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The Mystery of Discrimination
in Latin America

onventional wisdom holds that Latin America is a highly discriminatory

society. This belief is hardly surprising given the history of ethnic and

class conflicts in the region and the plethora of anecdotal evidence rein-
forcing this notion. However, whereas it cannot be argued that many societies
in the region do, in fact, discriminate, the crucial questions have barely been
broached. Understanding the extent of such discrimination and exploring the
channels through which it operates deserve special attention.

How widespread is discrimination in Latin America? The primary opinion
survey in the region, Latinobarémetro, explores discriminatory perceptions
for representative samples of the population of eighteen countries.! As shown
in figure 1, when individuals were asked in 2001 who they think suffers the
most from discrimination, they consistently and overwhelmingly highlighted
the poor, followed by indigenous peoples and Afro-descendants. This pattern
is consistent across countries in the region. In all the countries surveyed,
poverty is perceived as being the main driver of discrimination, with responses
varying from 14 percent in the case of Panama to 49 percent in the case of
Nicaragua. Figure 2 illustrates these results for the countries surveyed.

These results, however, are not entirely consistent with the answers to a
similarly worded question asked only a few years later. Starting in 2004, the
same Latinobardmetro survey asked Latin Americans why they think people
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1. The countries surveyed by Latinobarometro are Argentina, Bolivia, Brazil, Colombia,
Costa Rica, Chile, the Dominican Republic, Ecuador, El Salvador, Guatemala, Honduras, Mex-
ico, Nicaragua, Panama, Paraguay, Peru, Uruguay, and Venezuela. For more information on the
Latinobarémetro Corporation and its surveys, see its website (www.latinobarometro.org).
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FIGURE 1. Groups Affected by Discrimination in Latin America, 2001
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Source: Latinobarémetro (2001).

a. The figure reports responses to the following 2001 Latinobarémetro survey question: “From what you have known or heard, which
groups do you think experience the most discrimination, or do you think that there is no discrimination?”

in their country are not treated equally. One out of every three Latin Ameri-
cans pointed to poverty as the basis for unequal treatment, but in a departure
from the earlier poll, individuals did not identify ethnic and racial characteris-
tics as the second and third top reasons for discrimination. Rather, they cited
lack of education and lack of connections as the basis for unequal treatment.
One interpretation of these results is that Latin Americans now consider eco-
nomic factors more important than social factors in explaining unequal treat-
ment, although responses vary by country. Figure 3 shows the ranking of
reasons for the whole region, and figure 4 shows how the perceived reasons
for unequal treatment vary from one country to another. While poverty is con-
sidered the number one cause of discrimination in the Dominican Republic
and Nicaragua, lack of education tops the list of reasons in Guatemala. Lack
of connections, which ranks third in the region overall, is viewed as the most
important reason for unequal treatment in Mexico, Colombia, and Panama.



FIGURE 2. Perceptions of Discrimination by Poverty, by Country’
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Source: Latinobardmetro (2001).
a. Foreach country, the figure reports that percentage of Latinobarémetro respondents in 2001 who think that poverty is the main reason
that people are not treated equally.

FIGURE 3. Reasons for Discrimination in Latin America, 2004 and 2005°
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Source: Latinobardmetro (2004, 2005).
a. The figure reports responses in 2004 and 2005 to the following Latinobarémetro survey question: “Of all the reasons for which people
are not treated equally, which one affects you the most?”
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FIGURE 4. Reasons for Discrimination, by Country
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Source: Latinobardmetro (2005).
a.—For each country, the figure reports responses to the following 2005 Latinobarémetro survey question: “Of all the reasons for which
people are not treated equally, which one affects you the most?”

Skin color raises important concerns in Brazil and, to a lesser extent, Bolivia.
The percentages of respondents who felt that everyone is treated equally in
their country varies from 16 percent in Peru to 2 percent in Mexico, Paraguay,
and Chile. The cases of Paraguay (35 percent) and Chile (25 percent) are inter-
esting, as none of the reasons cited for unequal treatment are assigned great
importance. Nonetheless, very few people in these countries state that every-
one is treated equally there. This suggests that the subtleties of discrimination
are not well captured by the survey in these two countries.

The most recent Latinobarémetro survey, for 2006, further complicates
the picture. In addition to the reasons for unequal treatment cited in the 2004
and 2005 surveys, a new option allowed individuals to state that they did not
feel discriminated against at all. Nearly 24 percent of the surveyed individu-
als chose this response, making it the new top answer. The relative ranking
of the rest of the reasons for unequal treatment remained almost unaltered
since the 2005 survey. The only exception is that being old ranked ahead of
not having connections for the first time. As before, skin color, gender, and
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FIGURE 5. Reasonsfor Discrimination in Latin America, 2006°
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a. Thefigure reports responses to the following 2006 Latinobardmetro survey question: “Of all the reasons for which people are not treated
equally, which one affects you the most?”

disabilities were not ranked high as characteristics triggering discriminatory
behaviors. These results are shown in figure 5.

The fact that the social characteristics typically linked to discrimination
register low on the opinion surveys in most countries in Latin America is, in
itself, quite remarkable. Perhaps societies in the region do not discriminate on
the basis of ethnicity, race, or gender as much as conventional wisdom would

2. In Europe, the characteristics that the population perceives as being the drivers of dis-
crimination (or disadvantaged treatment) are more social than economic in nature. Eurobarom-
eter, the European opinion survey, dedicated a recent special issue (European Commission
2007) to exploring discriminatory perceptions in the twenty-five member countries of the Euro-
pean Union. The four groups ranked by surveyed respondents as the most disadvantaged were
the disabled, the Roma (gypsies), people over fifty years of age, and people of a different eth-
nic group than the rest of the population. These characteristics come closer to what conven-
tional wisdom would dictate in terms of groups that experience discrimination.
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FIGURE 6. Size of the Economy and Perceptions of Discrimination by Poverty
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Source: Latinobardmetro (2005); World Bank, World Development Indicators database.

suggest. Alternatively, perhaps the individuals surveyed are reluctant to reveal
their true beliefs for fear of retaliation or for concerns about being perceived
as politically incorrect. Another problem may be that the factors indicated in
opinion polls as being the most common reasons for discrimination are cate-
gories that do not capture poverty per se, but characteristics that respondents
associate with it. In fact, the perception of discrimination by poverty may be
highly correlated with other variables such as the general economic condition
of the population or social characteristics that are more traditionally linked to
discriminatory practices. The perception of poverty as a key discriminatory
problem is fairly low in countries that are relatively homogeneous in terms of
race. For instance, only about 20 percent of respondents link discrimination
with poverty in Uruguay. By the same token, respondents in countries that are
more racially diverse indicate that poverty is a crucial discriminatory issue. In
Peru, for example, nearly 41 percent of respondents cite poverty as the most
important reason for unequal treatment. Figures 6 and 7 present scatter plots
and simple correlations between basic economic variables and perceptions
of discrimination. Figure 6 shows that the perception of discrimination by
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FIGURE 7. Inequality and Perceptions of Nondiscrimination
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Source: Latinobardmetro (2005); World Bank, World Development Indicators database.

poverty is accentuated in smaller economies. Conversely, figure 7 suggests
that people in more equal societies are more apt to view their environment as
nondiscriminatory.

Given the above, some countries in the region have recently undertaken
efforts to gain more precise knowledge about the perception of discrimination.
For example, researchers in Peru have adapted the discrimination scales of the
1995 Detroit Area Study; they find that 88 percent of a representative sample
of Peruvians report having experienced at least one situation of discrimina-
tion.* In Mexico, the results of the First National Survey of Discrimination
show that nine out of every ten individuals with certain characteristics (such
as disabilities, an indigenous background, homosexual orientation, advanced
age, or membership in religious minorities) think discrimination exists in their
country.* The Survey of Perceptions of Racism and Discrimination in Ecuador

3. The National Survey of Exclusion and Social Discrimination; see DEMUS (2005).
4. SEDESOL (2005).
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reveals that while 62 percent of Ecuadoreans agree that there is racial dis-
crimination in their country, only 10 percent admit to being openly racist;
Afro-descendants are the group perceived to suffer the greatest discrimination
in Ecuador.” These are three prominent examples of how countries have used
ad hoc surveys to explore local perceptions of discrimination. However,
most of these and related surveys, while specialized, suffer from potentially
confusing biases similar to those described above.®

The perceptions of discrimination in Latin America are also reflected in
the public discourse. Soruco, Piani, and Rossi document the intricacies of
discriminatory attitudes in the media regarding migrants (or their families) in
Cuenca and San Fernando, Ecuador.” They find considerable discriminatory
discourse in the content of newspaper articles referring to migration in Sep-
tember 2005 and February 2006 (the period of their study). They highlight
that the traditional discrimination against peasants and indigenous popula-
tion has taken a new form, as discriminatory attitudes have been extended to
migrants who, after returning home from abroad, bring back westernized atti-
tudes and behaviors.

This panorama of perceptions and public discourse about discrimination in
Latin America represents an important step toward understanding the magni-
tude of the problem, but it is not particularly useful for understanding the mech-
anisms through which discrimination occurs and the associated welfare costs.
Nonetheless, as figures 6 and 7 suggest, the perception of discrimination (or the
lack thereof) may be associated with economic outcomes such as the size of the
economy and income distribution. An economic analysis of discrimination that
moves beyond perceptions is greatly needed. A thorough understanding of the
mechanisms through which discrimination occurs and the economic implica-
tions of related processes is essential for effective policy design.

Beyond Opinion Polls

Analyzing discrimination from an economic perspective requires more than
information on individual perceptions. These data are informative only to the
extent that they influence individuals’ economic decisions, actions, and out-
comes. It is precisely in relation to outcomes that the economic literature sheds

5. Secretaria Técnica del Frente Social (2004).
6. Bertrand and Mullainathan (2001).
7. Soruco, Piani, and Rossi (2007).
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light on discrimination, so we start by outlining a few working definitions of
discrimination from the international economic literature for purposes of clar-
ity and providing perspective on the studies described in this and subsequent
sections.

Discrimination can take place under different circumstances or in different
markets, and it can be based on different discriminatory characteristics such
as race, ethnicity, gender, disability, and migratory condition, to name a few.
Altonji and Blank define discrimination in labor markets as “a situation in
which persons who provide labor market services and who are equally pro-
ductive in a physical or material sense are treated unequally in a way that is
related to an observable characteristic such as race, ethnicity, or gender. By
‘unequal’ we mean these persons receive different wages or face different
demands for their services at a given wage.”® This definition can be summa-
rized as unequal treatment for the same productivity, which outside of labor
markets would read unequal treatment for the same characteristics. As men-
tioned earlier, some characteristics are harder to observe than others. One
avenue to better understanding discrimination along these lines would be to
design studies aimed at uncovering the unobservables as much as possible.
Before delving into this further, it is useful to distinguish between preference-
based discrimination (people treating members of certain groups differently
simply because they do not like them) and statistical discrimination (people
using group membership as a proxy measure for unobserved characteristics).
The latter corresponds to the popularly held notions of stigmatization or stereo-
typing. For instance, employers who assume that Afro-descendants have the
ability to perform certain manual tasks but are not necessarily capable of ful-
filling more intellectual responsibilities may not offer many opportunities
for white-collar jobs to Afro-descendants. Consequently, an Afro-descendant
might not even get in the door for an equal assessment of observable human
capital characteristics. Stigmatization in this sense constitutes a form of dis-
crimination that complements the notion of unequal treatment for the same
characteristics.

The literature in the region tries to quantify discriminatory outcomes by
means other than opinion polls. The topics of interest range from income dif-
ferences to limited participation in labor markets (including limited access to
human capital, segregation, differences in returns to human capital character-
istics, limited access to jobs, and informality), limited access to health care ser-
vices, education, and physical infrastructure and housing, and lack of political

8. Altonji and Blank (1999).
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representation, social protection, and security (victimization). Gandelman,
Nopo, and Ripani, for example, document the literature on Latin America,
addressing differences in the topics mentioned above with respect to race,
ethnicity, migratory condition, disabilities, and gender.’

In this paper we focus on a particular family of studies, namely, wage gaps
decompositions. Numerous efforts have focused on documenting earnings dif-
ferentials between females and males, indigenous and nonindigenous people,
or Afro-descendants and whites. As the pieces of the literature that we survey
in this section show, comparisons of hourly labor earnings (wages or self-
employment income) suggest the existence of notorious gaps. However, non-
indigenous (or male) workers exhibit human capital characteristics that are, on
average, more desirable than those of indigenous (or female) workers. Exam-
ples of those characteristics include education, labor market experience, and
field of specialization. To attribute the whole earnings gap to the existence of
labor market discrimination would therefore be misleading. At least a compo-
nent of the gap can be attributed to differences in observable human capital
characteristics that the labor market rewards and, hence, is not attributable to
the existence of discrimination. Blinder and Oaxaca were the first to explore
this avenue of research, in which the profession has been able to identify, to
some extent, the magnitude of this component.'°

To summarize the basic idea behind this approach, we denote the two com-
parison groups as A and B. We can then estimate a Mincer equation for each

group:

vt =PBAx; +gf
and

vE = BExE + €f,

where y is the logarithm of hourly wages, x the vector of observable charac-
teristics, 3 the vector of their corresponding rewards, and € the residuals. The
wage gap, which is the difference between the average logarithms of hourly
wages of the comparison groups, can be computed as

Gap = y* — y% = ﬁAiA _ [AiB)_(B,

9. Gandelman, Nopo, and Ripani (2007).
10. Blinder (1973); Oaxaca (1973).
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which, in turn, after some algebraic manipulation can be expressed as
Gap = B (x4 —x5) + (B2 — p#)x".

We next denote the first component as A, and the second as A,, so we can
write the equation as a two-component sum:

Gap = A_+A,.

The first component, A, captures the part of the wage gap that can be attrib-
uted to the existence of differences in average observable characteristics
between the two comparsion groups. The second component, A,, is what
remains unexplained and can be attributed to the existence of elements that
play a role in the determination of wages in labor markets but that the econo-
metrician cannot observe (one of those elements being discrimination). The
literature includes various extensions of this basic setup, including correc-
tion for selection into active labor market participation, the use of quantile
regressions instead of ordinary least squares (OLS), additional explorations
of the distribution of the gaps, microsimulations, and matching comparisons.
Tables 1 and 2 summarize some of the literature for the region that applies the
Blinder-Oaxaca approach (and its extensions) to the analysis of racial and gen-
der wage gaps, respectively.

The unexplained gaps reported in the tables are those that remain after con-
trolling for different sets of observable characteristics (presented in the last
columns)." They are computed as percentages of the average hourly wages
of the groups with lower earnings (namely, females, Afro-descendants, and
indigenous). The results summarized in the tables suggest more similarities
than differences in the literature, especially for gender gaps. The discrepancies
in the literature on racial gaps mostly depend on the differences of the racial
groups that each paper compares and the methods employed. Work in this area
is lacking for many Latin American nations, however.'?

For this study, we use the most recent surveys available, together with the
Harmonized National Household Surveys assembled by the Inter-American
Development Bank’s Research Department, to perform comparable wage
gap decompositions by race for five countries and by gender for seventeen of
them. Table 3 presents information on the surveys used for each country.

11. That is, they correspond to A,, according to the notation introduced above.
12. Tables 1 and 2 do not represent exhaustive lists of the research on wage gaps in the
region, but they are as comprehensive as possible within the context of the present study.



suswom

o 0Z1153W “SA AUYM
8l ;UIW 0ZNSIW “SA IUYM
QUBWIOM
uonednd0 [ewLI0} puR ‘e3Je ‘Uof1edINpa 4 0Z1353W “SA AUYM (0002) YnaWINI
‘)U3LIIAX3 :5]013U0) S BuIsn §S7 Yum eIexeQ-1apullg [l qUBW 0ZI3S3W "SA 3UYM Jlopend pue OHNIGIW3 (9007) opaej[en
(6661) euefng
S euefny  :(0007) elewsaleny
8C elewsiens ‘(6661) eInjog
$11SL131201RYD J3)JeW JOgR| pU [enpIAIpUL Sl usw |izeig '(9661) |1zeig (¥002)
13y30 pue ‘3be ‘e3le ‘U01}eINPA 10} S|0J3UOD YIIM BIBXR(-IAPUI|g L€ 3YMUOU “SA SUYM BIAlj0g :skanns pjoyasnoy $I3Y10 pue 13ueLR4 3(
U0I11eINP3 S J3Y10W PUR ‘SINISLIB}IRIRY)
[euo1bai ‘qof a3eaud pue d1jqnd ‘103235 ‘Juawkojdwa SUMOIq (¥007) 137 pue
[BULI0} ‘3)U31AAX ‘UOIIRINP3 J0) S|0IIU0D YIIM BIBXR)-I9pUl|] vl pue $y2e[q "SA SAUYM |izeig (9661) Q¥Nd ‘odsal) ‘auedwe)
131em 3|qejod pue ‘Juawuo|dw [ewlojul pue [ewoy
‘uoneanpa dijqnd pue ajeaud ‘buijooyds ‘abe ‘uonednpa saduIn0id 13y10 (7007 |udy
s Jayow “1apuab 10y 5013u0d yum buiydiew 2103s Aysuadoid 6-5 Ul u40q *SA BUIIT Ul ulog I3 ‘ewr —£002 Aey) OHYN (5007) uouieg
9)ULIIAX3 Y10M pue uoI3eINPS Ul (z002)
S9OUIBYIP J0j bunsn(pe suoissaibai aj1uenb yym edexeg-sapulig €€ SYPP|q "SA SAUYM |1zeig (966L) QYNd  Pulifa] pue ‘epewe, ‘seuy
uonedndo pue
‘1e1JU0) J0E]| [BLLIO) B JO 2InJeubIs ‘(jeini 10 UBQIN) UOIRIO|
‘3)U3PISaI JO U0ID3J ‘SnJels |1uey “Y3jeay Jo uolen|ead
-J]9s ‘buijooys ‘auaL1adxa 10} S|041U0D YIIM P31IaLI0) 1T SYPR|q "SA SIUYM (#002)
uo3)9s 3|dwies ‘suoissaibal 3jiuenb yym exexep-1apuilg [l SUMOIQ “SA SOUYM |izeig (8661) QYN S2IQWIOH,P pUe puBdly
Sa1quLIpA j013U0> pup Abojopoylayy (1ua24ad) sdnoub uosupdwo) abpiano) 232IN0S D) Apnis
dvb abom
pauipjdxauf)
ey £q ‘suoppisodwiordag L 319V1



-abenbue f1ewd Aq paynuap! aie soznsay

"PIYIIUIPI-H3S 1B SOZNSIN °q

“soypIwoq ap pasouty Jod [puopop vsinbsad :qYNd (jueg PUOM) ApnIS JuswaInsealy spiepuels BUIAI :SIST /iny A bubqip valy
13 U2 03jdwaqns A 03jdwasaq ‘0ajdws3 ap p)sandu3 YNAWINI ‘Sa4060K ap [pUoDY DISaNIUF :QHYNT ‘s2i0B0Y S0f A Zaul b ap sa10ppIPU| 3P UODIPIYY 3P DISANIUT :OHNIGIWT “DPIA 3p SaUODIPUO) 3p DISAMIUT :\)T e

uoibai pue ‘Je13u0) Joge| Jo 3dAy
'101235 ‘U011RINP3 ‘92U31IAAX3 40} S|0J3U0D Y}IM BIRXR(-IIpUIlg

19)/ew Joge| pue ‘sasLa1RIRY A]iey pue [euosiad
‘3)UIIAX3 pue UOIIRINPS 10} S|013U0 YIIM BIRXRO-IdpUl|g
buijooyps 1oy uoissaibas ajuenb ‘uoiednpa
5 J3U1e} pUe S JAY10W 10} S|0J3U0D pUB Selq ANIqe Joj A YIM STST

19)4eW J0gR| PUB UOJINP3 J0J S|0J3U0D YIIM BIBXRQ-I3pUI|g
uoibas pue ‘penu0d Jo adA1 1013s ‘Ja1Y poyasnoy

X35 ‘92U3143AX3 “U01IRINPI 10} S|0IIUOD YIIM BIXR()-IpUIl]

3)UIPIS3I PUE UOIRINP3 10} S|0IIUOY Y}IM BILXRQ-I3pUl|g

yl-Ll

[—¢

LS

9L

69

U3W umolq

puepeq “sa aNym
(pabem)

*Bipul *sA S0zsa|
(pabem)

$0ZI1SAW “SA SANYM
(pabem)

snouabipul *sA SAUYM
(‘1duwia-jyas)

“Bipul *sA s0zsal
(‘1dusa-jfas)

$0ZI1SaW “SA SANYM
(pakojdwia-yas)

*BIpul *sA SAUYM
sumolq

pue $y2e[q "SA SIUYM
snouabipul

*sh snouabipuiuop
sumolq

pue Sy2e[q "SA SIUYM
snouabipul

“sh snouabipuiuoy

|izeig

(uozewy
‘PX3) Jopend

izeig
(uozewy
"]PX3) Jopendy

(8661) QYNd

3npow
|epel jeuolippe

ue pue (0007) SWS1

(9661) QYNd

(8661) A3

(2007) Q¥Nd

(6661) N3

(0007) saue0S

(£007)
s13y10 pue odoy

(5007) 3u91
(9002)
0163U3)UO|\ pue B3LIR]

(9007) saesewing
(9002) J22uim
pue pely-epien



SeIq U0I13[3s 10J U011I3LI0) YiiM eIeXe(-Iapullg [l Nidd (¥861) AINN3 (0661) 1pueyy
€l L661
8L 7661
19)4BW 40| PUe ‘SnJe)s [eJLIew ‘uoi}eINpa ‘abe 1o} 9 0661 (2007)
$]03U0D pue SeIq UOINII|DS JO UOIIIALI0D YIIM WOSURY pue BIEXR()-I3pullg (94 9861 Aenbnip (£661 PUe ‘v661 ‘0661 ‘9861) H)I 1550y pue $3|eZU0D
14 £€00C
[44 000¢
74 8661
60 9661
St 7661
({4 66l (€00 '000Z ‘8661 (S002) 0193U0
U013eINP3 104 5|0J3U03 Y3IM LIOSUEY pue eIeXE(-Iopul|g 65 0661 314D ‘9661 ‘7661 ‘7661 0661) NISYI pue "eweq ‘sauang
0¢ L661
0¢ 86l
97 6861 fenbrup (L661 ‘7661 ‘6861) HI
0¢ Jopen] (L661) 0343
$11SLI312RIRY) 1Y eW 10| 13Y0 pue ‘uoiedndo 07 1661
‘UIP|IY? JO JAGUINU ‘2DUILIIAXS ‘UOI1EINPS 40 5|00 PuR (U0IIRHIH3S u €661 (5002)
[euorzedn2>0) ABojopoyiauw Jaq|is pue 16pPNI YaIM eIexeq-Iapulig vC 686 BJIY BISO) (£661 "€661 '6861) WdH3 $19430 pue psinaq
(49 euefny
8/ Elewsajeny (6661) euefno :(000z)
S1)S1BIRIRYI J3)IewW Joge| pue 19 e|ewsaleny (6661 ) eIAl0g (¥007)
|_NPIAIPUI J3Y30 Pue ‘3D ‘B3l “U01IRINPI 10§ S|0I3U0D Y)IM BIBXR(-I3pUl|g 9¢ !(9661) |1zeag :SA3MINS PIOYISNOH  SIBY10 pUB 1UeLIR4 3(
(0002)
SeIQ UO[13[3S 10J UOIII31I0) Y}IM BIBXR(-I3pUl|g 07-0L (96-9961) Q03  S9IUIN puE SRIIIUO)
(6661)
$I1151431ILIRY) [BNPIAIPUI J3YI0 pue [l €661 eibbai0-zanblpoy
‘u01yedn120 ‘35u3L1adxa ‘uo1eINP3 ‘abe J0j S|013U0D YIIM BIBXR()-IpUIlg 8l /861 01X (€661 “2861) NINI pue ‘uebed ‘umoig
(8661 ‘9661 (0002)
SeIQ U01D3|s 10J U01I3110) Y1IM eIeXR(-1opUl|g L6 9ly) ‘v661 ‘7661 0661 ‘£861) NISYD Jaupsaiq pue Jejnby
$aqu1ipA jo43u0> pup Abojopoyrayy (1ua2iad) abviano) »92IN0S DIDQ Apnis
dpb abom pauipjdxaup
1apuan Aq ‘suopsodwodrag "z 3719V1



“SoypIwoq ap asowry Jod puopoy vsinbsaq
‘YN 0ajdwiasaq A 03jdw 21qos baIpoLiad bisanug :q3d3 ‘a1 Ip popisiaiu bj ap ugpdn0saq A ugpdnd ap bisandu3 :003 Dpi ap SajaIN ap UOPIPa 21qos SapBoy ap puoB) sandu7 :AINNI 0uvqi oajdus ap
[puopDN DIsaMUF NN ‘s24pboy ap puoppy pIsandu :QHYNI sajdinyy soxsodoid ap saipboy ap bisandu3 :\dH3 ‘sa4pboy ap pnuIUO) DISINIUF HDT ‘JDUOPDY 0IILLOU0IIONOS UYPDZLIIPIDIV) 3P DISIMUT INISY) "B

EMIEIIELNE]
pUE UOI}EINP3 J0J S|0JIU0D PUB UOIIALI0D AHAIII|BS YIIM BIBXRQ-13pUllg
eale
ueyljodoJiaw pue ‘uoibal ueqin ‘uorye|al Joge| [ewlio} ‘peay pjoyasnoy
‘321 ‘abe “u011eINPI 104 S|01IU0D YIIM ‘WOSURY PUB BIBXRQ-IPUI|G

SeI] UOIII|3S 104 UOIIIALI0) INOYHM PUE Y}M BIBXRO-13PUI|G

$I1ISLI21IRIRY) 13Y/BW 0] J3Y10 pue ‘Uoirednd0 ‘sniels eiew
‘3be ‘u01eINPA 10§ 5]013U0D YM (UonIsodwiodap duraweseduou) buiypiely

uonipuod A10yeibiw pue ‘snyels |eyuew

‘burjooyps ‘abe Joj sj013u0d yym (uopisodwodap suiaweleduou) buiypieyy
Ayiewioy pue ‘uap3dxa yiom

‘burjooyps ‘abe Joj s013u0d yym (uoisodwodap Huraweleduou) buiypieyy

EMIEIIELNE]
pue UOI1BINP3 10} S|013U0D puUe SuoIssaibal 3jiauenb ym erexeq-1apulg

[44
6l
0L
8
[43
6

8

0¢

05-0%

05-0f

05-0

05-0%

07-§1

07-SL

075l
uonnquisip
abem ayy jo
do3 ay31e 08-0
‘uonnquisip
abem ayy jo

wonoq ay3 e 0Z-0L

6C

€
6l
[44
Lc
144
1Z4

fenbnin
SeINpuoy
1Y 150)
elquiojo)
1zelg
eunuabiy

66-7661
06-7861 l1zeig
6361 edxewer
[861 Jopend]
6861 eIn|og
$861 eunuabay
0661 N13d
861 0K
661 eIqUI0|0)

L)

niad ‘ewr]

ni3q ‘ewn
8661
9661
7661
661
0661 1Y)

(8661)
£13uno0> yoea Jo skanins pjoyasnoy

(66-7661 Pue 06-7861) QYNd

£13unod ypea Jo s3nIns pjoyasnoy

(€007-2661) NISYD
(0002-9661)

OHYN3 (56-686L ‘L861 9861)
03|dw3 ap epezijenads3 e3sandu]

(6661) OHVN3

(8661
‘9661 ‘7661 ‘7661 0661) NISYI

(5007) Jeusag
pue ‘o13qny ‘ofus)

(5002)
©(es pue sojues

(2661) soreuuez)
pue sojnodoseyesq

(£007) odoy

(8007) odoy

(1007) 0Jb3udyuopy



94 ECONOMIA, Spring 2008

TABLE 3. Countries Used and Their Surveys

No.
Country Survey Year  observations
Argentina Encuesta Permanente de Hogares Continua (EPHC) 2005 29,336
Bolivia Encuesta de Hogares—Programa MECOVI 2002 6,884
Brazil Pesquisa Nacional por Amostra de Domicilios (PNAD) 2003 140,042
Chile Encuesta de Caracterizacién Socioecondmica Nacional (CASEN) 2003 79,261
Colombia Encuesta Continua de Hogares (ECH) 2003 40,468
Costa Rica Encuesta de Hogares de Propdsitos Mdltiples 2004 13,891
Dominican Rep. Encuesta Nacional de Fuerza de Trabajo (ENFT) 2003 9,864
Guatemala Encuesta Nacional sobre Condiciones de Vida 2002 3,900
Honduras Encuesta Permanente de Hogares de Propésitos Multiples 2003 9,591
Mexico Encuesta Nacional de Ingresos y Gastos de los Hogares (ENIGH) 2002 23,694
Nicaragua Encuesta Nacional de Hogares sobre Medicién de Nivel de Vida 2001 5,808
Panama Encuesta de Hogares 2003 17,636
Peru Encuesta Nacional de Hogares (ENAHO)—Condiciones de Vida y Pobreza 2003 23,536
Paraguay Encuesta Permanente de Hogares (EIH) 2003 10,571
El Salvador Encuesta de Hogares de Propésitos Multiples del Programa MECOVI 2002 18,547
Uruguay Encuesta Continua de Hogares (ECH) 2005 20,557
Venezuela Encuesta de Hogares por Muestreo 2004 47,888

The wage gap decompositions presented here follow the approach devel-
oped by Nopo using matching comparison techniques instead of Mincer equa-
tions." The introduction of matching to the analysis of wage gaps raises a
point that is commonplace in the impact evaluation literature (which devel-
oped matching), but has been absent from the gap decomposition discussion.
Namely, a proper account of the differences in characteristics must take into
consideration that the supports of the comparison groups’ observable charac-
teristics do not overlap completely. Matching naturally moves the analysis
toward such a comparison of supports, as well as toward the distribution (and
not just the average) of the comparison groups’ observable characteristics.
As a result, the matching estimators deliver more accurate measures of the
decompositions of wage gaps than Mincer equations. Empirical comparisons
of decompositions made with matching techniques and with traditional OLS
reveal that the latter tends to overestimate the unexplained component of the
gap by 2 to 8 percent points. Additionally, decompositions based on matching
deliver estimators for two components of the wage gaps that are attributable
to the existence of uncommon supports and provide interesting insights for the
analysis of the gaps. One of those components, denoted A,, in the appendix,
accounts for the fact that males attain combinations of observable characteris-

13. Nopo (2004). See the appendix for a brief discussion of the decomposition method.
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TABLE 4. Racial Wage Gaps after Controlling for Observable Characteristics®
Percent

Relative racial gaps and controlled differences

Controls

Hourly wage gap Gender, age, Gender, age, education,

of whites relative Gender, age, education, and marital status, and
Country to natives and education marital status residence in the capital city
Bolivia 38.2 225 243 243
Brazil 88.1 311 na. na.
Chile 51.8 16.1 15.3 1n3
Guatemala 98.9 36.2 40.0 16.5
Paraguay 84.3 42.7 38.6 389

n.a. Notavailable.
a. Wage is equal to the hourly monetary labor income from the main occupation. The sample only includes people with incomes higher
than zero.

tics that females do not. For the case of gender wage gap decompositions, this
corresponds to individuals in their mid-40s, with a college degree or more,
married, with kids, and working in managerial occupations. That is, this cor-
responds to the typical profile of corporate middle and upper managers, a
clearly male-dominated segment of the labor markets. The second component,
denoted A, in the appendix, accounts for the reverse situation, in which females
in labor markets attain certain combinations of characteristics that males do
not. This corresponds to cases of working individuals in their early 30s, with
a high school diploma or less, single, with kids, and born outside the capital
city. That is, this corresponds to the typical profile of domestic servants, a
clearly female-dominated segment of the labor markets.

We were able to compute racial wage gaps only in the five countries where
we found a variable for racial self-identification. This corresponds to quechuas,
aymaras, guaranies, chiquitafios, and mojefios in Bolivia; pretos and pardos
in Brazil; people who state that they belong to an indigenous group in Chile;
people from around fifteen different indigenous groups in Guatemala; and
guaranies in Paraguay. We are aware of the limitations of the self-identification
approach to determining racial groups in the region, but it allows us to compare
the most number of countries under the same basis.'*

Table 4 shows racial wage gaps in hourly wages with and without controls
for different sets of observable characteristics. That is, according to the nota-

14. Telles and Lim (1998) and Nopo, Saavedra, and Torero (2007) discuss the limitations
of the self-identification approach.
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TABLE 5. Components of the Racial Wage Gap Stemming from Uncommon Supports
Percent

Controls

Gender, age, education,

Gender, age, Gender, age, education, marital status, and

and education and marital status residence in the capital city
Country Whites Natives Whites Natives Whites Natives
Bolivia 0.4 0.2 -2.2 24 2.6 -2.0
Brazil 0.0 0.0 n.a. n.a. na. n.a.
Chile 55 0.0 9.7 0.1 22.5 0.2
Guatemala 519 1.0 50.1 5.0 68.8 25
Paraguay 28.1 0.8 284 2.6 337 23

n.a. Notavailable.

tion introduced above, we report the values of the gap and A, for different sets
of control characteristics. The gaps have been computed using information
only from individuals who reported positive labor earnings in their main occu-
pation in the surveys. The gaps are reported as percentages of the average
hourly wages in the main occupation of the group with lower wages.

The highest racial wage gaps, between 90 and 100 percent, are found in
Brazil and Guatemala. However, after we control for gender, age, education,
marital status, and residence in the capital city (in three different sets of vari-
ables), the remaining gaps are less than half the original values. Two of the
decompositions could not be performed for Brazil because their survey did not
include information on marital status. In the other countries, we obtain similar
results when we control for gender, age, and education and when we control for
these three characteristics plus marital status and residence in the capital city.

Table 5 shows the components of the wage gaps that are attributable to the
lack of common support on the distribution of observable characteristics of
whites and natives, for the three sets of control characteristics. The results show
that the existence of unmatched whites (or whites out of the common support)
contributes notably to the total racial wage gaps, especially in Guatemala and,
to a lesser degree, Paraguay and Chile. This is the result of two factors: a siz-
able share of the working population of whites and natives differs in their
observable characteristics, and whites with characteristics out of the common
support earn hourly wages in the top percentiles of the wage distribution.

We computed gender wage gap decompositions for seventeen countries.
Following a similar approach to that used in the racial decompositions, we also
computed unexplained wage gaps for three sets of controlling characteristics:
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TABLE 6. GenderWage Gaps after Controlling for Observable Characteristics
Percent

Relative gender gaps and controlled differences

Controls
Age, education,
Hourly wage gap of marital status, and
males relative Age, education, residence in the
Country to females Age and education and marital status capital city
Argentina 2.0 153 15.2 14.8
Bolivia 6.7 4.4 53 73
Brazil 19.6 46.3 na. n.a.
Chile 12.9 32.7 283 27.5
Colombia 8.0 14.6 10.9 1.3
Costa Rica —6.2 13.1 1.2 10.0
Dominican Republic 12.0 29.5 29.0 n.a.
Guatemala 273 174 16.2 225
Honduras —6.2 34 19 2.1
Mexico 9.9 12.8 1.3 13.4
Nicaragua 3.8 21.0 17.9 16.4
Panama -2.8 25.1 224 234
Peru 311 27.6 289 319
Paraguay 17.9 235 18.5 20.4
El Salvador 18.1 19.8 18.0 16.7
Uruguay 13.2 37.2 343 34.0
Venezuela -15 13.2 12.0 1.9

n.a. Notavailable.
a. Wage is equal to the hourly monetary labor income from the main occupation. The sample only includes people with incomes higher
than zero.

originally controlling for age and education only; adding marital status to the
previous two; and adding residence in the capital city to the previous three.
We report the unexplained components of the gender wage gaps in table 6
and the components attributable to the lack of common support in table 7.
The wage gap is negative in Costa Rica, Honduras, Panama, and Venezuela.
That is, females earn more per hour than males, on average, in these four coun-
tries. However, when we control for the sets of characteristics mentioned
above—in other words, when we compare males and females with the same
characteristics—males earn more than their female counterparts. Other coun-
tries in the region similarly present higher controlled gaps than original gaps,
which reflects the fact that females have surpassed males in schooling attain-
ment in the region.”” Regarding the components of the wage gap stemming

15. See Duryea and others (2007).
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TABLE 7. Components of the Gender Wage Gap Stemming from Uncommon Supports
Percent

Controls
Age, education, marital
Age, education, and status and residence
Age and education marital status in the capital city

Country Males Females Males Females Males Females
Argentina 0.0 0.0 0.1 —0.5 0.7 -0.9
Bolivia 13 0.2 18 03 4.7 -13
Brazil 0.0 0.0 n.a. na. n.a. na.
Chile 0.0 0.0 0.1 —-0.5 0.2 —0.7
Colombia 0.2 0.0 0.4 —0.4 1.0 -1.0
Costa Rica —0.1 0.1 —-03 =21 0.9 -24
Dominican Republic —-0.2 —0.1 0.5 -22 n.a. na.
Guatemala 9.9 -2.6 134 -2.9 17.7 —8.4
Honduras 2.7 -0.3 32 —6.2 6.6 —8.2
Mexico 0.4 0.0 1.1 =27 2.1 =21
Nicaragua 3.0 —0.6 4.0 0.3 9.5 =30
Panama 0.2 0.0 —0.4 -1.8 1.1 -3.0
Peru 0.2 0.1 0.1 0.8 1.2 —-0.1
Paraguay 0.8 —0.4 2.0 -2.2 5.1 -3.2
El Salvador 0.4 0.0 1.2 =15 21 -19
Uruguay —03 0.1 —0.7 —0.1 -15 —0.6
Venezuela 0.0 0.0 0.0 0.5 0.2 -0.9

n.a. Notavailable.

from uncommon supports, the estimators suggest a sizable “upper manage-
ment effect” only in Guatemala and, to a lesser degree, in Bolivia, Honduras,
Nicaragua, and Paraguay.

The failure to explain the existent wage gaps on the basis of observable dif-
ferences in human capital characteristics may lead to claims of discrimination
in Latin American labor markets. This avenue for quantifying unexplained
wage gaps, however, is subject to criticism. The most common involves the
failure to truly identify discriminatory behaviors based on the presence of
unobservable characteristics. That is, these studies typically can only analyze
human capital characteristics that are easily observable (such as schooling,
labor market experience, field of specialization, and sector choice), while
other, less easily observed characteristics also help explain earnings gaps.
Good examples of these unobservable characteristics include entrepreneurial
attitudes, motivation, work ethic, commitment, and assertiveness. Researchers
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cannot capture such characteristics in a survey, but an employer or, more
generally, the relevant actors in the labor market can observe them and act
accordingly. If indigenous and nonindigenous workers (or females and males)
demonstrate regular differences in some of these “unobservable characteris-
tics,” then the components of the earnings gap attributable to discrimination
would be overestimated. The literature has moved toward incorporating dif-
ferent attempts to observe the unobservable, that is, to capture, with research
methods, the richest possible information that the relevant actors in the mar-
kets face in making their decisions.

Observing the Unobservable

Very recent research, sponsored by the Inter-American Development Bank
through its Latin American and Caribbean Research Network, finds mixed evi-
dence for the unequal treatment definition of discrimination.'® Further attempts
to disentangle preference-based and statistical discrimination suggest that
Latin Americans do not practice the former type of discrimination. Gutiérrez
and Nufez assess social class discrimination based on the administrative
records of alumni of a Chilean university, which provided school perfor-
mance variables in addition to the traditional human capital variables that
most studies use.'” This allowed them to uncover some of the traditional
unobservable elements of individual productivity. To assess class differences,
they asked a pool of individuals to rate the extent to which they associated a
surname with the upper or lower classes. Their results point to the existence
of some sort of “classism” in Chile. Individuals with surnames perceived as
belonging to the upper class earned significantly more than individuals with
surnames perceived as being from the lower class, even after the authors con-
trolled for human capital characteristics such as school-performance indicators.
Bravo, Sanhueza, and Urzua similarly interviewed college alumni to study
gender differences in labor market earnings among graduates of the busi-
ness, law, and medicine schools of a single university; they find evidence

16. See Inter-American Development Bank’s website “Network Study: Discrimination and
Economic Outcomes” (www.iadb.org/res/network_study.cfm?st_id=86). See also Marquez and
others (2007) for a comprehensive summary of the research network’s results.

17. Gutiérrez and Nufiez (2004).
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of unjustified gender differences in earnings only in the legal profession.'®
The gender differences found in business and economics vanished after they
controlled for family conditions. The gender differences among alumni of the
medical school vanished when they controlled for hours worked, firm size, and
geographic region.

In a separate study, Bravo, Sanhueza, and Urzua replicated the standard
hiring audit study in Santiago, Chile." They mailed resumes of fictitious
applicants to job postings that appeared in the largest Santiago newspapers.
The “synthetic” resumes were created such that for each job posting they sent
responses from female and male applicants, with upper- and lower-class sur-
names, and from wealthy and poor municipalities (neighborhoods). With
these variations by gender, surname, and municipality, they randomly created
human capital characteristics and labor market histories for their fictitious
applicants. From March to August 2006, they sent out 6,300 resumes and
recorded the callbacks received by their fictitious applicants. They found no
systematic differences in callback rates by gender or surname or municipal-
ity. This surprising result contrasts with the findings of Bertrand and Mul-
lainathan, who originally applied this methodological approach in Chicago
and Boston and found substantial differences in callback rates for fictitious
applicants with black-sounding and white-sounding names.* The result sug-
gests that Chilean employers—or at least those who advertise their job vacan-
cies in the newspapers—do not actively discriminate in the first rounds of
their hiring process.

Moreno and others designed a field experiment to detect discrimination in
hiring in Lima, Peru.?' Instead of creating a sample of synthetic resumes to be
sent in response to job postings, they monitored the functioning of the Min-
istry of Labor’s job intermediation service. The enriched design improved on
the traditional audit studies in that it measured actual job offers and not only
callbacks. The authors detected no significant differences in job hiring by
race or gender. Males and females, as well as white-looking and indigenous-
looking applicants, were equally likely to receive job offers in the three occu-
pations covered in the study: salesperson, secretary, and administrative or
accounting assistant. The study design included interviewing the applicants

18. Bravo, Sanhueza, and Urzia (2007b).

19. Bravo, Sanhueza, and Urzda (2007a); see also Riach and Rich (2002).
20. Bertrand and Mullainathan (2004).

21. Moreno and others (2004).
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before their job interview. In these interviews, the authors were able to capture
a rich set of human capital characteristics that were used to control the study
results. One of the aspects explored in the interview was expectations and moti-
vations. When they asked individuals how much they wanted to earn at the job
in question, they found no race differences but significant gender differences.
Females asked for wages between 6 and 9 percent lower than their male com-
petitors, even after the authors controlled for a rich set of observable charac-
teristics. This reveals some sort of self-discrimination or self-punishment in
labor markets.??

Another experimental approach to understanding discrimination was devel-
oped by Cérdenas and others, who applied a battery of games (such as dic-
tator, distributive dictator, ultimatum, trust, and third-party punishment) to
a sample of people involved in the provision of social services in Bogota,
Colombia, including both beneficiaries and public officials.?® To properly
measure the behavior of public officials, they also gathered information on
nonpublic officials to generate counterfactuals. They used this setup to mea-
sure the extent to which individuals who provide social services to the poor
discriminate against the beneficiaries of those services. Across the board, they
found an interesting prosocial behavior on the part of the average player. Pub-
lic officials stated having more prosocial norms than their nonpublic official
counterparts, but when facing real economic incentives in the field, public
officials showed lower levels of fairness—in the form of altruism, trust, and
social punishment—than nonpublic officials. Both public officials and their
control group favored women and households with lower education and more
dependents (especially if the dependents were children), whereas former com-
batants in Colombia’s political conflict, street recyclers, street vendors, and
people living in common-law unions received less favorable treatment.

Castillo, Petrie, and Torero, in another experimental setup, uncover some
stereotyping among a representative sample of young Lima residents, but
the attitudes vanished after information about performance was publicly
revealed.”* Using a repeated linear public goods game, they measured the
extent to which people trust each other and engage in reciprocal behavior. In
the game, each subject was given an endowment of twenty-five tokens and
asked to divide it between a private and a public investment, which had

22. For similar evidence in the United States, see Babcock and Laschever (2003).
23. Cardenas and others (2007).
24. Castillo, Petrie, and Torero (2007).
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different returns depending not only on the individual’s decision, but also on
the decisions of their peers. They found that people used personal charac-
teristics to choose partners, showing evidence of stereotyping in favor of
women, tall people, and white-looking people. However, when the individu-
als were given information about the past performance of other players, that
information overrode the previously held stereotypical beliefs. In the pres-
ence of an information shortage, performance-optimizing individuals relied
on observable characteristics as a proxy measure of performance, thereby
stereotyping their peers. They stopped doing so whenever the stereotyping
proved to be suboptimal for their performance-maximizing objectives.

Elias, Elias, and Ronconi performed a similar study, within a simplified
setup, of group formation and popularity among adolescents in Argentina.*
They asked students in a sample of classrooms in Buenos Aires and Tucumén
to rank their classmates according to their preferences for forming a team. The
students were also asked to assess the beauty of their classmates. This sub-
jective information about students was complemented with administrative
records on grades, disciplinary actions, participation in scholarship programs,
and tenure at the school. The authors interpret the aggregate ranking of the stu-
dents as a measure of popularity. The only factor that was important in deter-
mining popularity was academic performance, whereas ethnicity, skin color,
and parental wealth and nationality played no role as explanatory factors.
Beauty was only important in mixed schools. The authors also find prefer-
ences for assortative mating, in that the students’ academic performance was
strongly correlated with their corresponding top choice in the rankings. They
find similar results for beauty, parents’ education, and gender.

Finally, Gandelman, Gandelman, and Rothschild test the hypothesis of dif-
ferential treatment in the courts on the basis of gender, using housing-related
cases in Uruguay.”® They analyze data for 2,437 cases involving foreclosure
proceedings, annulment of purchase agreements, actions in rem (that is, pro-
ceedings against property), annulments of promissory purchase agreements,
and evictions, to assess the effect of the gender composition of the defendant
household on the duration of the process. They find a strong correlation between
the presence of women and the granting of time extensions in the processes,
after controlling for a set of covariates. Judges were more lenient with women
across the board.

25. Elias, Elias, and Ronconi (2007).
26. Gandelman, Gandelman, and Rothschild (2007).
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Conclusions

Discrimination is well-rooted in the Latin American collective mind. Most
individuals in the region firmly believe that there is some sort of discrimination
in the marketplace. When asked about the basis for this discrimination, how-
ever, most people in the region do not believe that it operates against the groups
traditionally discriminated against (indigenous groups, Afro-descendants, and
women, to cite the most prominent historical examples). Rather, they state that
the poor suffer the worst discrimination, followed by the uneducated and those
with weak social connections. These perceptions of the identity of the dis-
criminated groups pose interesting and challenging questions for the research
agenda, pointing toward the existence of discrimination on the basis of eco-
nomic characteristics, rather than biological or sociological characteristics.

An economic analysis of discrimination requires not only information on
perceptions, but also an exploration of economic decisions and their outcomes.
The economic literature in the region has advanced toward an understanding of
discrimination by analyzing outcomes. We have presented examples centered
on the labor market (including, wages, occupations, and formality), access to
public goods and services (such as education, health, and security), and politi-
cal representation, among other areas, which provide well-documented out-
comes by gender, race, and ethnicity. In this survey, we have provided
comparative measures of gender and racial wage gaps, after controlling for
observable characteristics, following the matching comparisons approach
developed by Nopo.2” We have stressed the unfavorable situation of females
and minority groups with respect to males and whites regarding wages. Addi-
tionally, the racial wage gap decompositions carried out with the matching
comparisons approach uncover important differences not only in wages for
comparable characteristics, but also in the access to those comparable charac-
teristics (as revealed by the sizable components of the wage gap explained by
the lack of common support). However, the documentation of differentiated
outcomes is not necessarily proof of discrimination, as the presence of unob-
servable factors limits the possibility of assessing gender, racial, or ethnic dis-
crimination. It is very difficult to properly identify discrimination, given the
existence of innumerable unobservable elements; it is even more problematic
to quantify its economic impact.

27. Nopo (2008).
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This paper also reviews very recent experimental research performed in the
region, using tools to observe the unobservable. Many of the results obtained
from controlled experimental setups seem to contradict the idea that Latin
Americans act discriminatorily. The evidence points to the existence of stereo-
typing that vanishes when information is revealed. To some extent, there is
also evidence that self-discrimination partially explains discriminatory out-
comes. Both stereotyping and self-discrimination are behaviors that may
simply result from equilibrium situations in which market agents present
substantial differences in endowments. Under these circumstances, labor mar-
kets (or the other markets analyzed in this paper) simply amplify differences
that exist in other spheres. These avenues merit further research to explore the
mechanisms underlying these behaviors.

How can these generalized perceptions of discrimination coexist with the
lack of evidence of discriminatory behavior? We close the paper by proposing
two explanations to the apparent puzzle. First, many other transaction points
or markets, not yet analyzed by the experimental literature, may present evi-
dence of discriminatory behavior. The experimental literature has made great
strides in obtaining a deeper understanding of the functioning of discrimina-
tory behavior and increasing the ability to observe the unobservable, but the
gains in specificity come at the cost of limiting the possibility of generalizing
the results (that is, reduced external validity). The sample of studies outlined
here does not exhaust either the set of relevant transaction points or the inter-
group interactions. More research is needed, not only to analyze processes of
discrimination in other markets or transaction points, but also to improve the
external validity of the situations already analyzed.

Second, in their daily activities most Latin Americans observe substantial
differences in human, physical, financial, and social assets that are associated
with gender, racial, ethnic, and class distinctions. These differentiated out-
comes do not necessarily emerge as a result of the discriminatory practices of
Latin Americans today. Unfortunately, the confusion between differentiated
outcomes and discrimination is commonplace in the academic and political
discussion. This, in turn, has automatically translated to public discourse and
collective memories, and the extremely unequal distribution of wealth and
assets reinforces the generalized notion that there is discrimination in Latin
America. An important step toward understanding the issues and designing
good policies is to recognize the differences between these facts, as they require
different responses from governments, states, and societies. It is important to
clarify the discussion in order to move forward.
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Appendix: A Simplified Version of the Decomposition
of Wage Gaps Based on Matching

We start by defining the gap as the difference of expected values of earnings
between males and females:*®

Gap = E(vIM) - E(YIF),

More specifically, we use a subindex on the expectation symbol to clarify the
distribution of characteristics under which the expected values are computed.
Thus,

Gap = E, (vIm) - E, (v|F).

One of the constituent points of this decomposition is the explicit recog-
nition that the supports for the distributions of characteristics for ' and M do
not overlap completely. Matching allows us to recognize the common sup-
port directly. Those observations that fall within the common support can be
matched, and those that fall outside the common support cannot. To take this
into account, we separate the expected values into two elements (using some
properties of expected values and probabilities):

E, (Y|M) = WU, (matched) * E, (Y|M,matched)
+ W, (unmatched) * E, (Y|M,unmatched).

and

E, (Y|F) =U, (matched) * E, (Y|F,matched)
+ U, (unmatched) *E, (Y |F ,unmatched),

where - and p,, denote the probability distributions of characteristics under
F and M, respectively. Using the fact that p (unmatched) = 1 — p (matched)

28. Detailed discussions of the implicit assumptions made within this appendix are pre-
sented in Nopo (2008). For expositional clarity, we present the setup for gender wage gap
decompositions only. Applying the approach to racial gap decompositions simply requires
relabeling the compared groups.
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under both probability distributions (¥ and M), the Gap can be rewritten, after
some rearrangements, as

Gap = u,, (unmatched) * [EM (Y|M,unmatched) -E, (Y|M,matched)]
+E, (Y|M,matched) -E, (Y|F,matched)
+U, (unmatched) * [EF (Y|F,matched) - E, (Y|F,unmatched)].

Using the Blinder-Oaxaca approach of adding and subtracting a counter-
factual element, we add and subtract E,.(Y [M, matched):

Gap = u,, (unmatched) * [EM (Y|M,unmatched) -E, (Y|M,matched)]
+E, (Y|M,matched) -E, (Y|M,matched) +E, (Y|M,matched)
-E, (Y| F,matched) + W, (unmatched) * |:EF (Y| F,matched)

-E, (Y|F, unmatched)],
or simply Gap = A,, + A, + A, + A, where

A, =10, (unmatched) * [EM (Y|M,unmatched) -E, (Y|M,matched)];
A =E, (Y|M,matched) -E, (Y|M,matched);

X

A, = E, (Y|M,matched) -E, (Y|F,matched);
A, =1, (unmatched) * [EF (Y|F,matched) -E, (Y|F,unmatched)].

With this notation, A,, and A, are the components of the wage gap that
account for differences in the support of the distributions of observable char-
acteristics. A,, measures the contribution to the wage gap of the fact that
there are some combinations of observable characteristics that males reach
and females do not (for instance, middle-aged individuals who are corporate
managers and have many years of occupational experience). A,, is then the
expected increase in the average female wage if females achieve those indi-
vidual male characteristics that remain unattained by females. Analogously,
A, measures the contribution to the wage gap of the existence of certain human
capital profiles that are exclusively female (for instance, recent migrants
who are single, with children, with low schooling attainment and who work
as domestic servants). Thus A, measures the expected increase in average
female wages if all females achieve characteristics that are comparable to
those of males.
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As in the traditional Blinder-Oaxaca decomposition, A, measures the extent
to which the wage gap can be explained by differences in observable charac-
teristics between the comparison groups. In our setup, however, this refers
not only to the difference in average characteristics, but also to differences in
their distributions. Thus A, accounts for the expected decrease in male wages
when their individual characteristics follow the distribution of their female
counterparts.

Finally, A, is left as the component of the wage gap that cannot be explained
on the basis of differences in observable characteristics of the comparison
groups. This can be explained as either discrimination in pay or the existence
of gender differences in unobservable characteristics that are related to pro-
ductivity (or a combination of both). The results reported in tables 4 and 5 in
the paper refer to this component.



