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ABSTRACT
What were the effects of a 52 per cent increase in the minimum
wage in the agricultural sector in South Africa in 2013? We
estimate the short run effects of this policy change on the
income, employment, and poverty rate of farmworkers, using
individual-level panel data from the Quarterly Labour Force
Surveys (QLFS). Before the implementation date, 90 per cent of
farmworkers were paid below the new minimum wage level. We
find that the wage gain of farmworkers is strongly quadratically
related to pre-implementation wages, suggesting lower
compliance as the gap between the minimum and the pre-
implementation wage increases. We estimate that farmworkers
received a median wage increase of 9 per cent as a result of the
policy, and we find no evidence of job losses. Overall,
farmworkers were 7 per cent less likely to have household income
per person below the poverty line. One possible explanation for
these outcomes is that endogenous compliance may mitigate
against unemployment effects. While the minimum wage
literature is large, our paper adds to the small subset of this
literature on large increases, partial compliance, and poverty effects.
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1. Introduction

Studies of minimum wage effects in developing countries tend to find a modest impact
on employment and poverty for at least two reasons. First, there is a significant amount
of non-compliance in developing countries. Second, only a minority of workers are
usually affected by minimum wage laws (see recent reviews by Gindling 2018; and
Neumark and Corella 2021). We consider a large minimum wage increase in South
Africa as a test case, where we show that there is a large shift in the sectoral distribution
of wages, which thus addresses both of these concerns. Using individual-level wage

© 2024 The Author(s). Published by Informa UK Limited, trading as Taylor & Francis Group
This is an Open Access article distributed under the terms of the Creative Commons Attribution-NonCommercial-NoDerivatives License
(http://creativecommons.org/licenses/by-nc-nd/4.0/), which permits non-commercial re-use, distribution, and reproduction in any
medium, provided the original work is properly cited, and is not altered, transformed, or built upon in any way. The terms on which
this article has been published allow the posting of the Accepted Manuscript in a repository by the author(s) or with their consent.

CONTACT Vimal Ranchhod vimal.ranchhod@uct.ac.za Southern Africa Labour and Development Research Unit,
School of Economics, University of Cape Town, Rondebosch, Cape Town, 7701, South Africa

Supplemental data for this article can be accessed online at https://doi.org/10.1080/09538259.2024.2318957.

REVIEW OF POLITICAL ECONOMY
2024, VOL. 36, NO. 2, 398–419
https://doi.org/10.1080/09538259.2024.2318957

http://crossmark.crossref.org/dialog/?doi=10.1080/09538259.2024.2318957&domain=pdf&date_stamp=2024-03-21
http://creativecommons.org/licenses/by-nc-nd/4.0/
mailto:vimal.ranchhod@uct.ac.za
https://doi.org/10.1080/09538259.2024.2318957
http://www.tandfonline.com


variation, we study the effects of an increase in the minimum wage on wages, employ-
ment, and most importantly, on poverty, for which there are few existing estimates.
Additionally, we explicitly assess the extent to which such effects vary with minimum
wage compliance.

While there is a large literature on the impact of minimum wage laws in developed
nations, the literature on the effect of minimum wage laws on employment in developing
countries is rather small. Developing countries differ from developed countries in terms
of their average income levels, the presence of larger (and thus uncovered) informal
sectors, generally higher unemployment rates, and weaker institutions to enforce compli-
ance with the law.

While the focus of this literature has been on employment and dis-employment
effects, only a small number of studies have focused on the bigger question– the
effects of minimum wages on poverty. There are several possible explanations for this.
First, most minimum wage studies are focused on developed countries, where poverty
rates are relatively low. Second, the data required to investigate the poverty effects of
minimum wages are more onerous than those used to investigate the effects on employ-
ment. Poverty measures would require the ability to look at household-level dynamics, in
terms of both composition and income, and then translate these into poverty measures.
Third, for the law to have a meaningful impact on poverty rates, the industry (or group)
that is covered by the law needs to be large enough to have a measurable impact on the
aggregate earnings distribution. In addition, the increase in the minimum wage needs to
be substantial in magnitude, rather than a small incremental change. These consider-
ations pose a challenge to the empirical identification of the effects of minimum wages
on poverty.

Our case study focuses on farmworkers in South Africa. In 2013, the agricultural
minimum wage increased from 69 rands to 105 rands per 9-hour working day, an
increase of just over 50 per cent (or 48 per cent in real terms). In addition, about 90
per cent of agricultural workers had wages below the new minimum wage level just
before it was implemented. These factors suggest that we might expect to observe a sub-
stantial reduction in poverty in the period following the increase. At the same time, there
are reasons to be cautious about the poverty-reducing effects of the law. First, low levels
of compliance with minimum wages in South Africa have been well documented by pre-
vious researchers. Bhorat, Kanbur, and Mayet (2012) estimate minimum wage non-com-
pliance for nearly half of covered workers, and the agricultural sector had one of the
lowest compliance rates. Potential explanations for the low levels of compliance
include a lack of resources for enforcement and low penalties. Second, the rates of unem-
ployment are exceedingly high, and may increase due to a large hike in the minimum
wage. Some job losses may result in distributional shifts that could actually increase
aggregate poverty.

Figure 1 plots the cross-sectional distribution of farmworker wages for the quarters
surrounding the implementation of this minimum wage. In the two years prior to the
increase, real hourly wages had a relatively stable distribution, with the mode being
close to the previous minimum of R7.66. After implementation, there is a large shift
in the entire distribution of hourly wages towards the new minimum of R11.66, which
is stable in the year thereafter. Despite the large area under the density plot that is to
the left of the minimum wage, which indicates substantial non-compliance in all
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periods, the aggregate shift is remarkable and demonstrates at least partial compliance
with the policy change. At the same time, as we show in this paper, compliance is hetero-
geneous for low-wage compared to high-wage workers.

This paper examines the extent to which this change in wages (resulting from the large
increase in the agricultural minimum wage) led to reductions in the poverty rate of farm-
workers. The cross-sectional poverty rates plotted in Figure 2 show decreases in poverty
in the quarter immediately following the increase in the minimum wage, of about 4 per-
centage points using the poverty line from Budlender, Leibbrandt, andWoolard (2015), a
much larger drop of 13 percentage points using a 50 per cent higher poverty line, and a
drop of about 5 percentage points using a 100 per cent higher poverty line. The changes
in poverty rates depend on the line chosen, and also fluctuates in the surrounding
quarters.

On the other hand, the aggregate statistics presented in Table 1 augment the concern
regarding disemployment effects. The table shows that there was a substantial reduction
in agricultural employment between 2012 and 2013, but it also shows that 2012 was an
outlier in terms of employment compared to previous years.1 Overall, despite the large
increase in mean hourly wages and in the aggregate wage bill presented in Table 1,

Figure 1. Farmworker hourly wages by year, old and new minimum wage. Source: Own calculations
using the Labour Market Dynamics cross-sectional surveys 2011–2014, Statistics South Africa.
Notes: Hourly wages for agricultural workers are plotted, and defined as real monthly wage divided by weekly hours
times 4. Fourth quarter incomes are plotted for each year. The previous minimum wage was R7.66 (first reference
line), and was changed in 2013:q1 to ZAR11.66 per hour (second reference line). Observations are weighted by sampling
weights in the cross-section.

1This may be reflecting lagged effects of rainfall outcomes. South Africa had very good and increasing rainfall from 2009
to 2011, and then experienced a prolonged multi-year drought beginning in 2012.
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these potential disemployment effects, along with possible heterogeneity in compliance
and effects by poverty line, leave open many empirical questions.

In what follows we use variations in individual farmworkers’ wages prior to the law to
empirically identify the short-run effects of the law. Our primary findings are that the
change in the minimum wage increased average wages substantially, but that it is
more difficult to attribute the decline in employment to the law. Consequently,
average household income increased, and poverty declined, but with important hetero-
geneity for each of these outcomes.

Our paper makes two main contributions to the body of evidence on the effects of
minimum wages. Firstly, while the purpose of a minimum wage policy is typically to

Figure 2. Cross sectional trends in farmworker poverty rates. Source: Own calculations using the
Labour Market Dynamics surveys 2010–2014, Statistics South Africa.
Notes: The figure shows the proportion of farmworkers over time with household income per person below the poverty
line. We show different multiples of the reference poverty line. The vertical line indicates implementation of the new
minimum wage.

Table 1. Farmworker wages, employment and poverty rates by year.
Year Hourly wage Agri. Emp Poverty Wagebill

2010 7.98 4.42 70.9 1.00
2011 7.46 4.38 74.7 0.96
2012 7.45 4.83 81.4 1.06
2013 9.72 4.43 65.1 1.32
2014 9.63 4.45 71.5 1.33
Change 0.27 −0.023 −0.097 0.32

Notes: Only quarter 4 of each year is shown. Change is calculated by comparing the years before the new minimum wage
(2010–2012) to the years after (2013–2014). The poverty rate refers to 1.5 times the reference poverty line, and the
wagebill is the total hourly wages of farmworkers in millions of ZAR.
Source: Own calculations using the Labour Market Dynamics surveys 2010–2014, Statistics South Africa.
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reduce poverty, there is only a small literature directly evaluating the impact on poverty,
especially in developing countries. While studies generally tend to find that poverty levels
decrease, the results depend on the proportion of workers affected, the poverty line
selected, and the magnitude of any disemployment effects (Gindling 2018; Neumark,
Cunningham, and Siga 2006; Saget 2001). Aside from adding evidence to this literature,
our context is of interest because this is a case with an especially large minimum wage
increase, where 90 per cent of workers were below the new minimum wage level prior
to its implementation. We also follow Dube (2019) by examining a range of poverty
lines, and show how this choice matters greatly for shaping our overall assessment of
the policy.

Secondly, compliance is a recurring issue in the literature, depending on the rate of
informality and the proportion of large formal firms (Bhorat, Kanbur, and Mayet
2012; Gindling 2018; Gindling and Terrell 2010). We find large effects despite around
40 per cent of farmworkers not having a written contract, which is a standard measure
of informality. More importantly, our panel dataset enables us to track the effects on indi-
vidual workers over time, which is particularly helpful in examining the extent to which
compliance and disemployment effects depend on the pre-implementation wage. We
find that the lowest paid workers do not receive the highest wage increases, and we
also find much weaker compliance in small firms. Despite lower compliance, these
groups do not appear to experience very different poverty effects. This may reflect an
optimal response to weak enforcement; i.e., non-compliance where the minimum
wage binds the most may mitigate unemployment effects (Basu, Chau, and Kanbur
2010). Badaoui and Walsh (2022) model how authorities may intentionally ‘turn a
blind eye’ in order to dampen unemployment effects, and this is reinforced by the fact
that much of enforcement is driven through worker complaints (noting that workers
would be unlikely to complain if they thought that the firm would go out of business
as a result).

In the South African literature on minimum wages, previous studies have tended to
find large increases in wages and little evidence of disemployment (Bhorat, Kanbur,
and Mayet 2013; Dinkelman and Ranchhod 2012). The exception has been in the agri-
cultural sector, with evidence of negative effects from a minimum wage implemented
in 2003 (Bhorat, Kanbur, and Stanwix 2014; Van der Zee 2017). Piek, von Fintel, and
Kirsten (2020) find large disemployment effects for the 2013 minimum wage (the
subject of this study), though most of this is from slower job creation and their empir-
ical strategy for identifying these effects is not clear. No paper in the South African
literature on minimum wages to date has considered the effects on poverty, even
though this is particularly important in assessing the related welfare consequences,
given the country’s high levels of both poverty and unemployment. Our biggest con-
tributions relative to these papers is to quantify the effects of a minimum wage on
poverty, and to explicitly consider how this varies with the extent of minimum
wage compliance.

The remainder of our paper is structured as follows: Section 2 describes the context,
data, and our empirical strategy. Our main results on wages, employment, household
income and poverty are contained in Section 3. We discuss compliance and distributional
effects in Section 4, and we conclude in Section 5.
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2. Context, Data and Empirical Strategy

2.1. Context

The long-term trends in agriculture are important for understanding the relevance of the
agricultural sector and the emphasis on poverty in South Africa. The agricultural sector is
a low-wage industry that has been exhibiting strong negative employment trends over the
past four decades: shedding jobs, relying on casual labour, and reducing the social wage
(Hall et al. 2013). Van der Zee (2017) notes that 1.2 million jobs are estimated to have
been lost in the sector over the period from 1970 to 1995. Together with strong seasonal
fluctuations, this makes causal analysis challenging.

In South Africa, agriculture has historically accounted for a substantial share of
employment for low-skilled workers. This remains true at present, but over the past
three decades, agriculture has become increasingly commercialized and mechanized,
while agricultural output is increasingly being sold in highly competitive global
markets. This is a trend relevant to several other African countries. An interesting and
difficult policy question arises as to how a government might protect workers’ well-
being in such an environment, where agricultural workers have amongst the lowest
mean wages in the economy. Van der Zee (2017) describes the poor living conditions
of farmworkers in South Africa, including food insecurity which results in the malnour-
ishment of children, inadequate housing and access to services, high levels of violence
and alcohol abuse, and poor health and education outcomes.

Minimumwage policies present one policy tool to increase the welfare of low-paid and
vulnerable workers. The increase in the minimum wage studied in this paper was imple-
mented beginning on the 1st of March 2013. It increased the previous minimum of R69
per day by 52 per cent—to R105 per 9-hour working day (about $8 per day at a R13
exchange rate). The increase came as a large shock to farm owners, since a minimum
wage review had been completed in early 2012 and the next review was scheduled for
2015 (Van der Zee 2017). Prior to 2013, the agricultural minimum wage from 2003
had generally been adjusted annually in response to inflation, with occasional small
increases of a few percentage points above inflation. The 2013 change was a response
to sudden and widespread protests that occurred in November 2012 in the Western
Cape, with workers demanding a wage of R150 a day. R105 was the compromise set
by South Africa’s Minister of Labour.

2.2. Data

We make use of 20 waves of the Quarterly Labour Force Surveys for our study, using all
quarters or waves between 2010 and 2014. These surveys are collected by the national
statistics agency, Statistics South Africa (StatsSA). Out of these 20 waves, nearly 13
precede the minimum wage increase on 1 March 2013 (two-thirds of the way through
the 13th wave). These are nationally representative datasets which are collected four
times per year, and are released with wage data as the Labour Market Dynamics
surveys. The surveys are administered to each household member above the age of 15,
and questions are asked about labour force participation, industry and occupation if
employed, earnings, hours of employment, and other characteristics such as whether
the person has a written contract or not. The wage data was converted to a monthly

REVIEW OF POLITICAL ECONOMY 403



equivalent value and adjusted for inflation, using the quarterly CPI benchmarked on
December 2012.

We classify a farmworker as follows: Any employed adult aged 15–64 who self-iden-
tifies as (a) having an occupation other than a manager, professional or clerk, (b) working
in the crop or animal farming industries, (c) with a real income less than R5000 per
month (or missing),2 (d) who are employed for the purposes of receiving remuneration
and (e) who reports their race as being either African or Coloured.

The age restriction restricts our analyses to working-aged adults, while the occupa-
tional restrictions excludes relatively high earners who would probably be unaffected
by the minimum wage. The R5000 income per month limit is also used to exclude a
small number of high earners, and excludes about 1.5 per cent of the remaining
sample. Our restriction relating to paid remuneration excludes primarily subsistence
farmers or people who work on family-owned properties, as these workers are
unlikely to be affected by the change in the law. Finally, the racial restriction is
also due to our wanting to isolate a sample of workers who will likely be affected
by the law. This rule excludes about 1 per cent of our sample, almost all of whom
are white, and who typically earn well above the minimum wage. A breakdown of
the sample sizes and how they are affected by some of these rules are presented in
Table A1 in the appendix. Across all 20 waves, we have just over 18,000 farmworker
observations that meet these criteria, with an average of approximately 900 farmwork-
ers per cross-section.

Although this survey is focused on the labour market, we can estimate the household
income per person amongst farmworkers as the total labour market income in the house-
hold plus the income from state provided social grants. Using other data sources, this
accounts for over 90 per cent of household income for everyone but the top decile
(Bassier et al. 2021). We proxy Old Age Grant (OAG) income by the number of farm-
worker household members aged 60 years or older multiplied by the OAG value, and
we proxy income from the Child Support Grant (CSG) as the number of observed chil-
dren in the household times the value of the CSG. As our definition for farmworkers
excludes those earning above 5,000, the relevant means tests for grant eligibility are
unlikely to matter. While there is some imprecision in this measure, household grants
are a stable aspect of household income especially over the short run, which is the
focus of our study.

For our regression analyses, we make use of a subset of the Quarterly Labour Force
Surveys (QLFS). Over the 20 waves that we are using, the QLFS has a rotating panel com-
ponent at the dwelling level, with a 25 per cent out-rotation rate. By working with
StatsSA, we matched individuals who had maintained residency in the same dwelling
over time, using data from their names, surnames, age, race and gender. We thus have
a sub-sample of individuals who are observed in multiple consecutive waves, up to a
maximum of four waves. A summary of the overall sample size for the rotating panel,
by entering cohort, is displayed in Table A2 in the Appendix. We have just over
250,000 unique respondents aged 15–64 for whom we have repeated observations, and

2We included workers with missing income values as farmworkers, as the vast majority of African or Coloured workers in
the agricultural sector do not earn more than R5000 per month. They are thus included in farmworker summary sta-
tistics. However, observations with missing income values are excluded from the estimation samples of the regressions,
as well as any related poverty estimates.

404 I. BASSIER AND V. RANCHHOD



over 135,000 respondents that we observe for the maximum of 4 consecutive quarters.
Over waves 2–17, nearly two-thirds of individuals are observed for all four quarters.
In Figure A1 in the Appendix, we show that the panel trend is similar to the cross-sec-
tional trend, thus alleviating concerns of differential attrition. We also perform a robust-
ness check on our results by using attrition-adjusted weights.

To provide some sense of farmworker characteristics, we present summary statistics
from our panel sample using waves of data prior to the law (Appendix Table A3).
There are about half a million farm workers in each quarter, out of over 10 million
employed people in the population. These farmworkers have very low hourly wages,
with a median wage less than half the median wage of all employed workers. Ninety
percent of farmworkers earn below the newminimum wage level, highlighting the poten-
tial impact of the increase in the minimum wage. Note, however, that only 30 per cent
earned between the old and new minimum; i.e., 60 per cent were earning less than the
old minimum wage, which reflects the high rates of non-compliance. Only about half
of all farmworkers have a permanent contract, meaning that half are seasonally or pre-
cariously employed, and about 40 per cent do not have a written contract and are thus
informally employed. Farmworkers are more likely to be male and are much more
likely to reside in rural areas.

The reference poverty line that we use in this study is the one proposed by Budlender,
Leibbrandt, and Woolard (2015), which more closely follows international best practice.
This line is calculated using the 2011 Income and Expenditure Survey, and is set at
R1,042 per person per month. The authors follow a Cost of Basic Needs method, with
calculations based on household expenditures, and caloric information for different
foods. In brief, the authors find the price per calory of food using the average basket
of food items for deciles 3–5 of the expenditure distribution, and then calculate the
cost to reach a recommended minimum caloric intake benchmark of 2,100 kcal. This
gives the food poverty line; the upper bound poverty line, which we use, adds on the
average expenditure of households with food spending equal to the estimated food
poverty line. This (upper bound) poverty line that the authors recommend is about a
third higher than the (upper bound) poverty line published by StatsSA. All poverty
lines involve numerous unavoidable assumptions. Thus, to reduce the dependence of
our findings on the specific line chosen, we evaluate poverty effects using a range of
poverty lines, indexed as multiples of the reference line. Seventy-six percent of farm-
worker household members are below our reference poverty line, which is higher than
the national average of 69 per cent for household members who reside with all
working adults.

2.3. Empirical Strategy

We use a standard treatment effects framework, which should be understood within the
context of partial compliance. The agricultural minimum wage is not necessarily binding,
in the sense that the monitoring of wages is low and farm employers could easily not
comply, with only a small probability of being penalised (Bhorat, Kanbur, and Stanwix
2015). The ‘treatment’ therefore operates through a number of other possible channels:
enforcement through organized workers who could report non-compliant employers, the
threat of damages to public image, the threat of worker retaliation that could reduce
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productivity,3 or spillover mechanisms that force wages up to maintain recruitment
under monopsonistic competition. For example, Badaoui and Walsh (2022) model
partial compliance where enforcement is driven by worker complaints.

Given this framing, several empirical approaches can be used to estimate the causal
effects of the law. One of the most popular approaches is the difference-in-differences
method (DD), which involves identifying a group of similar workers who would have
experienced the same trends in employment and wages absent the law, but where
some workers are subject to the law and some are not. This provides a natural experiment
to estimate the difference in outcomes between the treated and untreated groups.

In our case, however, it is difficult to imagine the comparison group that would expe-
rience the same trends and shocks as agricultural workers, but are unaffected by the law.
First, we do not have geographic variation as the law was a national law for the entire
agricultural sector. Second, we might consider workers in other sectors but the shocks
to agriculture, such as weather and pestilence, can be highly idiosyncratic and would
be unlikely to affect workers in other industries in a similar manner. This would apply
regardless of whether we considered a single other industry or a composite group of
workers from multiple other industries. An alternative is to use the variation in
average wage gap by district council, as done by Bhorat, Kanbur, and Stanwix (2014).
Out of 52 district councils over 2012 and 2013, only 28 have 100 or more rural adult
observations in our data, of which farmworkers form a relatively small proportion. It
is unclear how reliable the estimates would be if the identifying variation comes from
so few observations. Any unobserved regional factors that are correlated with lower
wage districts will also tend to confound the estimates.

Ultimately, we decided to use individual-level variation in pre-treatment wages below
the new minimum wage level to measure variation in treatment intensity. We test
whether this variation is systematically related to the likelihood of wage gains, job loss,
and income changes amongst farmworkers, in a way that is different to any relation
that may have been present in earlier waves. The ‘parallel trends assumption’ here is
that outcomes in the treated year 2013 would have changed in a similar way to earlier
years, absent the minimum wage intervention. To help alleviate concerns about contem-
poraneous shocks in 2013, we present the trends in agricultural investment and produc-
tion by type of produce in Appendix Figure A2, which shows no clear breaks in the
treatment year.

We restrict the estimation sample to members of the panel who were farmworkers in
the first quarter of previous years (2010q1, 2011q1, 2012q1 or 2013q1). Wave 13, being
the wave that contains the 1st of March 2013, is our treatment wave, while farmworkers
from time periods before the law capture our pre-treatment period. We used only these
pre-treatment waves for two reasons. First, this implicitly accounts for any seasonal var-
iations in agricultural employment. Second, since no individual could be in the panel for

3An anecdote with a conference participant highlights this view. As the child of a farm owner, he had grown up on a farm
and periodically spent time working there. He thought that the main reason a farm owner would raise wages in
response to the minimum wage law was not to do with legal enforcement, but rather that workers would expect
an increase in wages, failing which the disgruntled workers would (in ways difficult to trace) damage tools and prop-
erty. The wage increase need not correspond to the law, but rather to workers’ expectations. This highlights an aspect
of wage-setting under non-contractable employment, where the wage-setting is dependent on workers’ expectations
which in turn depend on laws and neighboring workplace norms.
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more than four quarters, there is no chance of overlap between respondents in these
different cohorts.

A key caveat about the empirical strategy is that this is purely a short-run evaluation.
While our panel design is constrained to go at most three periods forward due to the 25
per cent out-rotation design, Figure 3 provides some justification for the short-run
outlook. The trends for different percentiles of the farmworkers’ hourly wage distribution
makes it immediately apparent that there is substantial non-compliance, with the 10th
and 25th percentiles not reacting to the increase in the minimum wage. However,
there is a sharp jump for the 50th and 75th percentiles. A key conclusion from this
figure, which supports our empirical strategy’s focus on the first quarter after implemen-
tation, is that much of the adjustment in wages in this figure occurs during that first
quarter.

Our main specification is as follows: for t = 1, 2 or 3 and wave = 1,5,9,13 on the sample
of farmworkers only,

Yi,t+s = b0 + b1Post+ b2gapi,0 + b3Post ∗ gapi,0 + b4gap
2
i,0 + b5Post ∗ gap2i,0 + b6Xi,0

+ 1i,t

The post-treatment dummy indicates 1 for wave 13 and 0 for earlier waves, gap = 100∗

(2275-monthly wage) / 2275; and X are age, age-squared, and Coloured and female
dummies. We additionally include a quadratic in the gap to account for non-linearities
in compliance, which is important for identification, as shown in our main results. The

Figure 3. Cross sectional trends in farmworker hourly wages, by percentile. Source: Own calculations
using the Labour Market Dynamics surveys 2010–2014, Statistics South Africa.
Notes: The sample includes all working age adults. The vertical line indicates minimum wage implementation.
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10th, 50th and 90th percentile values of gap are respectively 2, 36 and 74, and the mean
value of gap is 38.

Our treatment intensity variable is a percentage GAP variable, which is defined as the
inflation adjusted difference between a farmworker’s wages and the 2013 minimumwage.
Farmworkers who earn more than the 2013 minimum (in real terms) are assigned a value
of zero for the percentage GAP variable. Recall that most workers were paid below the
new minimum wage level before implementation. Our primary dependent variables
are percent wage gain, job loss, percent change in household income per person, and
change in poverty status.4 Poverty status requires the selection of a poverty line, and
we primarily use 1.5 times the R1.042 poverty line in Budlender, Leibbrandt, and
Woolard (2015), but we present effects for a range of lines.5 We use absolute poverty
lines in real terms, and divide household income by household size (which is recorded
in the survey) to estimate a per-capita income variable.

We use a simple division by household size to calculate our poverty rates, instead of a
parametrized equivalence scale, primarily for simplicity. Woolard and Leibbrandt (1999,
14) evaluated the sensitivity of poverty estimates in South Africa to a broad range of
parameter values using equivalence scales, and found that ‘the poverty profile changes
very little even when we make large adjustments to the scale parameters. The poverty
rate amongst Africans, Coloured and rural and urban dwellers remains astonishingly
unchanged.’ In later work, Leibbrandt et al. (2010) argue further that the choice of equiv-
alence scale matters even less in the South African context, if the focus of the research is
on changes in poverty rates, as long as the underlying samples and methods are consis-
tent across time. Nonetheless, we recognize the importance of equivalence scaling adjust-
ments by checking the sensitivity of our estimates to a widely used equivalence scale
adjustment.

Each of the changes in our dependent variables are taken between the treatment
quarter (quarter 1) and the following quarter (quarter 2). We show robustness for 2
and 3 quarters ahead, but attrition in the panel leads to greater imprecision in our
estimates.

Our regression models were fitted using the conventional sampling weights from the
cross-sections. We also estimated the results using attrition-adjusted inverse probability
weights, which corrects for non-random attrition that is related to observable character-
istics (see Wooldridge 2002, 587–590). The two different sets of weights do not change
the results in a substantive way.

3. Results

Overall, we find large increases in wages for all farmworkers, but also find evidence of
lower compliance for the lowest paid workers. There is some evidence that lower paid

4In terms of linearity of the relationship between the squared percentage gap and the outcomes, we rely on the result
that the regression coefficients should be interpreted as providing the ‘best linear approximation to the underlying
conditional expectation function, regardless of its shape’, and similarly we rely on this interpretation to justify using
binary outcomes of employment and poverty outcome variables (Angrist and Pischke 2009). We use heteroskedastic-
ity-robust standard errors in all our specifications to account for any heteroskedasticity.

5We adjust the reference poverty line (see above) using the CPI to get R1111 per person per month in 2013, and since we
are using 1.5 their poverty threshold as our reference line, our cut-off value in 2013 is equal to a value of R1667 per
person per month.
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workers were more likely to keep their jobs, and that disemployment effects were gener-
ally small—although these results are not precisely estimated. The wage increases passed
through to household income, resulting in large poverty declines in the short run for
most farmworkers. There are indications of some increases in poverty for the lowest-
paid farmworkers who likely lost their jobs.

3.1. Main Results

We estimate the main specification for the four outcomes, each with and without con-
trols. The gap estimator is not straightforward to interpret, especially with a squared
term, and we therefore present the full coefficient estimates in Appendix Table A4
while focusing on Table 2 below which summarizes and interprets the coefficients.

For ease of interpretation, panel A of Table 2 shows the average 1-quarter change in
each outcome for various groups, which makes up the implicit Difference-in-Differences
comparison (adjusted for controls). Row (i) of column one shows that farmworkers in
previous years with a gap value of 0 (i.e., paid R2275 or more) experienced a decrease
in wages of about 11 per cent, which likely indicates mean reversion error for those
workers who have relatively high observed wages. Row (ii) shows farmworkers in

Table 2. Summary of main regression results.
(1) (2) (3) (4)

A: Pred. change for:
(i) Earlier years, no gap −10.754∗∗∗ 2.904∗∗ −9.292 −15.768∗∗∗

(3.432) (1.393) (8.846) (4.806)
(ii) Earlier years, median gap 2.747∗∗ 9.673∗∗∗ −4.566∗∗ −6.125∗∗∗

(1.155) (1.053) (2.073) (1.234)
(iii) Post year, no gap −4.454∗∗ 11.641∗∗∗ −10.724∗∗∗ −8.042∗

(2.106) (2.968) (3.993) (4.493)
(iv) Post year, median gap 11.578∗∗∗ 5.157∗∗∗ 8.803∗∗∗ −13.140∗∗∗

(2.833) (1.741) (3.165) (2.615)
B: Treat effect at gap perc:
(v) p25 9.479∗∗∗ 0.349 10.215∗∗ −5.380∗

(2.564) (1.909) (4.386) (2.827)
(vi) p50 8.831∗∗∗ −4.516∗∗ 13.369∗∗∗ −7.015∗∗

(3.059) (2.035) (3.783) (2.892)
(vii) p75 6.079∗∗ −6.332∗∗∗ 10.918∗∗∗ −5.190∗∗

(3.099) (2.035) (3.779) (2.610)
C: Alt summary stats
Treat effect at mean gap 8.832∗∗∗ −4.582∗∗ 13.369∗∗∗ −7.019∗∗

(3.059) (2.035) (3.783) (2.893)
Mean treat effect 5.640∗∗∗ −1.804∗∗∗ 6.330∗∗∗ −2.501∗∗∗

(0.793) (0.655) (1.232) (0.939)
Obs 1734 2161 2058 1724
R-squared .072 .025 .023 .015
Outcomes Wage Emp HH income Poverty

change loss change change

Notes: The sample includes only working age farmworkers in 2010:q1, 2011:q1, 2012:q1 and 2013:q1. The date of the
minimum wage is at the end of 2013q1. Outcomes are taken as a 1-quarter change between quarters 1 and 2. Controls
include age, age squared, gender and race. The outcomes are percentage change in wage (column 1); percentage point
loss of employment for those who were employed, such that a negative coefficient indicates a relative increase in the
probability of employment (column 2); percentage change in household income per person (column 3); and percentage
point change in probability of falling below the poverty line (column 4). Regressions are weighted by sampling weights.
Source: Own calculations using confidential panel data from the Labour Market Dynamics survey 2010–2013, Statistics
South Africa.

∗p < 0.1, ∗∗p < 0.05, ∗∗∗p < 0.01. Standard errors in parentheses.
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previous years too, this time at the median value of the wage gap regressor: they received
a small wage increase of about 3 per cent. Rows (iii) and (iv) show the corresponding
averages for farmworkers in the year of treatment; i.e., 2013: farmworkers with no gap
were paid about 4 per cent less compared to 10 per cent less in row (i), and farmworkers
with median gap were paid about 12 per cent more compared to 3 per cent more in row
(ii).

The Difference-in-Differences estimate for the median gap is calculated by the differ-
ence in the estimates in row (iv) minus row (ii); i.e., the change for farmworkers in 2013
at the median gap netting out the counterfactual change as estimated by previous years.
We show this in panel B, as the treatment effect at gap percentile 50 where the gap value is
about 40. Column 1, row (vi) therefore shows that our estimated causal effect of the
increase in the minimum wage level on wages one quarter later was to increase wages
by 9 per cent for those at the median gap value. Since the median gap is a specific
value, we show treatment effects at the 25th percentile (row v) where the gap value is
27 (showing a slightly higher wage increase of 9.5 per cent) and the 75th percentile
(row vii) where the gap value is 55 (showing a lower wage increase of 6 per cent). We
also show the treatment effect at the mean gap value which is similar to the median at
40, similarly with a predicted treatment effect of about 9 per cent, and the mean treat-
ment effect (the average of all farmworker predicted effects), with a treatment effect of
6 per cent. Note that the last statistic, the mean treatment effect, includes farmworkers
with 0 gap value and is therefore expected to be attenuated to 0.

Recall that a higher gap value implies lower pre-implementation wages. These results
suggest that the percentage change in wages was lower for those with lower wages ini-
tially, which is the opposite of what one would expect in a high compliance context.

The results in columns 2–4 should be interpreted as above for the other outcomes.
Column 2 shows employment loss– positive values imply farmworkers were more
likely to lose their job. The coefficients are in fact negative (and statistically significant),
implying that farmworkers were less likely to lose their job after the minimum wage;
lower paid workers were the most likely to keep their jobs.

Column 3 shows the percentage change in household income per capita, with large
and significant increases of between 10 per cent and 13 per cent for those below the pre-
vious minimum wage.6 Consequently, poverty fell strongly by between 5 per cent and 7
per cent. Despite their differences in wages and employment, the effects on household
income and poverty are similar for previously lower paid workers compared to previ-
ously higher paid workers.

We run several robustness specifications on these results in the Appendix. Table A5
compares outcomes 2 quarters later (instead of 1 quarter later as in the primary spec-
ification). To some extent this traces a time path, but suffers from smaller sample sizes
and therefore a decrease in precision. The wage effects are generally larger than for the
one-quarter change (and are statistically significant), with a 12.5 per cent wage change
treatment effect at the median gap. Lower paid workers have similar wage effects to the

6We confirm that this result is robust to the use of standard household equivalence scales when calculating household
income per capita. Specifically, we use the original OECD equivalence scale of assigning 1 to the household head, 0.7 to
each additional adult household member, and 0.5 to each child. We find that the percentage change in household
income per capita (equivalence adjusted), under the same regression specification as above, gives large and significant
increases of 11 to 14per cent, which is just slightly higher than the main results reported above.
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mean gap worker, and higher effects than higher paid workers. None of the employ-
ment loss results are significant, though the point estimates are positive (which
would suggest employment loss). Household income per capita increased significantly
for lower- and median-gap farmworkers, though the poverty changes are not statisti-
cally significant.

Given that the sample sizes are about half of those for the primary specification, and
the corresponding estimates are therefore imprecise, we are cautious in interpreting these
results. The results seem to confirm some level of compliance (with positive wage point
estimates), but that compliance is partial and non-linear (under perfect compliance, one
would expect much higher wage changes for the high gap workers, not the same as
median gap workers). They also confirm that there was some durable pass-through of
these wage changes into household income, especially for median gap farmworkers.

Table A6 provides estimates using alternative outcome measures for both 1 and 2
quarters ahead. There is no significant change in hours worked, and the point estimates
are of different signs with a small magnitude of less than an hour change. One weakness
of our specification is that it focuses on incumbent workers, rather than adjustments
through hires. Columns 3 and 4 consider job gain, by simply comparing the proportion
of job gain in the treatment compared to previous years (there is no gap variable for these
workers). The point estimates suggest lower job gain 1 quarter later and higher job gain 2
quarters later.7 Finally, we expect household income to change differently for farmwork-
ers who kept their jobs versus those who lost their jobs. Columns 5 and 6 consider the
change in household income for job-keepers, showing that this is higher than the corre-
sponding estimates for all workers, and is even more significant for the 2-quarter change.
Columns 7 and 8 show the household income change for job-losers, which is not statisti-
cally significant. The point estimates for the job-loser households are generally positive 1
quarter later (presumably through dual-income or multiple-income households), but
negative two quarters later.

Before proceeding to the poverty estimates (which are novel in the South African
minimum wage literature), it is worth comparing our employment estimates to existing
studies. Perhaps of most interest is the paper by Bhorat, Kanbur, and Stanwix (2014) who
find a negative employment effect from the 2003 minimumwage. One possible reason for
the difference in findings is the different methods employed; as explained above, we use
individual-level variation in wages over time whereas they rely on district-level average
wages which may be more vulnerable to bias.8 However, it is also possible that the real
effects of the minimum wages were different: they studied the introduction of a new
minimum wage, whereas we studied an increase in the existing minimum wage. The
initial law may have led to excess labour being shed, whereas in the 2013 case there
may be a greater productivity cost of shedding further labour. There were also strong
underlying trends at the time of agricultural liberalization and restructuring, as described
above (Hall et al. 2013), which may have interacted with the law.

7While these coefficients are statistically significant, they require very strong assumptions in order to be unbiased esti-
mates of the effect of the law. In addition, even if one accepts that these do represent a valid causal estimate, these
results would indicate a greater chance of finding employment as a farmworker two quarters after the law had come
into effect.

8The average may hide substantial dispersion, as a district could have a large proportion under the minimum wage while
on average still having a relatively high wage. This leads to a potential measurement error problem, which would atten-
uate the estimate.
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What might explain positive or non-negative employment effects of the minimum
wage? This is by no means an outlier estimate, as several studies find similar effects
from minimum wages in other contexts. Typically these results are explained by employ-
ers having some wage-setting power, as in the case of monopsonistic competition (Card
and Krueger 1994). Employers with monopsony power pay workers below their contri-
bution to production, meaning that as long as the minimum wage remains below their
contribution, it is profitable for the employer not to fire the worker. As we discuss
later, monopsony power may be particularly plausible in the context of South African
agriculture. Other potential explanations include gift exchange, efficiency wages and fair-
ness norms in the wage setting process, and demand-side effects from increased dispos-
able income in the affected communities.

3.2. Implications for Poverty

The treatment effects summarized in Table 2 refer to a poverty line 1.5 times greater than
the reference poverty line. These estimates suggest decreases in poverty one quarter after
implementation. Since this line was idiosyncratically selected, we next present poverty
effects for a range of different poverty lines.

In Figure 4, we present the estimated poverty rates corresponding to different poverty
lines for different time periods. We present these estimates for quarter 1 and quarter 2 of

Figure 4. Cross-sectional farmworker poverty rates before and after the minimum wage for different
poverty lines. Source: Confidential panel data from the Labour Market Dynamics survey, Statistics
South Africa.
Notes: The figure plots the average cross-sectional poverty rate for earlier years (2010–2012, blue) and the treatment year
(2013, red) corresponding to before and after the new minimum wage. This is done separately for qtr 1 (lighter colour)
and qtr 2 (darker colour) of each year. The reference poverty line is reported in Budlender, Leibbrandt, and Woolard
(2015); see main text for discussion. The sample includes only working age farmworkers in the relevant quarters.
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the treatment year (2013), while for earlier years we present the average poverty rates
(Figure 4). The x-axis shows the poverty line as a multiple of the reference line: for
example, 100 per cent of the reference line is just the reference line (R1,111 in 2013),
and 150 per cent of the reference line equates to a poverty line of R1,667. The poverty
rate corresponding to each line is the proportion of farmworkers with household
income per person below that value. At the 150 per cent reference point presented in
the main analysis, the light red shows that the overall poverty rate was 84 per cent in
quarter 1 (i.e., before the minimum wage was increased) and 80 per cent in quarter 2
(i.e., 1 quarter after the minimum wage was increased). In contrast, the poverty rate in
previous years at the same poverty line had increased by 1 percentage point between
quarter 1 and quarter 2 of those years. This pattern is similar for poverty lines at 75
per cent, 125 per cent and 175 per cent of the reference line. However, the poverty
rate measured at the reference line itself shows only a 0.3 percentage point decrease in
the treatment year, relative to a 1.7 percentage point increase in earlier years.

Our primary specification compares the 1-quarter change in the poverty rate in the
treatment year, to the corresponding 1-quarter change in the poverty rate in earlier
years. It also identifies this effect at specific percentiles of the gap wage, which allows
us to explore the effects of different levels of treatment intensity, as well as allowing
for heterogeneity in these effects for different gap values. Figure 5 presents the coefficients
and standard errors from our primary specification, where each value on each x-axis is
derived from a separate regression. For example, the top left subfigure shows the treat-
ment effects on poverty 1-quarter after the minimum wage was increased, for workers
at the median gap value. The point estimates indicate reductions in poverty of
between 5 and 10 percentage points across most poverty lines, with significance of the
95 per cent confidence interval for the 125 per cent, 150 per cent and 175 per cent
poverty lines.

The estimated effects are similar for the 25th percentile of the gap wage (the top right
subfigure), with a 5–10 percentage point poverty reduction which is statistically signifi-
cant at the 125 per cent, 150 per cent and 175 per cent poverty lines. The 75th percentile
of the gap wage (bottom left subfigure) exhibits a similar pattern, but with a concerning
indication that poverty rose for lower poverty lines, i.e., those set at the 50 per cent and 75
per cent poverty lines. These increases in poverty are likely connected to job loss, which is
consistent with the data in appendix table A6, which showed that the changes in house-
hold income were very different for job keepers and job losers. In the bottom right
subfigure, we plot the mean treatment effect (using the actual gap values of farmworkers),
which shows significant decreases in poverty of 3–5 percentage points across the 125 per
cent, 150 per cent and 175 per cent poverty lines. Overall, these figures show a robust
decrease in poverty across a range of higher poverty lines for most farmworkers, with
some increases in poverty for the lowest paid workers at relatively low poverty lines.

4. Discussion

4.1. Compliance and Firm Size

A puzzle is why there is any ‘compliance’ in a low-enforcement environment. As argued
earlier, there are likely other mechanisms involved which help ‘enforce’ the minimum
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wage, such as public reputation, spillovers, or organized workers reporting non-compli-
ance or using the new minimum wage level as a fair wage benchmark.

Firm size is a key correlate of these alternative enforcement mechanisms. Large firms
are more likely to have a public image to protect, to have organized workers, and even to
have monopsonistic wage setting power. We consider heterogeneity by firm size by plot-
ting the distribution of hourly wages before and after the new minimum (Figure 6). The
distributions of large firms (more than 50 workers) and small firms (fewer than 20
workers) are similar before the new minimum, in the sense that they are both centred
around the old minimum wage, with larger firms paying slightly higher wages as
expected.

However, after the new minimum is announced, there is a remarkable divergence in
the distributions. Large firm wages move more decisively towards the new minimum.
Small firm wages shift too, but with a smaller increase and greater variance in the
wage distribution. The mean and standard deviations of hourly wages change from
R7.10 (sd = 3.6) to R9.10 (sd = 13) in small firms, and from R8.30 (sd = 3.6) to R11.20
(sd = 10) in large firms. For both sets of firms, substantial non-compliance remains,
but the distribution of wages is clearly more compliant in large firms.

Figure 5. Minimum wage effect on poverty rate for different poverty lines, for workers at the percen-
tiles of gap. Source: Confidential panel data from the Labour Market Dynamics survey, Statistics South
Africa.
Notes: The figure plots the post coefficient for each separate regression on incremental percentages of the poverty line.
The reference national per capita poverty line is reported in Budlender, Leibbrandt, and Woolard (2015). The dotted lines
show 95per cent confidence intervals (2 standard errors on either side). The sample includes only working age farmwork-
ers in 2010:q1, 2011:q1, 2012:q1 and 2013:q1. Controls include age, age squared, gender and race. Regressions are
weighted by sampling weights.
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The poverty effects presented in Appendix figure A3, are likewise larger for large firms.
Poverty decreases by about 10 percentage points for the poverty lines equal to 125–175
per cent of the reference poverty line for those employed in large firms (focusing on the
median gap), compared to a decrease closer to 7 percentage points for those working at
small firms for those same poverty lines.

These figures provide some insight into the nature of compliance, as one partially medi-
ated by large firms. This analysis is only suggestive, as the disaggregation by firm size results
in small sample sizes. Nonetheless, larger firms are more likely to be productive/profitable,
and also have greatermonopsony power. They are thusmore able to increasewages without
incurring job losses. Smaller, less productive/profitable firms on the other hand, may be
more constrained and would have to decrease employment to comply with the higher
minimum wage, so these firms opt for non-compliance– with some risk of legal penalties
and perhaps with tacit worker consent (Badaoui and Walsh 2022).

This explanation requires some wage-setting power by larger firms. Monopsony
power appears to be high in South Africa generally (Bassier 2023), perhaps related to
the high unemployment rate, limited outside options for workers, and severe job
search frictions. These factors may be much worse in the agricultural sector, comprised
of low-wage workers with little formal education and who are less desirable employees,
and may entail higher transportation costs to other local job opportunities as well as to
job opportunities in urban centres.

Figure 6. Impact of minimum wage on wages by firm size. Source: Own calculations using the Labour
Market Dynamics cross-sectional surveys 2011–2014, Statistics South Africa.
Notes: Hourly wages for agricultural workers are plotted, and defined as real monthly wage divided by weekly hours
times 4. Firm size is identified at the worker-level. Fourth quarter incomes are plotted for each year. The previous
minimum wage was R7.66 (first reference line), and was changed in 2013:q1 to ZAR11.66 per hour (second reference
line). Observations are weighted by sampling weights in the cross-section.
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4.2. Distributional Effects of Minimum Wage

In the primary results above, we provided some evidence of distributional effectsat the
25th, 50th and 75th percentiles of the wage gap. We now decompose this further by con-
sidering the impact at each decile of farmworker earnings (Appendix Figure A4).
However, this decomposition comes at the cost of precision.

We run a regression of the outcome on an indicator for post (equal to 1 in 2013 and 0 in
2010–2012), indicators for each decile of farmworker earnings, and the interaction between
post and each decile indicator. We interpret the interacted coefficient as the difference-in-
differences effect on each decile of farmworker earnings, where the first difference is the
differenced outcome and the second difference is the effect on farmworker earnings
deciles in earlier years. The outcomes are percent wage gain, employment loss and
change in household income per capita, where all changes are across 1 quarter as above.

On the left hand side of Appendix Figure A4 we show the average 1-quarter change in
outcome for 2013 (red) compared to earlier years (blue), separately for each farmworker earn-
ings decile.On the right sideweprovide, by decile, the differenced estimate; i.e., the redminus
the blue bars from the figures on the left. As noted above, this decomposition has low preci-
sion, and so the differenced estimates in the figures on the right have large standard errors.

The top panel shows the wage change. Note the evidence of mean reversion here, with
large wage increases for lower earning farmworkers even in non-treatment years. The
treatment effect magnitudes suggest large wage increases across the deciles, except for
the very bottom. This is in line with the non-linear compliance observed earlier in the
primary results.

Employment loss seems to show negative estimates (i.e., farm workers are more likely
to retain the job) in the treatment year. As discussed before, these effects do not appear to
carry over to the second quarter and so should be interpreted with caution. This may be
reflecting some seasonality effects as the period two-quarters after the minimum wage
was increased would have coincided with the winter months, when agricultural employ-
ment is typically at its lowest. The final panel, showing household income, again shows
clear increases in point estimates across the farmworker earnings deciles, except for the
bottom decile. This is consistent with the evidence discussed earlier that some low-paid
farmworkers may have fallen into poverty. Overall, these decile estimates are consistent
with the primary results.

5. Conclusion

This paper looks at the short-run effects of a large increase in the minimum wage for
South Africa’s agricultural sector.

In the short-run we find large wage increases with no evidence of disemployment
effects, and large increases in household income per person. Correspondingly, poverty
decreases across a range of poverty lines. However, we find evidence of less compliance
for the lowest paid workers, so some of them are shifted into poverty, although the net
effect is to reduce overall poverty rates substantially.

Partial compliance is a fascinating aspect of this minimum wage study since it is charac-
teristic of developing country settings and has received relatively little attention in the eco-
nomics literature. In our study, over two-thirds of farm workers were initially recorded as
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being paid below the previousminimumwage, and in addition there is a low expected prob-
ability of legal penalty (Bhorat, Kanbur, and Mayet 2012). Perhaps the question should be
why there is any compliance with minimum wage laws. We believe a shift in norms may
help to ‘enforce’ the minimum wage, such as the threat of worker retaliation, organized
workers reporting firms, damages to public image, or spillovers from monopsonistic wage
setting. Consistent with this, we provide evidence that large firms, which are more likely
to be influenced through these channels, are more compliant than small firms.

This study focused on 1-quarter changes in outcomes, with some evidence concerning
2-quarter changes, but estimating the size and direction of medium- and longer-run
adjustments are left for future work. Our focus on the short-run is driven by our empir-
ical method which uses the panel, and the 25 per cent out-rotation of the sample imposes
a maximum of 4 quarters of repeated observations. Any panel method will also have to
deal with the high worker turnover rate in South Africa. In addition, the QLFS updated
its master sample for the survey at the beginning of 2015, which seems to have affected
agricultural workers substantially and would have to be disentangled from any real eco-
nomic effects of the minimum wage. Finally, any longer run analysis would have to
contend with confounding longer run trends.9

Since we look at one minimum wage increase in the agricultural sector of South
Africa, future work will need to determine the extent to which this is generalizable to
other years, sectors or countries. Indeed, as we have discussed above, the context in
this study is a low-wage environment which is likely subject to severe monopsony
power and a difficult legal enforcement environment. This is also a limit case due to
the size of the minimum wage increase, although we view this as particularly helpful
for testing the limits of minimum wage policy.

Finally, many papers in this small but important literature on poverty effects of the
minimumwage caution against using theminimumwage as a poverty reduction tool (Gin-
dling 2018; Neumark andWascher 2002). The 5–7 percentage point reduction in poverty
that we estimated in this paper is substantial. As a comparison point, Woolard and Leib-
brandt (2013) simulate the effect of dropping all social grants in 2008, and find that the
headcount poverty rate only increases from 70 per cent to 71 per cent. A full welfare cal-
culation is out of the scope of this paper, but our results suggest that the minimum wage
increase in this case was effective in reducing poverty amongst farmworker households.
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