion for music or to honor a peer’s
work. The willingness to break the law to promote others’ work in the name of
shared community values explains the greater support for bootleggers than for
official remixers.

In addition to perceived disinterestedness, the overarching, critical character-
istic of the ‘‘white’’ version of bootlegging is that it is understood as a contribu-
tion to the collective, a community-building action of some sort. There was a
shared sense that serving rather than using the community was a key differ-
ence between honorable bootleggers and ‘‘fakeys.’’ To this point, Arthur, a DJ,
described the distinction between the two versions of bootlegging:

I’m not stealing your work and putting my name on it and then repackaging it. That’s
not what I am doing. That is different. I’m making a remix, and yes, it’s illegal. But
I’m respecting the original work. I’m not claiming it as my own; it’s an homage to
your work, like standing on the shoulders of giants. It’s that rising tides mentality.

Jude, a DJ, producer, label owner, and talent agent, nicely summarized the
theme of community building brought up by our interviewees:

I think the generally accepted principle is to support the people, like . . . show you
are not trying to profit from them but you like their work. Make sure that it’s not just
all about you because at the end of the day, it’s a community effort and we are all
like . . . we’re coming together with music . . . it’s just really important to be foster-
ing a good community.

Daylian, a DJ and producer, described a similar experience after having pro-
duced a couple of bootlegs: ‘‘I don’t think I’ve ever received one message tell-
ing me that my bootlegs were not OK. Let’s put it that way: I’m pretty much in
a grey area with these songs, but I think they [other DJs] don’t mind. In fact,
they appreciate it, that I’m doing it, because it keeps the community strong.’’
In other words, these bootlegs were cast in a favorable light because they pro-
mote mutual respect. Note that 22 of 34 interviewees explicitly described
respect as a pillar of the EDM community. This was usually tied to the idea that
EDM celebrates remixing as an art form, which makes the need for mutual
respect especially salient in this community. Christian concluded with a rhetori-
cal question to distinguish possible motivations: ‘‘Does it feel a bit cheap, like
something I do to boost my career. . .? Or am I stretching the boundaries of
the sound? . . . Am I aware of the needs of my community?’’ Jude simply
stated, ‘‘It’s just really important to be fostering a good community. Like show-
ing respect to the people you work with, treating their work with that respect.’’

Cues of a Bootlegger’s Intentions

In exchange for their community-building efforts, DJs engaged in ‘‘white’’ boot-
legging were considered worthy of active support. Several interviewees on the
demand side of the labor market mentioned the importance of motivations and
community interest in their evaluations of DJs. Booker and club owner Leo
explained why bootlegs can provide greater opportunities to play gigs: ‘‘You’ll
often hear this, it’s not ‘you learn to make music, and then you’ll get gigs.’ No.
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It’s ‘You learn to make music, then you contribute to the community, and then
you get gigs.’ When you’re doing good by the community, the community gives
back.’’ He added, ‘‘I want to hire the right people, take the time to, to meet
these artists who bring others up and who care about the community.’’

As DJ and producer Trevor put it bluntly, ‘‘Sometimes it’s OK [to bootleg].
Sometimes it’s not. You know, it all depends on the artist that they are.’’ EDM
professionals used several cues to evaluate a bootlegger’s motivation and
whether they were, in Leo’s words, ‘‘the right people.’’ These cues include
attributes like the artist’s standing in the community and access to key
resources. Our interviewees indicated that access to legal advice—whether
gained through social status, label affiliation, or experience with the copyright
clearance process—raises suspicion about a bootlegger’s motives for violating
copyright law. Wahid, a DJ and producer, explained that as a high-status artist,
‘‘You have the means [to clear a track]. You have a team that takes care of it.’’
He added, ‘‘Labels care about IP . . . . So they have the commercial set-up to
handle it [and clear a track].’’ Similarly, Daylian concluded that ‘‘If you have the
[label’s] legal team, it’s weird to bootleg.’’ Referring to experience with the
copyright clearance process, Bruce, a DJ, added, ‘‘It’s always annoying for me
when people don’t ask but they should know better, you know? It’s not a prob-
lem of inexperience . . . like, it’s not inexperience with the legal framework if
you know the system.’’ The situation is different for lower-status DJs, who
rarely enjoy access to such resources. As Damien summarized, ‘‘He [a bootleg-
ger], he would have done it the right way if he knew how to . . . It’s so unclear
for the common people what to do and they don’t have the resources, we
don’t have the resources to get a lawyer or get some support in that kind of
sense.’’

As a result, the rationale for bootlegging appears more questionable and
self-serving for high-status DJs and DJs who have access to knowledge and
community resources. Daylian evoked a seasoned DJ whose bootleg he did not
appreciate: ‘‘If they have the money to play around with, I don’t see a reason
why they can’t just use a legal team. It is weird.’’ Thus, though sharing illegal
remixes could elicit considerable support from the community, such support
seemed to wane if the DJ in question enjoyed superior access to social, eco-
nomic, and legal resources because the latter situation implied a less com-
mendable motivation for bootlegging, one unrelated to the community’s
interests.

A focus on boosting one’s visibility, notably through interested self-promo-
tion, may also have acted as a cue for questionable motivations. Dominic, a
club owner and booker, explained:

At the moment, I think we have some artists in the mix that just, they’re not 100%
committed to the art. They just found the easy way to make some quick money. If
the artist only shows off, it’s just, like, ‘‘look at me,’’ if he’s just showing off on social
media, then it’s like, okay, you’re not committed to the job.

He further argued, ‘‘[Social media] is very important. . . . But more important is
how they [artists] are doing social media.’’ Specifically, our interviewees often
differentiated between DJ-specific or music-sharing online platforms like
SoundCloud and social networking platforms like Instagram or Facebook. On
the demand side, there was notably a sense that considering how a DJ uses
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social media helps others assess how serious they are about EDM and DJing,
compared to being an influencer. Matt put it this way: ‘‘Are you interested in
DJing or is it a lifestyle thing?’’ This remark came up in several of our inter-
views, consistent with much secondary data on this topic. For example, the
club BASEMENT’s booker also noted,

Among a sea of trendy, TikTok type of influencer DJs who have thousands of fol-
lowers, it’s clear that follower count and views do not mean that they’re good at
what they do . . . I do check artist social media profiles to see how they present
themselves, what they’re posting; you can see clearly if they take their job seriously
or if this is just a side, temporary fun moment for them. Having a social media pres-
ence nowadays is essential for an artist; it’s one of the easiest ways to spread the
word about yourself. What is very essential though, is to have a Soundcloud profile
to upload your sets. (O’Connor, 2023)

Yet, our interviewees did not explicitly connect self-promotion on social media
with an artist’s intentions when bootlegging. In light of our quantitative results
and based on the qualitative evidence presented earlier, we suspect that boot-
leggers’ self-promotion orientation on social media influenced evaluations of
their contribution to the community and, in turn, support for the artist, but our
qualitative evidence in this regard is limited.

DISCUSSION AND CONCLUSION

Contribution and Future Research

Social scientists have paid considerable attention to how occupational commu-
nities use legal and normative regulatory frameworks to control their members’
behavior. It has long been recognized that formal laws and informal norms
work as substitutes to ensure the smooth functioning of a community (e.g.,
McAdams & Rasmusen, 2007; Posner, 2009). In the absence of formal laws,
community members enforce informal penalties for harmful behavior, aiming to
deter future violations (Di Stefano et al., 2015; Fauchart & von Hippel, 2008;
Reilly, 2018). When laws exist and align with community values, they are
enforced and often replace informal sanctioning against violators (Horne, 2000;
Horne, 2007).35

Extant research suggests that the alignment between formal regulations
and core occupational values determines whether a community actively pro-
motes compliance with the law, discourages it, or supports only superficial,
ceremonial compliance. However, recent studies point to a more complex real-
ity. In ambiguous situations, compliance can be discretionary, allowing some
community members—those with the most expertise—to deviate from formal
regulations (Evans & Silbey, 2022). In this article, we built on this emerging
body of research by emphasizing the role of members’ discretionary judgment.
We proposed that ambiguous situations require members to interpret unlawful
actions, leading to a distinct yet overlooked community response: the informal,
active support of lawbreakers whose actions are interpreted as disinterested
and aimed at benefiting the broader community. Focusing on remixing prac-
tices in the EDM community, we found that despite being illegal, bootlegging

35 For an example of this crowding out effect, see Kube and Traxler (2011).
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can elicit surprising community support. When bootleggers are seen as serving
the community and promoting its core values, other members step in and pro-
vide them with more opportunities to perform and to open for peers. Hence,
concerns about community welfare shape not only which behaviors an occupa-
tion chooses to regulate (Coleman, 1990; Ullmann-Margalit, 1977) but also its
response to violations of formal regulations.

By providing a new rationale for discretionary compliance with the law in
occupational communities, our theory sheds light on an apparent empirical
anomaly: In an otherwise law-abiding community, members actively support
lawbreakers. Understanding how disinterested motivations influence percep-
tions of illegal actions allows us to see why these lawbreakers are not merely
excused for their behavior (Ody-Brasier & Vermeulen, 2020; Reilly, 2018). Reilly
(2018) found that stand-up comics who steal a peer’s joke, which is legal but
counter-normative, may be given the benefit of the doubt if they are respected
for their craft expertise and backstage citizenship. Yet, joke theft is hardly ever
seen as motivated by a concern for community welfare, and while this behavior
may be excused, it is not actively supported in the ways outlined in this article.
Unlike counter-normative (but legal) actions that are tolerated, unlawful actions
driven by community-oriented motivations elicit active support. This finding also
underscores the flip side of dynamics identified in recent research on how per-
ceptions influence key economic outcomes: While structural positions linked to
perceptions of self-serving behaviors often result in reduced social support and
lower performance for an actor (Iorio, 2022), our findings suggest that percep-
tions of disinterested motivations and concern for the community’s welfare can
lead to rewards and positively shape a perpetrator’s labor market opportunities.

Our theory contributes to the literature on how occupations use formal and
informal regulations to control behavior. We shift the focus away from how well
formal regulations align with core occupational values to illuminate the process
by which members interpret unlawful behavior. We show that this assessment
is not necessarily based on the perpetrator’s level of professional expertise, as
recent studies have suggested (Evans & Silbey, 2022), but on the perpetrator’s
perceived intentions. Hence, systematic differences in responses to lawbreak-
ing may persist even when virtually all members of an occupation are experts
(e.g., surgeons or airline pilots). This insight has important implications and
raises intriguing questions for future research.

One question revolves around the relationship between a perpetrator’s
expertise and how their intentions are perceived. Extant theory suggests that
only experts are permitted to deviate from formal regulations. Yet, our theory
suggests that if the less experienced members are perceived as more likely to
act in the community’s interest, they may be the ones allowed to deviate.
These two mechanisms could operate simultaneously within an occupation,
potentially counterbalancing each other or one taking precedence over the
other. Disentangling these processes would enable researchers to better assess
their relative importance in shaping discretionary compliance. Alternatively, each
mechanism may operate primarily in specific types of occupational commu-
nities. Understanding such differences would help to make sense of potential
discrepancies across settings.

Another question relates to how our theory may help us understand variance
in responses to compliance with, rather than violations of, formal regulations.
For example, it is noteworthy that in their study of bioscience researchers,
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Evans and Silbey (2022) observed that complying only with individual safety
regulations was criticized and sometimes even derided. This response could
indicate potential penalties for members whose compliance prioritizes personal
welfare over that of their community. Thus, the appropriateness of complying
with formal regulations, much like the appropriateness of violating them, may
be evaluated based on whether it appears motivated by individual rather than
collective gain.

Last, we note an intriguing possibility that suggests another direction for
future research: Aspiring DJs who engage in bootlegging and secure more
opening gigs may gain significant attention from community tastemakers. As
they build their career, these DJs may later leverage official remixes with other
artists to demonstrate that they are now established. Assuming their bootlegs
do not appear motivated by self-interest, a two-stage process may thus be at
play. To investigate this possibility, one could compare the career trajectories of
up-and-coming DJs who are invited to officially remix another artist’s track with
those of similar DJs who engage in bootlegging. Although we cannot empiri-
cally investigate this possibility, we think it warrants careful consideration.36

Generalizability and Scope Conditions

Our theory applies to a variety of regulations and occupations. First, we expect
the dynamics we documented to apply to creative occupations, in which expec-
tations of disinterestedness are well established and play a significant role. The
ideal-typical artist is expected to prioritize core occupational values over extrin-
sic rewards. For example, take the illegal use of copyrighted material and pri-
vate property in street art and consider the case of Banksy, who has faced
increasing criticism from other street artists as he/she/they have gained promi-
nence. We contend that these criticisms stem, at least partly, from the percep-
tion that self-interest rather than core community values increasingly drives
Banksy’s sensationalist approach. Today, Banksy garners extensive media
attention and frequently sells for substantial amounts at high-profile auctions,
which are at odds with the collective nature of this art form and its non-
commercial ideals.

We also speculate that the relevance of our theory extends beyond creative
occupations or IP violations. Consider breaches of institutional review board
(IRB) regulations in research. While these regulations are designed to uphold
researchers’ concerns for scientific rigor, credibility, and integrity, they can also
involve overly complex protocols and significant delays, even for studies that
pose minimal risk (Friedman, 2022). The community’s response to such
breaches may differ depending on whether the researcher’s intentions are
seen as a commitment to advancing research rather than self-interest. A novice
researcher at a public institution may be considered favorably if they violate
IRB regulations, compared to an expert at a private elite institution.

Our theory could even apply to more-serious unlawful actions in highly regu-
lated occupations. While some behaviors, such as manslaughter, might seem
too severe to ever be construed as serving core values in a legitimate occupa-
tion, anecdotal evidence from the medical profession suggests otherwise. For

36 We thank an anonymous reviewer for suggesting this possibility.
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instance, 60 percent of doctors do not view physician-assisted suicide, which
is illegal in most U.S. states, as inappropriate when it aims to provide patients
relief from unbearable pain, a core occupational value (Hetzler et al., 2019). In
this sense, consistent with our argument, the offender’s intent rather than the
severity of the act might influence the medical community’s response to law-
breaking. Testing our theory in the context of more-serious illegal actions would
be insightful, though we anticipate significant challenges for researchers. Given
the gravity of these actions and the associated penalties, we suspect that any
form of active support from the community will remain concealed, making it
extremely difficult for researchers to uncover.

Note that our theory applies specifically to unlawful actions that have the
potential to either harm or benefit the community and its members; it does not
apply to every unlawful action. For example, we would not expect an artist who
uses illegal drugs in their personal life to receive active community support for
this behavior. Additionally, we suspect that the relatively low cost of hiring a DJ
for a night facilitates the provision of support in the form of employment oppor-
tunities. In occupations in which short-term contract work is the norm, as in
EDM, this type of support may be prevalent. However, different dynamics may
emerge in occupations in which more-traditional, long-term employment
arrangements predominate. In other words, lower-cost opportunities may be
extended to lawbreakers whose actions are viewed as serving the community
in a disinterested manner. These could include mentoring or sharing private
information. It would be valuable to explore how the patterns we document in
this study might play out with alternative forms of support.

Limitations

An empirical limitation of our study is that we used DJ fixed effects, yet there
are likely differences between DJs who remix and those who do not. Factors
like age and career history may affect the likelihood of remixing, but our data do
not allow us to explore this question fully. In Online Appendix 10, we present
the results of multinomial logit analyses focused on the DJ characteristics we
can observe, which help to alleviate concerns about stark and systematic differ-
ences between bootleggers and official remixers. That said, unobservable dif-
ferences likely remain.

In addition, our data offer many advantages, allowing us to observe illegal
practices, employment outcomes, creative output, status within the commu-
nity, social media presence, and label affiliations on a global scale over a
decade. However, we cannot analyze the musical content of the 400,000
tracks in our sample. The number of tracks affected and the degree of overlap
between the original and the new track could shape perceptions of remixes.
Remixes may be more prevalent in some subgenres, which we cannot
observe. The objective musical quality of a track may also play a role, which we
cannot account for in this article (Askin & Mauskapf, 2017). We have no reason
to expect systematic differences favoring bootlegs over official remixes, but
we recognize this possibility.

Last, we used a concrete outcome, a job, to measure the occupational com-
munity’s active support for lawbreakers. We provided substantial evidence that
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within this community, our variable effectively captures this fundamental con-
struct, but we acknowledge that this is not a perfect measure. In general, mea-
suring community support, particularly in relation to an illegal practice, is
difficult (see Stroope, 2015, on measuring community support for the unlawful
dowry practice in India). Recent sociological studies have measured community
support through surveys in which participants reported how much they helped
peers in various areas (e.g., Desmond & An, 2015). While more direct, such
survey measures would be difficult to collect for our relatively large sample,
and they have their own limitations (e.g., social desirability bias, recall bias). We
view these limitations as especially likely when researchers aim to capture sup-
port for an unlawful behavior (see Stroope, 2015, on the use of indirect survey
questions for sensitive subjects).

Overall, these limitations provide exciting opportunities for future research.
We hope this article will encourage further exploration of the conditions under
which breaking the law can paradoxically be interpreted as a disinterested,
community-building action that helps perpetrators improve their positions within
the community.
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Guimarães, P. (2008). The fixed effects negative binomial model revisited. Economics

Letters, 99(1), 63–66.
Hahl, O., & Ha, J. (2020). Committed diversification: Why authenticity insulates against

penalties for diversification. Organization Science, 31(1), 1–22.
Hahl, O., & Zuckerman, E. W. (2014). The denigration of heroes? How the status attain-

ment process shapes attributions of considerateness and authenticity. American

Journal of Sociology, 120(2), 504–554.
Hahl, O., Zuckerman, E. W., & Kim, M. (2017). Why elites love authentic lowbrow cul-

ture: Overcoming high-status denigration with outsider art. American Sociological

Review, 82(4), 828–856.
Hetzler, P. T., Nie, J., Zhou, A., & Dugdale, L. S. (2019). A report of physicians’ beliefs

about physician-assisted suicide: A national study. Yale Journal of Biology and Medi-
cine, 92(4), 575–585.

Hoetker, G. (2007). The use of logit and probit models in strategic management

research: Critical issues. Strategic Management Journal, 28(4), 331–343.

42 Administrative Science Quarterly (2025)

https://www.musicradar.com/how-to/6-types-of-remix-explained
https://www.musicradar.com/how-to/6-types-of-remix-explained
https://support.google.com/trends/answer/4365533?hl=en
https://support.google.com/trends/answer/4365533?hl=en


Horne, C. (2000). Community and the state: The relationship between normative and

legal controls. European Sociological Review, 16(3), 225–243.
Horne, C. (2007). Explaining norm enforcement. Rationality and Society, 19(2), 139–170.
Iorio, A. (2022). Brokers in disguise: The joint effect of actual brokerage and socially per-

ceived brokerage on network advantage. Administrative Science Quarterly, 67(3),

769–820.
Jaimangal-Jones, D. (2018). Analysing the media discourses surrounding DJs as authen-

tic performers and artists within electronic dance music culture magazines. Leisure
Studies, 37(2), 223–235.

Kaplan, S. (2015). Mixing quantitative and qualitative research. In K. D. Elsbach &

R. Kramer (Eds.), Handbook of qualitative organizational research (pp. 423–433).

Routledge.
Kube, S., & Traxler, C. (2011). The interaction of legal and social norm enforcement.

Journal of Public Economic Theory, 13(5), 639–660.
LeBreton, J. M., & Senter, J. L. (2008). Answers to 20 questions about interrater reliabil-

ity and interrater agreement. Organizational Research Methods, 11(4), 815–852.
Lena, J. C. (2004). Meaning and membership: Samples in rap music, 1979–1995.

Poetics, 32(3-4), 297–310.
Lessig, L. (2008). Remix: Making art and commerce thrive in the hybrid economy.

Bloomsbury Academic.
Lizardo, O., & Skiles, S. (2016). Cultural objects as prisms: Perceived audience com-

position of musical genres as a resource for symbolic exclusion. Socius, 2.

https://doi.org/10.1177/2378023116641695
Mason, M. (2009). The pirate’s dilemma: How youth culture is reinventing capitalism.

Simon & Schuster.
McAdams, R. H., & Rasmusen, E. B. (2007). Norms and the law. In A. M. Polinsky &

S. Shavell (Eds.), Handbook of law and economics (1st ed, vol. 2, pp. 1573–1618).

Elsevier.
McLeod, K. (2001). Genres, subgenres, and more: Musical and social differentiation within

electronic/dance music communities. Journal of Popular Music Studies, 13(1), 59–76.
Mize, T. D. (2019). Best practices for estimating, interpreting, and presenting nonlinear

interaction effects. Sociological Science, 6, 81–117.
Montano, E. (2009). DJ culture in the commercial Sydney dance music scene. Dance-

cult: Journal of Electronic Dance Music Culture, 1(1), 81–93.
Morse, P. (2016). Rock the dancefloor: The proven five-step formula for total DJing suc-

cess. Rethink Press Limited.
O’Connor, N. (2023). How to get DJ gigs. Pioneer DJ. https://blog.pioneerdj.com/djtips/

how-to-get-dj-gigs/
Ody-Brasier, A., & Vermeulen, F. (2020). Who is punished most for challenging the sta-

tus quo? Academy of Management Journal, 63(5): 1621–1651.
Oliver, P. (1980). Rewards and punishments as selective incentives for collective action:

Theoretical investigations. American Journal of Sociology, 85(6), 1356–1375.
Palmer, D. (2012). Normal organizational wrongdoing: A critical analysis of theories of

misconduct in and by organizations. Oxford University Press.
Papageorgiadis, N., & Sofka, W. (2020). Patent enforcement across 51 countries—

Patent enforcement index 1998–2017. Journal of World Business, 55(4). DOI:

10.1016/j.jwb.2020.101092
Piazza, A., Phillips, D., & Castellucci, F. (2020). High-status affiliations and the success

of entrants: New bands and the market for live music performances, 2000–2012.
Organization Science, 31(5), 1272–1291.

Podolny, J. M. (1993). A status-based model of market competition. American Journal

of Sociology, 98(4), 829–872.
Posner, E. A. (2009). Law and social norms. Harvard University Press.
Reilly, P. (2018). No laughter among thieves: Authenticity and the enforcement of com-

munity norms in stand-up comedy. American Sociological Review, 83(5), 933–958.

Li and Ody-Brasier 43

https://doi.org/10.1177/2378023116641695
https://blog.pioneerdj.com/djtips/how-to-get-dj-gigs/
https://blog.pioneerdj.com/djtips/how-to-get-dj-gigs/


Rietveld, H. C. (2011). Disco’s revenge: House music’s nomadic memory. Dancecult:
Journal of Electronic Dance Music Culture, 2(1), 4–23.

Roth, W. D., & Mehta, J. D. (2002). The Rashomon effect, combining positivist and
interpretivist approaches in the analysis of contested events. Sociological Methods &
Research, 31, 131–173.

Salganik, M. J., Dodds, P. S., & Watts, D. J. (2006). Experimental study of inequality and
unpredictability in an artificial cultural market. Science, 311(5762), 854–856.

Sanders, A., Phillips, B. J., & Williams, D. E. (2022). Sound sellers: Musicians’ strategies
for marketing to industry gatekeepers. Arts and the Market, 12(1), 32–51.

Schaerer, M., Schweinsberg, M., & Swaab, R. I. (2018). Imaginary alternatives: The
effects of mental simulation on powerless negotiators. Journal of Personality and
Social Psychology, 115(1), 96–117.

Shaver, J. M. (2019). Interpreting interactions in linear fixed-effect regression models:
When fixed-effect estimates are no longer within-effects. Strategy Science, 4(1), 25–40.

Silbey, J., Subotnik, E. E., & DiCola, P. (2019). Existential copyright and professional
photography. Notre Dame Law Review, 95, 263–326.

Sorenson, O. (2014). Status and reputation: Synonyms or separate concepts? Strategic
Organization, 12(1), 62–69.

Statista.com. (2021). Distribution of streamed music consumption in the United States
in 2021, by genre. https://www.statista.com/statistics/475667/streamed-music-con-
sumption-genre-usa/

Stroope, S. (2015). Disease and dowry: Community context, gender, and adult health in
India. Social Forces, 93(4), 1599–1623.

Thornton, S. (1996). Club cultures: Music, media, and subcultural capital. Wesleyan
University Press.

Ullmann-Margalit, E. (1977). The emergence of norms. Clarendon Press.
Vaidhyanathan, S. (2003). Copyrights and copywrongs: The rise of intellectual property

and how it threatens creativity. New York University Press.
Van der Hoeven, A. (2014). Remembering the popular music of the 1990s: Dance music

and the cultural meanings of decade-based nostalgia. International Journal of Heri-
tage Studies, 20(3), 316–330.

Van Maanen, J., & Barley, S. R. (1982). Occupational communities: Culture and control
in organizations. Research in Organizational Behavior, 6, 287–365.

Walsh, J. P., Cho, C., & Cohen, W. M. (2005). Science and law. View from the bench:
Patents and material transfers. Science, 309(5743), 2002–2003.

Wiltsher, N. (2016). The aesthetics of electronic dance music, part I: History, genre,
scenes, identity, Blackness. Philosophy Compass, 11(8), 415–425.

Winkie, L. (2020). Meet the 19-year-old from Kazakhstan who remixed ‘Roses’ into a hit.
The New York Times. https://www.nytimes.com/2020/07/15/arts/music/saint-jhn-
roses-imanbek.html?searchResultPosition=1

Wooldridge, J. M. (1999). Distribution-free estimation of some nonlinear panel data mod-
els. Journal of Econometrics, 90(1), 77–97.

Authors’ Biographies

Xu Li is an assistant professor of management at the London School of Economics and
Political Science. He researches when organizations and individuals, due to various insti-
tutional forces, may or may not benefit from their innovative efforts. He received his
Ph.D. from the London Business School.

Amandine Ody-Brasier is an associate professor in the Desautels Faculty of Management
at McGill University. She studies how social relations and shared normative expectations
influence pricing, reporting behaviors, prosocial contributions, and hiring decisions. She
received her Ph.D. from the London Business School.

44 Administrative Science Quarterly (2025)

https://www.statista.com/statistics/475667/streamed-music-consumption-genre-usa/
https://www.statista.com/statistics/475667/streamed-music-consumption-genre-usa/
https://www.nytimes.com/2020/07/15/arts/music/saint-jhn-roses-imanbek.html?searchResultPosition=1
https://www.nytimes.com/2020/07/15/arts/music/saint-jhn-roses-imanbek.html?searchResultPosition=1

