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Abstract
The literature linking climatic drivers and migration is growing, but there is still limited evidence
and substantial uncertainty regarding future bilateral flows driven by climate stress on a global
scale. The aim of this paper is to fill this gap by projecting changes in the flows of international
migrants from medium-term population and climate change projections. We employ a bilateral
gravity equation for emigration rates controlling for decadal weather averages of temperature,
precipitation, droughts, and extreme precipitation in the origin countries. We use the parameter
estimates of the gravity equation to estimate global, regional, and country-by-country emigration
flows for several combinations of socio-economic development and climate change. Results
indicate that global emigration flows are projected to increase to around 110 million in 2060 for
SSP1 and RCP 4.5 and SSP5 and RCP 4.5; to 135 million for SSP5 and RCP 8.5; to 163 million for
SSP3 and RCP 4.5. We report that changes in emigration flows are largely due to population
growth in the origin countries.

1. Introduction

There is ample archaeological evidence that people
have migrated in response to environmental changes
(Weiss and Bradley 2001, Fagan 2008, Lachniet
et al 2017). Historical evidence has, however, little
relevance for present-day societies because socio-
economic conditions are very different now com-
pared to centuries ago (Haferkamp and Smelser
1991). It is, therefore, unclear if climate change will
lead to a higher number of international migrants.
Understanding how people may move in response to
climate change is very important because migration
has both large positive and negative welfare effects on
migrants, origin countries, and destination countries
alike (di Giovanni et al 2015). Moreover, sound man-
agement of migration flows requires plans that must
rely on the size of potential flows (Carammia et al
2022). The goal of this paper is to provide estimates
of migration flows between countries in response to

changes in temperature, precipitation, droughts, and
excess precipitation under several socio-economic
and climate scenarios. Results can support policy-
makers in the difficult task of regulating migration
and provide insights on possible societal challenges
and macro-economic impacts from a moving labour
force.

The number of studies that quantify the migra-
tion response to weather and climatic events using
historical data has grown substantially in recent years,
as documented by twometa-analyses (Hoffmann et al
2020, 2022, Beine and Jeusette 2021). However, there
are few projections of climate-induced flows, and
they often suffer from important limitations. Some
early studies assume that migration decisions are
exclusively taken to avoid climate risks, ignoring the
political, economic, or demographic context (Myers
1993, 2002, Stern 2007). However, people exposed to
climate hazardswill not necessarily choose tomigrate.
The cost of migrating may be higher than the benefit,
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or social, economic, and political factors may con-
strain individual choices.

More recent studies usemicro-level data to estim-
ate the relationship between migration and climatic
variables empirically, thus accounting for individual
preferences and constraints such as gender, educa-
tion, available resources (Bohra-Mishra et al 2014,
Mueller et al 2014, Jessoe et al 2018, Cattaneo and
Massetti 2019). These papers combine the econo-
metric estimates with climate scenarios to predict
the change in the probability of migrating, assuming
everything else remains constant. While these stud-
ies can capture local specificities in response to cli-
mate shocks, we believe that being geographically
narrow, cannot be used to extrapolate migration pat-
terns globally.

Other studies extend the analysis to many coun-
tries using panel data (Marchiori et al 2012). These
panel studies exploit the effect of relatively small,
short-term, and unpredictable weather shocks to pre-
dict the impact of relatively large, long-term, and at
least in part predictable climate change. Only under
very restrictive assumptions the short-term weather
shocks and long-term climate change have analog-
ous impacts (Hsiang 2016), while in general, they
are not the same. Not only do short-term responses
and long-term responses differ, but the direction of
the ‘bias’ is also difficult to predict (Ionesco et al
2016). Understanding the future potential impacts
of climate change on migration requires model-
ling how agents adjust and adapt to a changing
climate.

Finally, attempts to theoretically model the long-
term implications of climate change on migration
exist and have been pioneered by Desmet et al (2018)
and Desmet and Rossi-Hansberg (2015). Building on
these papers, Burzyński et al (2022) endogenize the
effects of changing temperatures, sea levels, and the
frequency and intensity of natural disasters on indi-
vidual decisions to move. They predict 37, 57, and
94 million total international climate migrants over
the 21st century under the RCPs 4.5, 7.0, and 8.5,
respectively. These estimates represent changes in the
aggregate number of migrants relative to the hypo-
thetical scenario of no climate change, where climatic
variables remain equal to the 2010 values. Desmet
et al (2021) employ a high-resolution global dynamic
equilibrium framework to measure the spatial shifts
in population and economic activity only induced by
coastal flooding. Their highest prediction amounts to
2.25% world population displaced in 2200 under the
more extreme emissions scenario RCP 8.5. Alvarez
and Rossi-Hansberg (2024) develop a global spa-
tial dynamic assessment model incorporating agents’
reactions to temperature rise through migration,
trade, and investment. They predict that 600 mil-
lion people will be cumulatively displaced by global

warming by 2200, corresponding to approximately
5% of the world population (3 million additional
migrants per year, on average)5.

Our paper extends this literature by empirically
estimating both total and bilateral flows of migrants.
We use a bilateral gravity framework to produce para-
meter estimates of the effect of climate variables on
internationalmigration and generate global, regional,
and country-by-country estimates of migration flows
for several combinations of socio-economic develop-
ment (shared socio-economic pathways—SSPs) and
atmospheric alterations (representative concentra-
tion pathways—RCPs), spanning a wide range of
future climate scenarios. We regress decadal averages
in migration on decadal averages of climate. By com-
bining changes in climate and socio-demographic
conditions, we can provide information on their
aggregate effect on migration flows and estimate the
relative importance of socio-demographic and cli-
mate drivers.

This study improves the literature in several ways.
First, by using decadal averages instead of annual
data, our estimated response function can be used
to predict medium-term climate change effects more
accurately than with yearly fixed effects panel mod-
els (Melissa et al 2014). Second, we do not limit the
analysis to the impacts of changes in average tem-
perature and precipitation. Despite increasing con-
cerns about the impacts of larger intensity and fre-
quency of extreme weather, the literature has often
neglected their effect, possibly omitting important
drivers of migration. Akyapi et al (2022) show that
extreme temperature, drought, and flood events are
more important than average annual temperature
in explaining GDP growth globally. Droughts and
floods are also the two hydro-meteorological disasters
that have historically been responsible for the largest
number of deaths6. Our analysis continues to use
average temperature and precipitation, but we also
include measures of droughts and extreme precipit-
ations that may cause floods. Third, instead of using
data from disasters datasets, which infer the exist-
ence of a climate disaster from reported impacts, a
potential source of endogeneity bias (Felbermayr and
Gröschl 2014), we build indicators for floods and
droughts using high-resolution precipitation data
on the entire world. Fourth, the use of bilateral as
opposed to unilateral data allows us to predict the
outflows of migrants and the corresponding inflows

5 We acknowledge, that even if migration between countries is
widespread, most of the flows, including those induced by a chan-
ging climate, are expected to occur domestically. Some studies
focus on predicting futuremigration within countries (Rigaud et al
2018, Peri and Sasahara 2019, Clement et al 2021). Our paper
instead specifically focuses on predicting international migration
flows.
6 See for example the EM-DAT database.
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Table 1. Summary statistics.

Variable Obs. Mean Sd Min Max

Emigration rate—bilateral 91 305 0.126 2.342 0 291.915
Emigration flows—bilateral 91 305 1172 29 407 0 4705 677
Temperature (degree C)—unilateral 91 305 22.575 6.002 0.082 32.347
Precipitation (annual mm)—unilateral 91 305 1195 699 28 3377
Droughts (weighted number of months)—unilateral 91 305 0.222 0.269 0 1.000
Flood (mm per day)—unilateral 91 305 9.167 6.235 0 27.011

Notes: The statistic for emigration rate has been multiplied by 1000 to make the figure more readable.

of migrants in the different destination countries. We
can predict specific patterns of migration induced by
climate change, which has never been done before at
such granularity.

The paper is organized as follows. Section 2
describes the data. Section 3 presents the methodo-
logical approach. Section 4 provides the outcomes of
the empirical analyses. Section 5 provides discussion
and concludes.

2. Data description

The primary data source on migration is the Global
Bilateral Migration Database (Ozden et al 2011),
which provides data on bilateralmigration stock from
1960 to 2000 on a decadal basis. This dataset has
been extended up to 2010 thanks to a joint effort
between the OECD and the World Bank (OECD
2015). Bilateral flows are generated using the stock
differencing approach as in (Beine and Parsons 2015,
Cattaneo and Peri 2016). Drawing from the bilateral
stock data, the emigration flows are computed as dif-
ferences between stocks in two consecutive Censuses.
To generate emigration rates from flows, we divide
the bilateral flows by the population of the origin
country, taken from the (United Nations Population
Division 2015).

Historical climate data used in the analysis is from
the NASA NOAH Global Land Data Assimilation
System (GLDAS v2) Dataset. The dataset provides
reanalysis gridded data on temperature and precip-
itation at 1◦ × 1◦ spatial-resolution and 3 h tem-
poral intervals. Temperature and precipitation data
at the grid cell levels are aggregated into country-
year averages using 2000 population weights from
the NASA’s Socioeconomic Data Applications Center
Gridded Population of theWorld (CIESIN 2018). The
resulting country-level variables are then averaged
over each decade.

As precipitation extremes, both floods and
droughts might have a substantial impact on migra-
tion. There is little consistency in how precipitation
scarcity is captured in studies of migration (see for
example Dallmann and Millock 2017). In this paper,
to control for drought conditions, we rely on the
Standardized Precipitation Index-SPI. We compute
the 12 month SPI, which is an indicator of deviations

of precipitation from its long-term distribution dur-
ing the preceding 12 months (McKee et al 1993)7.

We calculate SPI values for all the grid cells of
the GLDAS global domain. As the impact of droughts
is assumed to affect migration via reduced agricul-
tural productivity, we exclude grid cells not suit-
able for crops using land use data from the Global
Agro-Ecological Zones database (FAO and IIASA
2022)8. To focus only on severe droughts, we count
the number of months the SPI is below −1.5 in
each grid cell with crops, as in McGuirk and Burke
(2020)9. Finally, we aggregate at country level using
population weights and then calculate decadal coun-
try averages.

To control for heavy rainfall events potentially
indicating flood-like conditions, we use the 90th per-
centile of the annual distribution of daily precipita-
tion in each grid cell, similarly to Chen et al (2017)
and Mueller et al (2014). We use population weights
to calculate yearly country averages and then calculate
decadal country averages.

Table 1 presentsmeasurement units and summary
statistics of historical climate data.

The same methods are used to calculate temper-
ature, precipitation, SPI, and flood-like conditions
from gridded scenarios of future climate generated by
models used for the CoupledModel Intercomparison
Project Phase 5 (CMIP5). In particular, we use the
ensemble mean of temperature and precipitation for
medium (RCP4.5) and extreme (RCP8.5) emission
scenarios from 5 climate models derived from the
NASA Earth Exchange Global Daily Downscaled and
Bias Corrected Projections—NEX-GDDP (Thrasher
et al 2012). We use population data from grid-
ded population projections developed for the SSPs
(O’Neill et al 2017) for weighting climate variables.
While the emission scenarios in the RCP4.5 can be
matched with the narratives of all the five SSPs, the

7 The choice of the 12 months SPI allows to capture longer term
water deficits and hydrological droughts that could be relevant for
agriculture, river discharge and groundwater recharge (Naumann
et al 2018).
8 Permanent pastoral areas are also not included.
9 The reason to identify as ‘severe droughts’ the instances in which
SPI falls below the threshold of −1.5 is explained in the WMO
guidelines for the use of this index (WMO 2012) identifying
respectively the interval−1.5 to−1.99 as severely dry and the−2
and less as extremely dry.
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Figure 1. Change of climate variables with respect to the period 1960–2010. Climate scenarios from five Global Circulation
Models (GCM) of the NASA Earth Exchange Global Daily Downscaled and bias corrected Projections (NEX-GDDP), prepared
for the Coupled Model Intercomparison Project Phase 5 (CMIP5). Temperature change is measured in ◦C. Change in
precipitations and in the occurrence of flood-like conditions in measured in percentage. Change of the drought indicator are
measured in months during which the SPI has a value less than−1.5.

extreme level of emissions in RCP8.5 is compatible
only with the fast growth and intensive fossil fuels use
assumed in SSP5. For this reason, we match RCP4.5
with SSP1 (sustainable development), SSP3 (frag-
mentedworld) and SSP5 (fossil-fueled development),
while we match the SSP5 with only the RCP8.5, as
in the most recent IPCC scenario design (see, for
example IPCC 2022).

Figure 1 displays changes in climate variables with
respect to the period 1960–2010 for different decades
and different scenarios. For the Figure, we selected
SSP5 because this is the only SSP that allows us a
direct comparison of climate scenarios for RCP 4.5
and RCP 8.5. Global warming is likely to intensify
over time, with the increase being particularly notice-
able at the higher latitudes. Changes in the global
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precipitation patterns are instead more varied, with
some countries expected to receive more abundant
rainfall and some likely to experience drier condi-
tions. As the planet warms, the uneven distribution
of precipitation patterns across countries is expec-
ted to become even more unbalanced. Extreme pre-
cipitation events are expected to increase in many
countries. In several regions where total precipita-
tion is likely to increase, the trend in occurrence of
extreme precipitation events is projected to follow
a similar increasing pattern. Droughts, and gener-
ally drier conditions are expected to be experienced
more frequently in some regions, notably around the
Mediterranean and in the Middle East. While tem-
perature will increase in all countries and regions, in
some parts of the world, both floods and droughts
display declining patterns.

3. Empirical approach

We employ a bilateral gravity framework to produce
parameter estimates of the effect of climate variables
on international migration. Details of the estimation
are presented in the supplementary material (S.1). As
the climate is likely to play a minor role in explain-
ing migration from richer countries (Cai et al 2016),
we follow Cattaneo and Peri (2016) and exclude from
the sample the top 20% of countries in the GDP per
capita distribution, which are receivers of the flows10.
The final sample includes 100 origin and 203 destin-
ation countries. See supplementary material (S.2) for
the complete list of countries. The period of the ana-
lysis runs from 1960 to 2010, meaning that the flows
are computed over the decades, starting from t= 1960
up to t = 2000.

Once the parameters are estimated using the his-
torical data, we generate future emigration rates using
the scenario of future temperature, precipitation, SPI
and flood-like conditions. This is a ceteris paribus
exercise because we assume that all the other driv-
ing factors of migration remain unchanged. To incor-
porate parameter uncertainty from our statistical
model, we generate bootstrap confidence intervals
from 1000 repetitions of this exercise of the empirical
model11. Finally, we transform the prediction of
migration rates (ŷijT) into migration flows (MijT) by
multiplying times the population levels in each ori-
gin country.We use population data for different SSPs
scenarios (Nii,T),

MijT = ŷijT ∗ Nii,T.

10 Results are robust to different cut-off points.
11 We employ the command bsample in Stata, which is the stat-
istical software used for the estimations. The command draws a
sample with replacement from the original dataset.

Table 2.Historical estimations.

(1) (2) (3)

only T no P All

ln(temperature) 1.898∗∗∗ 1.564∗∗ 1.582∗∗

(0.691) (0.624) (0.615)
ln(precipitation) 0.266

(1.140)
Drought 0.324∗∗ 0.337∗∗

(0.147) (0.166)
Flood 0.153∗∗ 0.138

(0.071) (0.096)

Observations 91 305 91 305 91 305
Origin FE Yes Yes Yes
Destination∗decade FE Yes Yes Yes
Pair FE Yes Yes Yes

Pseudo-R2 0.8623 0.8629 0.8629
P-Val Wald T Climate 0.0060 0.0002 0.0005

Notes: the dependent variable is the emigration rate from country,

i to country j, in decade t. Method of estimation is PPML.

Reference periods for the analysis: 1960-2010. Standard errors,

clustered at origin levels, in parentheses. ∗∗∗ p<0.01,
∗∗ p<0.05, ∗ p<0.1. The P-Value of a Wald Test on the coefficient

of Precipitation is 0.816.

4. In-sample results and projections

Table 2 presents the results for the gravity equation,
employing increasingly saturated specifications, as
described in equation (1) of supplementary material
S.1. Across all three specifications, the estimated para-
meters for temperature are consistent in magnitude
and significance. The point estimates indicate that if
temperature increases by 1%, bilateralmigration rates
increase by 1.9 (Column 1), and 1.6% (Columns 2
and 3) over a decade. Average precipitation is not an
important driver of migration, as indicated by the
non-statistically significant coefficient. If we exclude
precipitation from the regression (Column 2), the
coefficient of temperature remains robust. The coef-
ficient of droughts is positive with and without the
inclusion of precipitation. Finally, flood exerts a pos-
itive and statistically significant effect on emigration
rates, but the coefficient turns non-statistically sig-
nificant in column (3). Results indicate that temper-
ature is a robust factor that drives migration, which
confirms the conclusion from a meta-analysis that
temperature-level changes exert the strongest effects
on migration (Hoffmann et al 2020). We provide
additional results and sensitivity checks in table S.3
of the supplementary material.

The bottomof the table reports Pseudo-R2, which
we use to compare the three specifications and select
the one to be used to project migration flows. It also
provides the result of aWald Test on the climatic vari-
ables, to detect if our specifications provide a better fit

5
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Figure 2.Historical and predicted global outflows of climate migrants. We use the parameter estimates from column (3) of table 2
to generate projections of migration flows due to climate and population change. Panel (a): blue square dots show the observed
historical flows. Panel (b): the bars show predicted flows, whereas the lines illustrate 95% bootstrap confidence intervals.

compared to a model with only fixed effects12. While
specifications in Columns (2) and (3) display the
same Pseudo-R2, a Wald test that compares if model
(3) fits significantly better than model (2) provides
support to the most parsimonious model in (2)13.
Therefore, we use the parameters of Column (2) to
generate total global flows ofmigrants, flows by coun-
try and bilateral flows among continents.

Panel (a) of figure 2 displays the predicted future
flows of migrants until 2060 together with the
observed decadal flows from 1970 to 2010. Panel (b)
presents the same estimates, by scenario and year,
with 95% bootstrap confidence intervals. The total
number of international migrants for the pairs of 100
origins and 203 destinations covered by our study is
expected to increase in all scenarios. The size of the
increase will depend on the scenario. For example,
the total decadal flows will increase from 30 million
in 2010 to around 110 million in 2060 for SSP1 and
RCP 4.5 and SSP5 and RCP 4.5, to 135 million for the
SSP5 and RCP 8.5 and to 163million for the SSP3 and
RCP 4.5. As a comparison, supplementary material
S.4 (table S.3 and figure S.1) presents the global flows
of migrants produced using all specifications (only T,
no P and All). The projections from two specifica-
tions, namely the ones that include drought and flood
(All and no P) produce similar results, while the one
that only uses temperature variation produces a lower
bound projection (only T).

The gap between the observed flows up to 2010
and the predictions of the model from 2030 onward

12 The performance of the Wald test is low in the case of multicol-
linearity. For this reason, we checked the correlation between the
set of climatic variables included in the full model. The correlation
coefficients are low, suggesting that multicollinearity is not an issue
in our case.
13 The Wald test is used to evaluate if constraining a parameter to
be zero significantly reduces the fit of the model and it is therefore
employed to test the difference between nested models.

Figure 3. Population projections. The numbers are
computed by aggregating the population projections of the
origin countries included in the sample. See appendix B for
the complete list of countries.

can be explained by the growing population com-
bined with a rising temperature and the intensifica-
tion of extreme events, such as droughts and floods.

SSP3 combined with RCP 4.5, the high-
population growth scenario (figure 3), has the largest
migration flows in almost all decades, while SSP1
combined with RCP 4.5 and SSP5 combined with 4.5,
with identical climate but lower population growth,
are at the bottom of the range.

We gain a more accurate assessment of the rel-
ative importance of population and climate scen-
arios by decomposing the effect of a changing cli-
mate from the effect of a changing population on
future migration flows. First, we predict emigration
rates using climate change scenarios, but we use the
historical population in the origin country. Second,
we predict emigration rates using the historical aver-
age climate over the panel decades, but we allow the
population to grow. The results of these two exer-
cises are displayed in figure 4. Population growth is
responsible for a large increase inmigration over time
and across scenarios. The number of migrants when

6
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Figure 4. Global decadal outflows of climate migrants.
Decomposition for climate and population. The height of
the blue bars displays the projections of migration flows
due to climate and population changes; the height of the
grey bars displays the projections of migration flows due to
only climate change; the green square dots indicate the
projections of migration flows due to only population
changes. Horizontal lines indicate the observed historical
flows for ‘70, ‘80, ‘90, ‘00 and ‘10.

the population grows, and the climate stays constant
(green square dots) is higher than the counterfac-
tual that keeps the population constant but allows cli-
mate to change. The total vertical bars (grey plus blue)
are generated by combining the future climate mod-
els and the future population projections. The strong
influence of population growth on migration is in
line with Dao et al (2021), which report that future
trends in international migration are mainly driven
by changes in country population size and in educa-
tional attainment.

The largest increase in migration occurs when we
use the SSP3 scenario because it has the largest popu-
lation growth. SSP3 describes a world with increas-
ing inequality, fast population growth, resurgent
nationalism and policies strongly oriented toward
national and regional security issues. Therefore, the
SSP3 narrative assumes closed borders and a low
level of migration. Given that we do not impose
on our projections an exogenous cap on migration
but assume that international migration policy in
destinations follows their historical trend, our study
finds more future migration under the SSP3 com-
pared to the narrative described under the SSP3
scenario.

Total migration flows displayed in figures 2 and 4
are obtained by summing projected flows from the
sample of countries with outmigration. The rich
bilateral nature of the data allows us to dive deep into
the results and disaggregate the projected flows by
specific origin countries and by pairs of origins and
destinations. This is an important contribution of the
paper to the literature. By predicting both inflows and
outflows, we provide useful information to assess the
exposure of both origin and destination areas.

One way to look at our results is to focus on emig-
ration flows by specific origin countries. In particular,
figure 5 displays the changes in migration projections
in 2030 compared to the observed flows in 2010 for
the SSP3 and RCP 4.5 scenarios. If we let both cli-
mate and population change (left panel), the projec-
ted climate-induced migration flows are projected to
increase significantly in many countries, particularly
African and, to a smaller extent, Asian countries. If we
keep the population at the 2010 level and let only cli-
mate change (right panel), the percentage change in
migration is smaller, as expected from the global ana-
lysis. In some countries, emigration is also expected to
decline. The differences in projections that we observe
between countries are due to the projected differences
in country-level drought and flood, as described in
figure 1.

Another way to present the result is by showing
bilateral projections. Figure 6 displays the projected
bilateral flowswithin and between continents in 2030,
assuming that both climate and population change,
as in the SSP3 and RCP 4.5 scenario. We find that
the migration flows are projected to increase for all
pairs of continents. However, the largest increase in
migration flows will be bounded within continents,
namely within African and Asian countries. Flows
fromAfrica to Europe will double, from 2.5million in
2010 to 6 million in 2030. Flows from Asia to Europe
will reach 6.7 million in 2030, against the 3.2 mil-
lion in 2010. Flows from Asia to North America will
increase from 3.3 million to 9.4 million.

5. Discussion and conclusion

Migration has been largely used as an adaptation
strategy to cope with the climate change impacts
(Hoffmann et al 2020, Beine and Jeusette 2021) and
understanding how many people will leave the origin
countries for climate related reasons will assist destin-
ation countries in managing these flows (Carammia
et al 2022). In this paper, we employ historical
data that span over five decades in a bilateral grav-
ity equation. By estimating medium-term climate
change effects and combining these estimates with
scenarios of climate and socio-demographic con-
ditions, this paper contributes to predicting global
emigration flows due to climate change and decom-
posing the contribution of population and climate-
related drivers.

The world is getting warmer, and extreme events
are expected to intensify. These phenomena contrib-
ute to driving emigration but demographic factors
are likely to play a more important role than climate
change. Our results indicate that population growth
is the most important driver of long-term migration
patterns.
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Figure 5. Percentage change in outflows compared to historical outflows. Year 2030. Projections of changes in migration outflows
due to climate and population change (left panel) and only climate change (right panel). Scenarios under SSP3 and RCP 4.5.

Figure 6. Bilateral flows by continent. SSP3, RCP 4.5. Year 2030. Blue bars display the projections of migration flows due to
climate and population changes; light grey bars display historical flows.

Our finding is in sharp contrasts with early studies
that based their projections on the number of people
that live in areas ‘at-risk’ of climate events (Myers
1993, 2002, Stern 2007) and which predicted massive
future flows. If our model is correct, there is no evid-
ence that OECD and other net receiver countries will
face large waves of climate migrants in the coming
decades.

A large part of climate-relatedmigrationmay also
occurwithin countries, probably because populations
affected by natural disasters tend to move only tem-
porarily, or due to restrictions to cross-border migra-
tion (Rigaud et al 2018, Cattaneo et al 2019, Peri and
Sasahara 2019, Clement et al 2021).

Restrictive border policies, by limiting the possib-
ility of leaving areas more exposed to climate change,
do not contribute to reducing vulnerability to climate
change impacts (Benveniste et al 2020). Policies to
facilitate temporary migration in the case of extreme
events would be beneficial. If destination countries
are concerned about increasing migration flows, they
can implement policies that lead to slower popula-
tion growth and higher economic development in

origin countries. For example, investing in women’s
empowerment can boost economic development and
result in slower population growth.

The exercise we run is informative, but it should
be interpreted with caution. First, we are assum-
ing that only climate and population will change,
while future migration will be strongly affected
by socio-economic developments in both origin
and destination countries, technology, and policy.
Second, the further we go into the future (2060) and
the more pessimistic the climate scenario (RCP 8.5),
the larger the long-term difference of climate vari-
ables with respect to their historical level compared
to the observed variance over the estimation period.
In other words, for scenarios of very high warming in
the far future, we push our model considerably out-
of-sample. It is not easy to predict the direction of
the bias. Historical temperature change is often small
and may not capture disruptive or highly nonlin-
ear responses that may occur with much larger tem-
perature changes. If this is the case, we underestim-
ate the responsiveness of migration to future climate.
Alternatively, the projections might have a positive

8
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bias if, for example, a permanent warming scenario
will induce countries to engage in forms of adapta-
tion, which our model does not capture well.
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