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Abstract

We study a high profile public policy question on immigration, namely the link between
crime and immigration, presenting new evidence from England and Wales in the 2000s. For
studying immigration impacts, this period is of considerable interest as the composition of
migration altered dramatically with the accession of Eastern European countries (the A8) to
the European Union in 2004. As we show, this has important implications for ensuring a
causal impact of immigration can be identified. When we are able to implement a credible
research design with statistical power, we find no evidence of an average causal impact of
immigration on criminal behavior, nor do we when we consider A8 and non-A8 immigration
separately. We also study London by itself as the immigration changes in the capital city
were very dramatic. Again, we find no causal impact of immigration on crime from our
spatial econometric analysis and also present evidence from unique data on arrests of natives
and immigrants which shows no immigrant differences in the likelihood of being arrested.
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1. Introduction

A large research literature has, over the yeatslied the impact of immigration on economic
outcomes. A prime focus in this work has been an l#bour market impact of immigration,
asking questions about the overall impact on wamsds employment, but also on whether
immigrants displace native workers or lower thearges through greater competition for jobs (see,
inter alia, Borjas, 1999; Card, 2005, 2009; or Dustmann,tifiaind Preston, 2013). Other
immigration impacts have also received attentidioeiaito a lesser extent than the labour market
work, including the impact of immigration on hougimarkets, usage of public services, welfare
benefits and crime. In the past few years, theBerampacts have received more attention and
there are now growing numbers of contributionshiese areas.

In this paper, we present some new evidence omipact of immigration on crime, using
data from England and Wales in a period when theireaof immigration flows altered
dramatically. We consider the crime-immigrationatenship in the 2000s, a decade when the
composition of migration altered dramatically witie accession of Eastern European countries
(the A8) to the European Union in 2004.

Ascertaining the magnitude and direction of an iobfd immigration on crime is a high
profile public policy question, but it is one on st we currently have only a limited number of
robust findings. This is important since many medmnmentators and responses in public
opinion polls postulate that immigration causemeti Nevertheless, and standing contrary to this
populist view, the (still relatively small) litetate that does exist finds it hard to detect anayer
impact of immigration on crime. For example, Bian&uonanno and Pinotti (2012) study crime
and immigration across lItalian areas, finding rgmgicant empirical connection. Bell, Fasani and

Machin (2013) conclude the same studying two lamgaigration waves in the UK.

! On housing markets and immigration see Saiz (2607)S evidence and Sa (2011) for UK evidence.dvtdence
(respectively for the US and UK) on use of healthviees see Borjas and Hilton (1999) and Wadsw(2ti.3).
Reviews of the research on welfare benefits arergin Barrett and McCarthy (2008) and on crime &ll Bind
Machin (2013).
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A more subtle conclusion follows when a heterogesampact across different migrant
groups is studied and, here, the extent of attanhmoethe labour market, and hence a source of
legal income, seems critical. Bell, Fasani and Nfac{2013) show that the very rapid influx of
Eastern European migrants that entered to the Wét #fie A8 accession countries joined the
European Union in 2004 had no detrimental crimeaicagince the migrants actually had higher
employment rates than natives. They do, howeverd fa positive, small, but statistically
significant crime impact associated with the [a890ds wave of asylum seekers who were very
detached from the labour market. Spenkuch (201s) emphasises immigrant heterogeneity in
the US, breaking the immigrant stock into Mexicansl non-Mexicans, and reports a significant
positive crime effect for Mexican immigrants, whites negative and insignificant for all other
immigrants.

In this paper, we present new causal evidence erinipact of immigration on crime,
using a range of data sources from England and 3Vdle estimate spatial panel data models of
the crime-immigration relationship over the 2008sd also present an analysis of differences in
arrest rates of natives and migrants using unicata ¢com the London Metropolitan Police
Service.

As with some other work studying immigration imgaatie need to take care to identify a
causal impact of immigration. To do so we adopt amther develop the enclave approach to
immigrant settlement pioneered by Card (2001) whactual immigration flows can be
instrumented by a predicted settlement variableeggad from overall immigration flows on the
assumption that new migrants go to live in locaiavhere earlier migrants from their origin
country also settled. As already noted, becausaredocussing on the 2000s in England and
Wales, the significant compositional change of strecture of immigration flows has important

implications for ensuring a causal impact of imratgyn can be identified. Our empirical analysis



takes care to ensure we are able to implemengafipsoach in a coherent manner for the setting

we study.

When we are able to implement a credible reseagsigd with statistical power, we find
no evidence of an average causal impact of immagrain criminal behavior, nor do we when
we consider A8 and non-A8 immigration separatelye ¥so consider London by itself as the
immigration changes in the capital city in the 20®&re very dramatic. Again, we find no causal
impact of immigration on crime from our spatial eometric analysis and also present evidence
from unique data on arrests of natives and immigrarich shows no immigrant differences in
the likelihood of being arrested.

The rest of the paper is structured as follows.Skction 2, we report descriptive
information on immigration trends, placing a partar focus on the changing nature of migration
flows. Section 3 discusses how to approach thisuinspatial econometric analysis and reports
evidence on when we are (and are not) able tsatihhe enclave approach productively for our
data. Section 4 reports evidence on the causaldngdammigration on crime. Section 5 then

shows the analysis of arrest rates for nativesnaigdants. Section 6 concludes.

2. Trendsin Immigration to England and Wales

Data

The main sources of immigration data for England &ales are the decennial Population
Census (1991, 2001 and 2011). For the inter-Cepestisd in the 2000s we are able to use data
from the Annual Population Survey (APS) which cevehe financial years 2004/2005 to
2010/2011. More details are given on these in tamBppendix. Both data sources show that the
nature of changing immigration was a significanépdmenon in England and Wales through the

2000s. They show the changes to be even more pnoadun London and, for that reason (and



because we have data on arrests by nationalitiydodon), we look at London separately in our
analysis.
Overall Immigration Trends

According to the 2011 Census, one in eight peapied in England and Wales — a total
of 7.5 million out of 56 million - were born abraadlhis shows a very big increase from 4.6
million (out of 52 million) in the previous Censims2001 which in turn was up from 3.6 million
(out of 50 million) in the 1991 Census. As FiguresHows, the share of immigrants therefore
almost doubled from 1991 to 2011 in England ande&/ahnd grew at a faster rate in the 2000s as
compared to the 1990s.

London has always been the main destination ofgoegs, and changes in the capital city
are even more marked. As the Figure shows, thes ffammigrants grew from 21.7 percent in
1991 to 27.1 percent in 2001 and reached 36.7 pence2011. Hence, a significant part of the
overall aggregate growth in the share of immigrdmaisveen 2001 and 2011 comes from London
(for the rest of England and Wales it increasedhf@O percent to 9.4 percent). In London the
immigrant population was 1.5 million in 1991, inased to 1.9 million in 2001 and grew 58
percent in the following ten years to reach 3 willby 2017>
The Changing Composition of Immigration

In the last decade, not only did the share of imamts increase but also there were
important changes in terms of the composition @irticountry of origin. In May 2004, eight
Eastern European countries (the so called A8) jbthe European UnidnThe A8 countries are
Estonia, Czech Republic, Hungary, Latvia, Lithua®aland, Slovakia and Slovenia. In January

2007 two more countries (the A2, Bulgaria and Raajagained access to the European Union.

> More details on sub-groups of these aggregate Gamsmbers are shown for England and Wales and loitdo

Table Al of the Appendix.
* Apart from the A8 countries, Cyprus (excluding tiart of the country under Turkish control) and tdahlso

joined the European Union.



For the A8 citizens there was no restriction to kvor live in the UK, as long as they registered
with the Worker Registration Scheme (requiremeat énded in 2011). The A2 citizens did face
restrictions to access to labour markets (whichewd in 2014).

This expansion of the European Union had a veryeligct on the UK. Results from the
2011 Census suggest that about 1.1 million peopke Wworn in countries which joined the EU in
2004 or afterwards (almost 600,000 of those weren o Poland). This has important
implications when studying the effect of immigratias the population of migrants from these
origin countries were low in the previous Census.

For example, as shown in the first panel of Tahlenthe 2001 Census Poland did not
feature in the top countries of UK residents barnai different country. Poland was actually
placed in 1%, accounting for only 1.3 percent of the immigraopulation. However, by 2011
Polish immigration is the fastest growing and itasked second, comprising 7.7 percent of the
immigrant population. The second panel of Tablédws that in London Poland was ranked' 18
in 2001, accounting for 1.5 percent of the immigraopulation, and as for the country as a whole,
it jJumped to second place by 2011 accounting fBp&rcent of the immigrant population.

Figure 2 reports the flows, rather than the stotkshow the same point. Prior to 2004,
the year of accession, flows from the A8 were mgigle. In 2004, they rose to about 53,000
people and this steadily increased to 112,000 iy 2@ecreasing to 77,000 by 2011. Thus the
increase in the A8 flows from 2004 has significardltered the composition of immigrant stocks
in England and Wales. This has implications thaiusth not be ignored or brushed over in
empirical analysis of the impact of immigration oteis time period, and this is what we turn to

in the next Section of the paper.



3. Empirical Approach
We plan to estimate spatial panel data models iafecand immigration flows, paying careful
attention to the means of identifying a causal iohgd immigration on crime. To do so we adopt
the previous settlement/enclave approach of erguhat the direction of causation flows from
the immigrant variable to the outcome of interegtne.
Estimating Equations

For spatial data over time, our main equation oérest (expressed in differences for
spatial units between periodl andt-1, denoted by the difference operatgrrelates to the crime

rate to the immigrant/population ratio as:

( Crime ) B (Immigrants (1)

) + B, AXt Ty + g,

Population/

where X contains a set of time-varying controlss @ common time effect areds an error term.

The principal empirical challenge in estimating tkey parameter of interegi is, as
already stated, the issue of possible reverse ttansaWe therefore use a 'previous settlement’
type instrumental variable to predict the immigrahare. The logic of this arises from the notion
that immigrants tend to settle in areas where tlseaéready a high share of immigrants from their
country of origin (what we call enclaves).

More formally, the instrumental variable we useptedict the change in the share of
immigrants for spatial unit s at initial time peti, is the following:

(2)

APy= /Population, o

D (g M)Al
C

where we use the initial distribution of immigrarftem country ¢ and allocate the flow of
immigrants from that country between period 0 andctording to that distribution in time 0. We
do this for 17 countries or country groups and gbm predicted immigrant shares from each

country. The selection of countries was based éir importance as immigrant sending countries
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or regions to the UK.We also include in the prediction an additionahduy variable for
whether areas historically had a high immigratibars, defined as 20 percent or over in the 1991
Census.

The Changing Composition of Immigration to England Wales

As the descriptive analysis of Section 2 showedheperiod and context we study the
composition of migrant flows was dramatically adteby a big influx of migrants from different
places than before. This has a potentially impadri@pact on the usefulness or otherwise of the
enclave type instrument described in equation (¥& therefore need to be careful in our
empirical analysis to ensure that this changing mmsition does not invalidate the use of the
enclave instrument.

Figures 3A and 3B show enclave patterns for diffesending regions and time periods
across the local authorities in England and Walgse horizontal axis shows the relative
immigrant share ratio: the share of immigrants frmuantryc that lived in the spatial ungin the
yeart, divided by the share of total immigrants that livedspatial unit s in the yeds. Values
larger than one imply that the sending couwtry over-represented in the spatial wgmélative to
the average total immigrant population. A largeueafor the relative immigrant share from
country c thus characterises an enclave. If weesgmt the immigrants coming from country c as
I, the vertical axis shows the change in the ratpppulation of every spatial urstin the period
to to . A positive correlation between the relative immaigt share ratio and the change in the
immigrant population from country ¢ would suggdsttnet immigrant flows go to spatial units
where there was already a significant settlemenitmohigrants from that country (established

enclaves).

* The 17 groups are: Ireland, European Union coemitais of 2001, A8 countries, Rest of Europe, In@akistan,
Bangladesh, Sri Lanka, Rest of Asia, Kenya, Soutit#, Ghana, Rest of Africa, Jamaica, North Am&riRest of
America and Oceania.
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Figure 3A shows illustrative selected enclavesepast for the period 2001-2011. The left
column is for immigrants from India and Pakistarm d@he right one is for immigrants from A8
countries. We can see that the patterns are coehpld@ifferent. The case of India and Pakistan,
which are traditional sending countries, shows sitpp@ correlation, suggesting that there are
established enclaves which are attractors for éutaigration inflows. On the contrary, the right
column for A8 countries shows a negative or nultrelation between the variables. This
illustrates the fact that the A8 countries are sewding countries, and as such there were almost
no established enclaves in 2001 (the only excepsidime London borough of Ealing which had a
large Polish concentration). From Figure 3A we netlmat using instrumental variables that rely
on the previous settlement argument could be misigan the case of new sending countries.

Figure 3B focuses on the A8 countries. It shows shme enclave patterns plots for
England and Wales (upper panel) and London (loweel), and for different time periods: 2001-
2011 (left column) and 2004-2011 (right columinhe patterns prove to be sensitive to the
period considered. When we analyse the inter-Ceneesde of 2001-2011, there were no
established enclaves to predict future A8 flowswieer, the Figure shows that some local
authorities experienced a high increase in the ABiigrant share (like Haringey or Newham)
which can be indicative of a future enclave. In #894-2011 time period we can already see a
positive correlation between the relative A8 imnaigrshare and the difference in A8 share of the
local authority population. This suggests that @©£/5-2005/6 period (in the 2 years following
the accession to the European Union), the A8 imamigyr settled and formed new enclaves (where
the horizontal axis has values larger than one)thadthe following net flows of A8 immigrants

went to those same places, such as Haringey, Newhaiso to the pre-existent enclave Ealing.

> 2004 corresponds to the financial year 2004/5201d. to the 2010/2011. The relative share in thizbotal axis is
calculated considering the average distributiod(f84/5 and 2005/6 to gain precision, but the resalto hold when
considering only the 2004/5 cross-section.
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Therefore, we can conclude from this analysis it use of previous settlement
arguments as a means of defining instrumental bi@sais likely to not be valid for the period
2001-2011 and also that it may work better wheneathelaves from the new sending countries
already formed. We assess this issue more rigoroastl across all migrant groups, in statistical

models reported in the next Section of the paper.

4. Spatial Empirical Models of Crimeand I mmigration
Data
We report estimates of the spatial empirical mofeaksed upon local area data from England and
Wales. Our crime data covers all local authoritieEngland and WalesThis is reported on an
annual basis on consistent definitions since thanicial year of 2002/3. Prior to that a significant
crime recording change occurred, which precludedyars from before then. We therefore use
annual data on recorded notifiable offences by maffence type from the 43 Police Force Areas
of England and Wales for the financial years 200@322011/2012, at local authority level. We
have information on all crimes recorded by thegmland we also consider this broken down into
violent and property crimes in some of our analyd®re information is given in the Data
Appendix.

Figure 4 shows what has happened to crime ovestody period. The crime rate for all
the country decreased from 97 per 1,000 populatid®z002 to 67 per 1,000 population in 2012.
London also experienced the same trend, but irehilgivels: the crime count decreased from 122
per 1,000 population to 91 per 1,000 populatiorthie same period. The downward trend was
common to both property and violent crimes.

The immigration data comes from the 2001 and 2Q&hsus and from the Annual

Population Surveys (APS) that are available onrarual basis since 2004. We need to consider

® There are 348 local authorities in England andaal/al
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both of these to more formally probe further irtistecal models the graphical analysis regarding
the suitability of the enclave instrument & discussed in the previous Section of the pajer.
have constructed various immigration stocks from@ensus and APS for 347 local authorfties
and this is the spatial units we study. Within thiagre are 33 London boroughs and we also
analyse them separately given the interesting ‘ex@at’ offered by the very rapid immigration
changes seen in the 2000s in the capital city.

Figure 5 shows the spatial distribution of crinsges and immigrant/population ratios
across local authorities in 2011. It is evidenthis cross-sectional comparison that the darker
areas (indicating higher rates) do coincide to gree across the two charts, indicating a positive
correlation between immigration and crime. But gy implies that immigrants tend to settle in
big cities like London, Manchester or Birminghamend crime rates are high, but also where
they can presumably find better working opport@sitiHowever, and as we have maintained
throughout, it is important to look at changes asrgpatial units over time (so as to net out
unobserved fixed differences) and to be carefubdopt a research design that try to ensure
causality, which are the issues we next turn tuinstatistical analysis.

Statistical Analysis — First Stage
The empirical models reported in Table 2 analyse question of the suitability of the

enclave instrument more formally. To do so we estéarihe following first stage equation:

@)

Immigrants
< ) = SlAPSt+ 82AX3t+ Tt + USt

Population/

Estimates of (3) are given in Table 2, for varidasa configurations and measures of the

immigrant/population rati6. The upper panel shows results for the 347 locdlaaities across the

" This excludes one very small local authority —Igles of Scilly — for which the sample sizes wjerst too small.
8 The control variables we include in the differethcequations are: population growth, the changehim t
unemployment rate, the change in the share of nagled 15-39 and a dummy variable for the 33 Lorumoughs,
the latter allowing for differential trends betwekondon and the rest of the country. For more peedefinitions,
and sources, see the Data Appendix.
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whole of England and Wales, and the lower panelttier33 boroughs that are the 33 London
local authorities. Six specifications are showne@iications (1) and (2) show first differenced
estimates based on Census data in 2001 and 204 Hifterence between the two being that
police force area fixed effects are not includedhi@ former but are included in the latter (there
are 43 police force areas of England and Wale2gpalice forces in London). Specifications (3)
through (6) define the start year as 2004, the péak8 accession, and show first differenced
models from the 2004/5 and 2010/11 APS data. InAfR8 we can define immigrants based on
country of birth and nationality (unlike in the Geis where we can only define the former in
2001 and 2011) and so specifications (3) and @)pased on country of birth (again without and
with police force area fixed effects), whilst (3)da(6) are based on nationality.

Considering first the Census results in specificegi (1) and (2), it is evident that the
enclave instrument predicts the actual change imigration well for the whole country (as
shown in the upper panel) but not at all well fandon (as shown in the lower panel). For the
latter the F-test for the instrument is very low the estimated coefficient ongHs not
significantly different from zero. This highlighes first possible concern about the effects of
changing composition for use of the enclave insénin

If, however, the year of accession is used as theg gear, as in the APS models in
columns (3) to (6), things are a lot better. In48Y (4), the magnitudes of the coefficients on the
country of birth based immigrant/population ratae larger than in the Census and the F-tests
are strongly significant for both England and Wadesl London. In (5) and (6), where a
nationality based immigrant/population ratio is digbe instrument performs reasonably well,
though is on the margins in London. For the lateason, we focus on the country of birth

variable in the rest of our analySis.

° Nationality is not as stable as country of bieth,a person's nationality status can change awer tisually eligible

non-European citizens apply to get the UK natidpaind in this way avoid restrictions to work. Acgdimg to the

Annual Population Survey, the average share ofidmational in England and Wales increased frompeetent in
11



The results given in Table 3 probe the compositjaestion further by breaking up the
instrument into A8 and non-A8 immigrant/populatimtios. This makes it very clear how the
changing composition is affecting the suitabilityatherwise of the enclave instrument. For the
Census 2001 to 2011 differenced models for EngéamtiWales, the non-A8 immigrant variable
predicts strongly, but the A8 immigrant variablenist significant. For London, the A8 variable
has no explanatory power at all, and the non-A&abée is very weak. This casts strong doubt on
using the enclave instrument in the 2000s using20@l settlement patterns to predict actual
immigration flows.

A far better position emerges if 2004 is used as ithitial year. This is shown in
specifications (3) and (4) of Table 3. For Englamdl Wales as a whole and for London, both the
enclave based predicted A8 and non-A8 immigrantifamn ratios are strongly related to the
actual changes. Thus, we believe these spectitabffer a sound first stage that we can use to
go on to study the impact of changes in immigrabonchanges in crime in the 2000s. We will
consider that next, before also showing some rolegstchecks that address some other possible
concerns about our means of identification.

Statistical Analysis — Second Stage

We now consider estimates of the change in crimoeeihgiven in equation (1) above.
Before doing so, it is worth considering the scattég of spatial changes in crime rates and
changes in immigrant population shares which imgin Figure 6. For England and Wales, the
purely descriptive Figure actually shows a negategression slope. It is noteworthy that the
places where the very big increases in immigramresh have occurred do not seem to be
characterised by increased crime. For London, tisea@ upward slope, but it is not strong and is

nowhere near statistical significance. From theggirEs, there seems to be no evidence of a

2004/5 to 7.7 percent in 2010/11 and from 18.0 grréo 21.5 percent in London. See the Data Appefodimore
details.
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positive crime-immigration link. However, these rawrrelations need to be subjected to the
more rigorous statistical analysis.

Table 4 therefore shows estimates of equation ¢figsa six specifications, again in the
upper panel for England and Wales and the loweelpfan London. Specifications (1)-(3) and
(4)-(6) differ in that the former do not includeetpolice force area fixed effects, whilst the latte
do. Specifications (1) and (4) are ordinary leagtases estimates. For both England and Wales,
these show no significant correlation between chamg crime and changes in immigration.

The other four specifications are instrumentalatale estimates, where (2) and (5) use the
relevant first stages from Table 1 (what we cadl #iygregate instrument) and (3) and (6) use the
relevant first stages from Table 2 (the separateaA® non-A8 instruments). In all four cases,
there is no significant empirical connection betweshanges in crime and changes in the
immigrant/population ratio. This is the case foiglamd and Wales, and for London. In the latter
the estimated coefficients are a little large ingmitude, but never approach statistical
significance. Table A2 of the Appendix also confirrthis to be the case when we consider
violent and property crimes separately.

Thus, it seems we can find no evidence of a coforettetween crime and immigration
from our descriptive analysis and from our causakarch design. It seems that, despite the very
rapid changes in immigration that occurred in Endland Wales in the 2000s, they were not
connected to increases in crime.

Robustness Checks

We have subjected our core findings of Table 4 tmumber of robustness checks. These
are reported in Table 5. There are three main cheekundertook:

i) Specifications (1) and (2) show that the resulésrabust to considering specifications

defined in changes in logs rather than changesvield;
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i) Adding a (suitably instrumented) lagged dependemtiable’®, whilst showing
evidence of spatial crime persistence, actuallyltesn the coefficient on the change
in the immigrant/population ratio turning negatiftbough remaining insignificantly
different from zero);

iii) Because of the 2002 crime recording changes welatd@d at the crime type that
was least affected by these changes, namely byrdtaralso implement a dynamic
crime model*! Again, there is evidence of spatial crime persiste but the core
finding of no connection between changes in crimd ahanges in immigration
remains intact.

Separate A8 and non-A8 Effects

In the previous section, we have only distinguishetiveen the A8 group of migrants and
other migrants in the first stage regressions. Hawneit is possible that they are differentially
correlated with changes in crime. Thus, in Tableebestimate separate regressions using A8 and
non-A8 immigrant/population ratios as explanatoayiables. Again we are unable to detect any

evidence of a causal crime-immigration, for eitther A8 or non-A8 groups.

5. Arrests by Immigrant Status
So far, we have analysed recorded crime data whererime counts we have are not available
broken down by immigrant status. To shed more laghthe criminal behaviour of foreignerts-

a-vis natives, we have been able to obtain data ontarbgsnationality from the Metropolitan

%\e are severely constrained in this exercise byctime recording changes that came into placeifirthe 2002
recording year with the adoption of the Nationain@r Recording Standard by the 43 police forcesrigl&nd and
Wales. This means that there are no available coabfga crime records before then. So the lagged rdkge
variable is the change in crime between 2002 afd 2@ a first differenced specification the coeiffnt on the lag is
biased and so we need to instrument it which wesiiog the 2002 crime rate. This is strongly cotesla- the F-test
of the first stage regression was 13.7 for England Wales and 132.68 for London. See the Data rgipeor
more details on the recording changes.
1 See Simmons, Legg and Hosking (2003) for evidehe¢ burglary was less affected by the crime reogrd
changes as compared to other crimes (notably \tickémes).
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Police Service (MPS), the police force that ovessealicing in 32 boroughs of LonddhWe can
thus present a brief empirical case study of Lonahare we can study arrest rates of immigrants
and natives.

We have monthly data covering the time period J20@9 to June 2012. For the 32
London boroughs we have counts of arrests brokevnday nationality and age. We use APS
data to construct arrest rates for UK nationalsramatUK nationals by borough and age range (0
to 9, 10 to 15, 16 to 24, 25 to 34, 35 to 49, 564065 to 74 and over 75 years oftl).

Table 7 shows some summary statistics on these Tagaoverall monthly arrest rate for
immigrants is higher at 3.8 arrests per 1000 pdjmmahan that for the 2.8 arrests per 1000
population of UK nationals. However, this includesests for immigration related offences, so it
seems natural to exclude these. Nonetheless, tbst aate is still higher by 0.7 arrests per 1000,
and significantly so as the final column of the [Bakhows. The Table also shows that the crimes
for which people were arrested are similar in tipeafile for both groups, with assault and theft
arrests ranking first and second for non-UK andnéiionals.

It might be tempting to conclude from this thatestrrates are higher among non-UK
nationals. However, there is another importantuieatto consider, in that the demographic
structures of the two groups are different, palidy with respect to age. As crime is committed
more by younger people this need to be taken iodount. Figure 7 shows the distribution of the
total population and the arrested population byagenationality status. We can see that the age
distribution of the population is very differentrfJK and non-UK nationals, and the Figure
basically confirms that most of the non-UK nati@nate in their mid 20s to mid 30s, the age in

which arrests are higher.

2 There is a separate police force for th& B8rough, the City of London.
13 The reason for using APS rather than Census slatei the way nationality is defined by the pol&enuch closer
to the APS definition. See Data Appendix for mer®imation.
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In Table 8 we therefore pool the eight age groupthb two nationality groups across the
32 London boroughs and estimate an arrest rateieguéirst only including a nationality status
dummy, then borough fixed effects and then ageedixgd effects. The first two specifications
just reproduce the significant positive associaieeen in the summary statistics of Table 7.
Inclusion of the borough fixed effects reducesdhps, but it remains positive and significant (at
the 10 percent level). However, the age controlstenand completely wipe out the positive
effects as seen in specifications (4) and (5). 88 of the Appendix shows the differential
arrest rates for violent and property offences. fihdings are the same as for total offences: a
significant higher arrest rates for non-UK nati@ndisappears once we control for age.

Thus, it is not that foreign nationals are arrestedre, but the fact that they are
concentrated in young ages and crime is higher gstgrounger people. This is in line with the
notion that immigrants' criminal behaviour is adyy@omparable to that of natives. The arrests
case study of London thus corroborates the ovenalings from our spatial econometric analysis

and confirms we are unable to detect evidencepafsitive crime-immigration link.

6. Conclusions

In this paper we offer some new evidence on whebimer can detect an empirical connection
between crime and immigration. To do so, we comsite very significant changes in
immigration that occurred in England and Wales dker2000s, where the share of immigrants in
the total population rose by over 60 percent betmtbe 2001 and 2011 Census years. With this
change came a significant change in the compositiammigrants as the opening up to the A8
countries in 2004 resulted in a big immigrationrease to England and Wales from countries

where the prior number of immigrant settlements redetively low.

In our modelling approach, we are careful to emdhat we are able to implement the

enclave instrument traditionally used in the imratgn research area in an effective way. For
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that purpose we have to define a start year dfeeopening up to A8 migration. When we do so,
we find that the enclave instrument predicts wslittee new migrants formed enclaves rapidly.
Adopting this empirical approach to implement assduesearch design, and contrary to the
‘immigration causes crime’ populist view expresgegome media and political debate, we find
no evidence of an average causal impact of immagradn criminal behaviour. This is also the
case when we study A8 and non-A8 immigration seépBraWe also study London by itself as
the immigration changes there were very dramatgaid we find no causal positive impact of
immigration on crime from our spatial econometritalgsis and also present evidence from
unique data on arrests of natives and immigranistwds well shows no immigrant differences in

the likelihood of being arrested.
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Figure 1: Immigrant Shares, Census 1991, 2001 and 2011
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Figure 2: Immigrant Inflowsto England and Wales by country groups, 2001-2011
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Figure 3A: Enclave Patterns. Census, 2001-2011
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Figure 3B: Enclave Formation

England and Wales: A8 Enclaves 2001-2011
Slope (SE) = -0.003 (0.001)

England and Wales: A8 Enclaves 2004-2011
Slope (SE) = 0.003 (0.001)

.08

.06

.06 .08
Il Il Il

.04

.02
Il

Change in A8 Population Ratio 2001-2011
0
1

-.02

.01 .02 .03 .04 .05 .06 .07
Il Il Il Il Il Il Il Il

Change in A8 Population Ratio 2001-2011

-02-01 O

2 3 4
Relative A8 Share 2001

London: A8 Enclaves 2001-2011
Slope (SE) = 0.005 (0.010)

oNeWham o Haringey

OEaling
o
o
©_o o Merton
o
e e
o
(<] %0 © o o
o
o o ®
o c)o o
o o
T T T T
1.5 2

1
Relative A8 Share 2001

Change in A8 Population Ratio 2004-2011
0
Il

-.02

.01 .02 .03 .04 .05 .06 .07
1 L L L L 1 1 1

Change in A8 Population Ratio 2004-2011

-02-01 0

1 2 8 4 5 6
Relative A8 Share 2004/5
London: A8 Enclaves 2004-2011
Slope (SE) = 0.010 (0.004)
0
° o oHaringey

oMerton

OEaling

1 1.5
Relative A8 Share 2004/5

Notes: The horizontal axis shows the relative intanig share ratio: the share of immigrants from ¢gunthat lived in the spatial ungin the yeatt, divided by the share of total
immigrants that lived in spatial unit s in the y&aiThe vertical axis shows the change in the ratimignant/population of every spatial urstin the periodd4to t,. The slope and
standard error of each regression is obtained &0MLS regression with population weights. Spaiiads with less than 65,000 usual residents wectudrd. The differences
2001-2011 are calculated with the Census dataten@d@04-2011with the APS, considering the relativares as an average of the share in 2004/5 ard6200



Figure 4: Evolution of Crime Rates
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Figure5: Crime Rates and Immigrant Shares Across L ocal Authorities, 2011
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Figure 7: Distribution of London Population and Arrested Population by Age
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Table 1. Immigrant Composition by Country of Birth, Censusand Annual Population Survey

Census, 1991 Census, 2001 Annual Population Survey, 2005 Census, 2011
Country of Birth Country of Birth Country of Birth Country of Birth
Rank Country % Share of Rank Country % Share of Rank Country % Share of Rank Country % Share of
Immigrants Immigrants Immigrants Immigrants

A. England and Wales

1. Ireland 15.7% 1. Ireland 10.2% 1. India 9.8% 1. India 9.3%
2. India 11.0% 2. India 9.8% 2. Ireland 7.2% 2.Poland 7.7%
3. Pakistan 6.2% 3. Pakistan 6.6% 3. Pakistan %5.6 3. Pakistan 6.4%
4, Germany 5.6% 4, Germany 5.3% 4, Bangladesh %4.4 4, Ireland 5.4%
5. Jamaica 3.9% 5. Bangladesh 3.3% 5. Germany % 4.4 5. Germany 3.6%
11. Poland 1.9% 17. Poland 1.3%
Immigrants: 3.6 Million Immigrants: 4.6 Million nmmigrants: 5.4 Million Immigrants: 7.5 Million
B. London
1. Ireland 14.8% 1. India 8.9% 1. India 14.8% l.India 8.7%
2. India 10.4% 2. Ireland 8.1% 2. Bangladesh %0.4 2. Poland 5.3%
3. Jamaica 5.3% 3. Bangladesh 4.4% 3. Ireland %5.3 3. Ireland 4.3%
4, Kenya 3.9% 4, Jamaica 4.1% 4, Jamaica 3.9% MNigeria 3.8%
5. Bangladesh 3.9% 5. Nigeria 3.6% 5. Nigeria 3.9 5. Pakistan 3.8%
17.  Poland 1.5% 18. Poland 1.1% 6. Poland .5%3
Immigrants: 1.5 Million Immigrants: 1.9 Million Immigrants: 2.1 Million Immigrants:3.0 Million

Notes: Population by country of birth was obtaifrean the 1991, 2001 and 2011 Census and for 200dmy@oyed the APS for the financial year 2004/5.the Census years
we ranked the countries according to the list afnddes available in the detailed country of bidbles (retrieved from the Nomis website).
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Table 2: Changesin Immigrant Shares Across L ocal Authorities, Census and Annual Population Survey

Dependent Variable: Changein Immigrant Share

Census, 2001-2011 Annual Population Survey, 2000/83/11

Country of Birth Country of Birth Nationality

1) (2) 3) (4) (5) (6)
A. England and Wales
Predicted Change in Immigrant Share 0.353 (0.059) .359(0.067) 0.560 (0.098) 0.574 (0.095) 0.41286)0 0.448 (0.089)
High Historical Immigrant Share -0.050 (0.010) 4100.011) -0.054 (0.012) -0.054 (0.013) -0.04010) -0.041 (0.012)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects No Yes No Yes No sYe
F-Test 20.18 15.04 18.15 19.02 13.48 14.12
Sample Size 347 347 347 347 347 347
B. London
Predicted Change in Immigrant Share 0.150 (0.105) .153(0.107) 0.698 (0.130) 0.674 (0.130) 0.43040)1 0.474 (0.149)
High Historical Immigrant Share -0.020 (0.016) Z1Q0.016) -0.063 (0.016) -0.062 (0.016) -0.03619) -0.040 (0.014)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects No Yes No Yes No sYe
F-Test 1.05 1.05 14.98 13.85 4.94 5.83
Sample Size 33 33 33 33 33 33

Notes: Weighted by population. High Historical Ingm@nt Share is a dummy variable equal to one ifiimaigrant Share in 1991 Census (defined by thaiméry of birth) of the
local authority is greater than 0.20. Controls a@pulation growth, the change in the unemploymatg, the change in the share of males aged 15@% alummy variable for
the 33 London boroughs. Robust standard errorarnenheses.
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Table 3: Changesin Immigrant Shares Across L ocal Authorities, Census and Annual Population Survey, A8 and non-A8 instruments

Dependent Variable: Changein Immigrant Share

Census, 2001-2011 Annual Population Survey, 2000/83/11

Country of Birth Country of Birth
(1) 2 3 4
A. England and Wales
Predicted Change in A8 Immigrant Share 0.182 (0.157 0.144 (0.174) 0.530 (0.194) 0.527 (0.188)
Predicted Change in non-A8 Immigrant Share 0.4330@) 0.469 (0.120) 0.583 (0.143) 0.622 (0.165)

High Historical Immigrant Share -0.049 (0.010) 4B8Q00.011) -0.054 (0.012) -0.055 (0.014)
Controls Yes Yes Yes Yes

Police Force Area Fixed Effects No Yes No Yes
F-Test 13.58 9.82 13.02 13.23
Sample Size 347 347 347 347

B. London

Predicted Change in A8 Immigrant Share -0.011 @.27 -0.000 (0.279) 0.675 (0.284) 0.547 (0.269)
Predicted Change in non-A8 Immigrant Share 0.2280Q) 0.227 (0.198) 0.730 (0.269) 0.840 (0.270)

High Historical Immigrant Share -0.016 (0.017) 17Q0.018) -0.063 (0.017) -0.064 (0.017)
Controls Yes Yes Yes Yes
Police Force Area Fixed Effects No Yes No Yes
F-Test 0.68 0.67 10.60 9.84
Sample Size 33 33 33 33

Notes: Weighted by population. The instrument foaroge in immigrant share is disaggregated into &ard a non-A8 instruments. High Historical Immigr&hare is a dummy
variable equal to one if the Immigrant Share in 1€%nsus (defined by their country of birth) of theal authority is greater than 0.20. Controls. @@pulation growth, the
change in the unemployment rate, the change ishthee of males aged 15-39 and a dummy variabkhéo83 London boroughs. Robust standard errorarerpheses.
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Table4: Changesin Crimeand Immigration

Dependent Variable: Changein Crime Rate

Annual Population Survey, 2004/5-2010/11, CounfrBioth

OoLS IV Aggregate IV A8 and non-A8 oLS IV Aggregate 1V A8 and non-
A8
@) 2) 3) 4 5) (6)
A. England and Wales
Change in Immigrant Share -0.069 (0.043)  0.0057@).0 0.003 (0.077) -0.051 (0.035) 0.007 (0.078) 0.(D078)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects No No No Yes Yes sYe
Sample Size 347 347 347 347 347 347
B. London
Change in Immigrant Share 0.042 (0.077) 0.1000@M.0  0.099 (0.091) 0.092 (0.059) 0.120 (0.088) 0.(0D893)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects No No No Yes Yes sYe
Sample Size 33 33 33 33 33 33

Notes: Weighted by population. Second stage estsnasing first stages of Table 2 and Table 3. Hhggtorical Immigrant Share is a dummy variable édgoaone if the
Immigrant Share in 1991 Census (defined by theinty of birth) of the local authority is greatéah 0.20. Controls are: population growth, the gean the unemployment rate,
the change in the share of males aged 15-39 ancheny variable for the 33 London boroughs. Robutdard errors in parentheses.
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Table5: Robustness Checks

Annual Population Survey, 2004/5-2010/11, Counfricth
Change in Log Crime Rate Change in Crime Rate,
Crime Dynamics

Change in Burglary Rate,
Burglary Dynamics

First Stage Second Stage

First Stage

Second Stagest Stage Second Stage

1) )

@)

(4) (©) (6)

A. England and Wales

Predicted Change in Immigrant Share

0.586 (0.162)

0.555 (0.099)

0.558 (0.097)

High Historical Immigrant Share -0.158 (0.045) 085 (0.0145) -0.055 (0.014)

Change in Immigrant Share 0.008 (0.060) -0.1180D 0.011 (0.017)
Change in Crime/Burglary Rate, 2002-2004 0.47524) 0.292 (0.042)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes Yes s Ye Yes
F-Test 14.56 18.65 18.54

Sample Size 347 347 347 347 347 347
B. London

Predicted Change in Immigrant Share 0.761 (0.460) 0.726 (0.162) 0.671 (0.136)

High Historical Immigrant Share -0.159 (0.050) 085 (0.017) -0.048 (0.020)

Change in Immigrant Share 0.019 (0.183) - 0.@B056) 0.010 (0.017)
Change in Crime/Burglary Rate, 2002-2004 0.18Q21) 0.266 (0.074)
Controls Yes Yes Yes Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes Yes s Ye Yes
F-Test 10.04 - 13.70 - 10.21 -
Sample Size 33 33 33 33 33 33

Notes: Weighted by population. High Historical Ingm@nt Share is a dummy variable equal to one ifrifraigrant Share in 1991 Census (defined by thaiméry of birth) of the
local authority is greater than 0.20. Controls a@pulation growth, the change in the unemploynnatg, the change in the share of males aged 15@% aummy variable for
the 33 London boroughs. Robust standard errorariantheses. In columns 3 and 5 there are two msinted endogenous variables and the Angrist-Pischitevariate F test of
excluded instruments is reported. Burglary and €nates are burglary and crime counts divided ta} fiopulation from the APS.
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Table6: IV Estimatesfor A8 and Non-A8 Immigrant, Separ ate Regressions.

Dependent Variable: Changein Crime Rate

Annual Population Survey, 2004/5-2010/11, Counfricth

A8 Immigrant Share

Non-A8 Immigrant Share

First Stage Second Stage First Stage Second Stage
1) 2) 3) 4)
A. England and Wales
Predicted Change in A8 Immigrant Share 0.289 (0.075
Predicted Change in Non-A8 Immigrant Share 0@2151)
High Historical Immigrant Share -0.046 (0.014)
Change in A8 Immigrant Share -0.429 (0.275)
Change in Non-A8 Immigrant Share 0.045 (0.096)
F-Test 14.91 9.35
Controls Yes Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes Yes
Sample Size 347 347 347 347
B. London
Predicted Change in A8 Immigrant Share 0.213 (0.091
Predicted Change in Non-A8 Immigrant Share 0@2262)
High Historical Immigrant Share -0.054 (0.019)
Change in A8 Immigrant Share 0.130 (0.469)
Change in Non-A8 Immigrant Share 0.117 (0.130)
F-Test 5.37 6.24
Controls Yes Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes Yes
Sample Size 33 33 33 33

Notes: Separate population weighted regression&8and non-A8 immigrants. High Historical ImmigteBhare is a dummy variable equal to one if the ignamt Share in 1991
Census (defined by their country of birth) of tleedl authority is greater than 0.20. For A8 redoessthis dummy is not included as there was nallacithorities with high
historical A8 immigrant shares. Controls are: pagiah growth, the change in the unemployment e change in the share of males aged 15-39 amndheny variable for the
33 London boroughs. Robust standard errors implaeses.
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Table7: Arrestsin London by Nationality, June 2009-June 2012, Summary Statistics

UK Nationals Non-UK Nationals Difference
@) 2 3
Arrest Rate 2.822 0.199) 3.814 (0.190) 0.992 (0.306)
Arrest Rate, Without Immigration Offences 2.820L@@) 3.540 (0.199) 0.720 (0.293)
Main Offence 1st (% Offences) Assault (21.08%) Assault (18.56%)
Main Offence 2nd (% Offences) Theft (12.86%) Theft (18.46%)
Main Offence 3rd (% Offences) Drugs(10.49%) Immigration (7.31%)

Notes: From numbers supplied by the MetropolitalicB&ervice through a Freedom of Information Asjuest. Arrest Rates are calculated as the averagthly arrest counts
for all the period studied (June-2009 to June-2@3/2) the average total population obtained fromARS 2008/9, 2010/11 and 2011/12. Standard emgarentheses.

34



Table 8: Differential Arrest Rates by Nationality, L ondon, 2009-2012

Dependent Variable: Monthly Arrest Rate
per 1,000 population (June 2009to June 2012), L ondon Boroughs

1) 2) 3) 4) (5)
Non-UK national 0.992 (0.306) 0.720 (0.293) 0.48265) -0.048 (0.212) -0.222 (0.148)
Borough Fixed Effects No No Yes No Yes
Age Fixed Effects No No No Yes Yes
Immigration Offences Yes No No No No
Constant 2.822 (0.196) 2.820 (0.196) 3.369 (1.030) 3.287 (0 .212) 3.943 (0.278)
Sample Size 512 512 512 512 512

Notes: Non-UK national is a dummy variable equathe when the nationality of the individual is k. Age Range comprises eight age bands: 0 to 8 18, 16 to 24, 25 to
34, 35 to 49, 50 to 64, 65 to 74 and older tharSanple size is the number of cells (a cell isralmoation of nationality status -UK, non-UK-, agand and borough). Robust
standard errors in parentheses. Data on arreststfre Metropolitan Police Service and populatimmfthe APS.
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Appendix

Table Al: Detailed Immigrant Compaosition from Census 1991, 2001 and 2011, Country of Birth

Census, 1991 Census, 2001 Census, 2011

A. England and Wales

Immigrant Share 0.072 0.089 0.134
Of which:

Ireland 0.160 0.106 0.053
EU 15 0.142 0.126 0.107
A8 0.021 0.020 0.116
Rest Europe 0.063 0.041 0.054
Asia 0.317 0.390 0.383
Africa 0.130 0.170 0.178
America 0.137 0.118 0.089
Oceania 0.030 0.029 0.020
B. London

Immigrant Share 0.217 0.271 0.367
Of which:

Ireland 0.150 0.082 0.043
EU 15 0.101 0.107 0.108
A8 0.017 0.020 0.102
Rest Europe 0.074 0.050 0.076
Asia 0.306 0.335 0.327
Africa 0.176 0.242 0.210
America 0.149 0.129 0.108
Oceania 0.028 0.035 0.027

Notes: Population by country of birth was obtaifredn the 1991, 2001 and 2011 Census (retrievedigirohe Nomis website).

36



Table A2: Changesin Crime and Immigration by Crime Types

Dependent Variable: Changein Crime Rate
Annual Population Survey, 2004/5-2010/11, CounfrBioth

Total Crime Violent Crime Property Crime

v v v

(1) (2) 3)
A. England and Wales
Change in Immigrant Share 0.007 (0.078) -0.0102(0.0 0.017 (0.062)
Controls Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes
Sample Size 347 347 347
B. London
Change in Immigrant Share 0.120 (0.088) 0.0111@).0 0.109 (0.077)
Controls Yes Yes Yes
Police Force Area Fixed Effects Yes Yes Yes
Sample Size 33 33 33

Notes: As for Table 4. Total crime is the sum odgerty and Violent Crime. Property Crimes inclumeglary, theft and criminal damage, while Viol&€rimes include violence
against the person and robbery. Crime rates asenaut dividing the crime counts by total populatazcording to population figures from the APS.
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Table A3: Differential Arrest Ratesby Nationality and Offence Type, L ondon, 2009-2012

Dependent Variable: Monthly Arrest Rate
per 1,000 population (June-2009 / June-2012), L ondon Bor oughs

Violent Offences Property Offences
&) 2 3) 4) ®) (6)

Non-UK national 0.270 (0.099) -0.032 (0.071) -0.@eD57) 0.277 (0.099) 0.095 (0.075) 0.055 (0.050)
Borough Fixed Effects No No Yes No No Yes
Age Band Fixed Effects No Yes Yes No Yes Yes
Immigration Offences No No No No No No
Constant 1.160 (0.072)  1.400 (0.092) 1.749(0.13@.693 (0.052) 1.123(0.084) 1.280 (0.083)
Sample Size 512 512 512 512 512 512

Notes: As for Table 8. Property Offences includegtary, theft and criminal damage, while Violerffédces include violence against the person andenhb
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Data Appendix
1. Administrative Units
We construct administrative units that are comgdarakier time to build spatial panels of socio-
demographic and crime variables. The geographrealsastudied are England and Wales, which
are divided into Local Authorities (LAs). The peationder analysis is mainly the decade 2001-
2011. Before 2009 there were 376 LAs in England aviales: 33 London Boroughs, 36
Metropolitan Districts and 238 Districts in Englaand 22 Unitary Authorities in Wales. In April
2009 an administrative reform took place which egsd the existing configuration of the LAs.
In that occasion new LAs were created: five cowntreere abolished and gained district
functions (Cornwall, County Durham, NorthumberlaBthropshire and Wiltshire), the county of
Bedfordshire was split into two LAs and the couafyCheshire was as well abolished and split
into two LAs. Taking into account these changebdable to employ pre and post 2009 datasets
we constructed 348 spatial units that are comparaizr time.
2. Socio-Demographic Variables
There are two main sources of information for sa@omographic variables (including
immigration variables) which are available at thA level for the period under study: the
Population Census and the Annual Population Sui&B\s). In the case of the Census we can get
the data for the 348 spatial units of our paneltha APS we do not have data for the least
populated LA (Isles of Scilly, which has a popuwatiof only 2,203 usual residents according to
the 2011 Census). Consequently the main analysigrigland and Wales is carried out for 347
comparable spatial units. For London the 33 borewgk consistently defined over time.
Regarding the decennial Population Census, we gntp® 1991, 2001 and 2011 Census. The
Census is an official count of the population amdviges better estimates of the population
characteristics than any survey, especially inllac@as. But its drawback is the large gap in time

between each Census.
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In particular for this study, having inter-Censwsadproved to be crucial for the identification
strategy exploited. Therefore we also employ thewah Population Survey (APS) conducted
quarterly by the Office for National Statistics. Vémalysed the APS waves starting in the
financial year April 2004 to March 2005 (which wame 2004/5 in the paper) until April 2010 to
March 2011. The last Population Census was heldanch 2011, so our two main sources of
socio-demographic information reach about the sdate. The APS is only available at LA level
since 2004. The coding of local area (until the Li&)contained in the special licence dataset, for
which we were granted access for this project. alherage sample of the APS is 306,692 in
2004/5-2010/11 for England and Wales and 28,77 TLdodon.

2.1. Population

The base population is the 'usually resident i’ which refers to people who live in the UK
for 12 months or more, including those who havenlresident for less than 12 months but intend
to stay for a total period of 12 months or morer Ewample, in the 2011 Census, the usually
resident population of England and Wales is defiagdanyone who, on the night of 27 March
2011, was either (a) resident in England and Waeswho had been resident, or intended to be
resident in the UK for a period of 12 months or eyar (b) resident outside the UK but had a
permanent England and Wales address and intendexddotside the UK for less than a year.

In the APS it is also considered as usual residenteone who was living the last year in the
country. The difference is that the APS is a hoakkburvey, and as such it does not cover most
people living in communal establishments, some Nid&mmodation, or students living in halls
of residence who have non-UK resident parents. lystiee APS underestimates the population
in comparison to the Census. We always compare WB&s or Census years, thus keeping
consistency across sources of data. The usualergspbpulation is the denominator for all the

shares we study.
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2.2. Immigration Variables

Country of birth is the variable we mostly refemtben referring to immigrants, except otherwise
stated. Country of birth is both available in &k tCensus and the APS in the period that we study.
However, the availability of data in terms of digeggation by countries of origin varies within
and across sources.

The Census data provide information on the stockn@frants in the UK, including separate
estimates for some countries of origin. The APStaios the same country of birth variable,
covering a representative sample of the populdiignproviding a more extensive classification
of country of birth (around 100 categories untiD@@&nd around 200 categories for the following
years after a change in the coding of country dhhi

We split the immigrant population in groups thaticbbe tracked both for the Census and APS
over time. In the case of the Census, the detaeditry of birth was not always available in the
standard country of birth tables and we had to alse previously commissioned tables, for
example for the A8 immigrant population in 2001.

Apart from the data availability for the two sousceve selected the country groups ensuring they
were large enough to obtain reliable estimatesénAPS at the LA level and to include the main
sending countries for the period that we study.tWes grouped the immigrants in the following
countries/regions of origin: Ireland, European Wnimember countries as of 2001 (EU15), A8
accession countries, Rest of Europe, India, Paki®angladesh, Sri Lanka, Rest of Asia, Kenya,
South Africa, Ghana, Rest of Africa, Jamaica, Ndxtherica, Rest of America and Oceania. The
A8 countries who gained accession in May 2004 @eech Republic, Estonia, Hungary, Latvia,
Poland, Slovakia and Slovenia. We do not consitercbuntries separately but the A8 group as a
whole as the flows from the individual countriesrevéoo small before 2004. We include the A2
countries who gained accession in January 2007gd8ial and Romania in the Rest of Europe

category. We also include Cyprus and Malta in tlestRof Europe category though they also
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entered to the EU in 2004. We exclude them fromparticular analysis the immigration from
Malta is limited and in the case of Cyprus it wag the entire country that accessed to the EU
(the Turkish part did not) so before 2004 we canientify the region of origin of the
immigrants from Cyprus (Turkish part or not).

Another immigration variable we considered is nadiity. The APS has separate questions for
country of origin and nationality. Nationality regeto that stated by the respondent during the
interview. Country of origin is a more stable catggand thus, our preferred one, as it cannot
change while nationality in fact does change in yneaises. Usually immigrants from countries
that do not belong to the EU who intend to stathi country, may apply for the UK nationality
to avoid working restrictions. So the share of igrants defined by country of birth is higher
than by nationality, especially for immigrants hoirn in EU countries.

Unfortunately the APS is the only source providihg nationality variable over time. In the
Census only country of birth was present until 2@h&n other related questions were introduced.
The new variables related to immigration statugshie 2011 Census are 'national identity' and
'passport held'. A persons' national identity seHi-determined assessment of their own identity
with respect to the country or countries with whitley feel an affiliation. This assessment of
identity is not dependent on legal nationality ¢mnéc group. And the options to answer this
guestion in the Census are the countries within {and or other national identity.

Passports held classifies a person according th&ppet or passports that they held at the time of
the 2011 Census. People were asked to indicateheuhistey held no passport, a United Kingdom
passport, an Irish passport, or a passport fronthen@ountry, and to write in the name of the
other country if applicable. If more than one of thptions were applicable people were asked to
indicate all that applied. However, in the dataseftsilable so far, only one nationality according
to passport held is recorded (priority is giventhie UK, then lIrish and then other when they

answered having more than one passport). Anothalslgmn that arises when classifying the
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immigrant population according to the passport helthat there are many missing values: there
were 9.2 million usual residents born in the UK whd not hold a passport and 269,000 foreign
born resident who also did not hold a passporte fEasons for this varies by country, but may
include: asylum seekers without travel documentagavaiting a decision; those born in the
Republic of Ireland who did not require a passpoxrder to enter the UK; those from other EU
countries who may have arrived to the UK using #onal identity card; those who may have
acquired UK nationality but do not currently holghassport (ONS, 2013). Another innovation of
the 2011 is the introduction of short term migrafib®se that stay less than 12 months), but LA
estimates are not available at the time of writing.

2.3. Other variables

The rest of the socio-demographic variables empl@re obtained both from the Census and the
APS for every LA and corresponding years accordimghe source. The immigrant share is
defined as the immigrant population divided byftibtal population. Population growth also refers
to the total usual resident population. The uneympent rate is defined as the number of
unemployed divided by the economically active papiah aged 16 to 64 years old. Density is
defined as the usual resident population dividedhgyland area of the LA. The young male
population share is the ratio of the males age89.& the total population.

3. CrimeVariables

3.1. Notifiable Offences

We obtained data on notifiable offences from Date.ugk. It is supplied by each of the 43 police
forces in England and Wales (we do not considenesi recorded by other forces such as the
British Transport Police, for example). In Londdrerte are two police forces: the Metropolitan
Police which is in charge of the security of 32 don boroughs and the City of London police
that serves the City of London borough. Total riaiie offences are available for every LA and

are classified in the major type of offences: bamgl robbery, theft and handling stolen goods,
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violence against a person, sexual offences, difuggsd and forgery and other offences. We are
mainly interested in violent and property crimes,vwe redefine total crime as the sum of these
two categories. In violent crimes we include via@eragainst the person (which also includes
sexual offences) and robbery, and in property iwe include burglary, theft and criminal
damage. The rest of the categories are volatilevamdio not consider them. However, all our
findings are also robust to using a broader taiaie definition.

Notifiable offences are consistently available sitise financial year 2002/2003. Unfortunately
we cannot use previous crime records due to change® recording system. There have been
two major changes to the recording of crimes ireme¢gears: in April 1998 the Home Office
Counting Rules for recorded crime were expandeddode certain additional summary offences
and counts became more victim-based (the numbaéctiins was counted rather than the number
of offences); and in April 2002, the National CrilRecording Standard (NCRS) was introduced
across England and Wales. The aim of the NCRS wams$ure greater consistency between
forces in recording crime and to take a more viabmented approach to crime recording with the
police being required to record any allegation riine unless there was credible evidence to the
contrary.

The implementation of the NCRS preclude consistemhparison of crime counts before and
after the change in the recording system. In Emgland Wales crime is estimated to have
increased by 10 percent (12 percent in the Meti@polPolice area) in the year of the
introduction of NCRS as a consequence of the victiiented approach to recording. The
introduction of NCRS affected differently the type$ offences and the police force areas.
Regarding police forces, not all of them adoptesl NMCRS at the same time. There were a few
‘early adopters', Avon and Somerset, Lancashirfdsishire, and West Midlands, (where 39

LAs are located) that by 2002/2003 were alreadipdohg the NCRS guidelines. The rest of the
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police forces adapted their recording practicesnguthe first year (Simmons, Legg and Hosking,
2003). Thus, the crime count in 2002/2003 is alsocompletely unaffected by the change.

It has only been possible to calculate the NCRSarhvithin certain crime groups as incident
information at police force level is not availalite all categories. The groups include violence
against the person, burglary from a dwelling, ralbéheft and total crime. No estimate was
made of the NCRS impact at smaller geographies plotine force area, therefore we cannot do
any adjustment to the previous crime data to uge aur study. Violent crimes where the most
affected as a consequence of the NCRS introduactrdh,violence against the person increasing
a huge 23 percent across England and Wales ancer2@mn in the Metropolitan Police area

(Simmons, Legg and Hosking, 2003). The least adfibetere burglaries (3 percent increase in
England and Wales and 4 percent in the MetropolRatice area) and robberies (3 percent
increase in the country and 5 percent in the Melitgm Police area).

To convert the crime counts into rates we dividee hotifiable offences by total population,

using the total population of the Census or the AB&rding to the year under study.

3.2. Arrests

To complement our study on the effect of immignatan crime we submitted a Freedom of
Information Act request to obtain a unique datasetarrest counts for the 32 boroughs of the
Metropolitan Police area. The records are monthty start in April 2008. The data comes broken
down by nationality, age, offence, month and bolouthis is a very rich dataset of 1,222,574
arrests from April 2008 to June 2012. We are ol @0 use this data by nationality since June
2009 as before the completion of the nationalgydfiwas not mandatory so the non-UK nationals
arrests are under-recorded. We also drop from #tasdt those arrests that took place in
Heathrow airport. There are 864,964 arrests sinoe 2009. From those in 72.4 percent of the
cases the detainee was UK national and 27.6 penmentJK-nationals. The dataset includes a

list of 200 offences, which we grouped in the saategories as the recorded crime data.
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The nationality recorded by the police is the ogléieported by the detainee. It is a free question
and then the police officer should put the optiatldred by the detainee choosing it from a
structured nationality list. All the nationalitiase contained in that list.

To convert the arrest counts into arrest ratesgdmiele the arrests by total population according
to nationality status. We used the APS nationaldyiable detailed before. The other option
would be to use the Census variable ‘passport &davever, given that the question asked to the
detainee is the same one as in the APS interviewvhich refers to the self-reported nationality)
and given that the detainee is not asked to showpassport or document to prove nationality
when arrested, the passport held variable woulé baen incorrect.

4. Construction of Instrumental Variables

4.1. Change in Immigrant Share Instruments

To predict the change in the share of immigrantsttie 2001-2011 period we use the Census
immigrant count by country of birth of each of thé country/region groups previously defined,
calculate their distribution across the 347 spatrats in 2001 and multiply each distribution by
the 2001-2011 inflow of immigrants to the UK frorhet respective country. We divide the
predicted inflow by the 2001 population. Then we ag the normalized predicted inflow of the
17 groups to instrument the actual change in imamigshare per spatial unit.

To predict the change in the share of immigrantsie 2004/5-2010/11 we use the APS country
of birth variable and follow a similar procedure s the inter-Census period. The only
difference is that we take as reference distrilmytibat of the average between 2004/5 and 2005/6
waves to increase precision as the data comesdrsample of households, unlike the Census.
The A8 and non-A8 IV is constructed in the same wajyt only using the relevant groups for
each case from the 17 categories.

We are also able to predict the change in the stfaramigrants defined by their nationality for

the 2004/5-2010/11 period using the APS datasetddeo, we replicate the same procedure as
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for country of birth, but take the immigrant origlndistribution and inflows according to their

nationalities. We use the same 17 country/regiaums as for the case of country of birth. We
also include in the IV prediction equation an aiddidl dummy variable for whether areas
historically had a high immigration share, defiras20 percent or over in the 1991 Census.

4.2. Lagged Change in Crime/Burglaries

To predict the change in Change in Crime/BurglatelR 2002-2004 we use the Crime or
Burglary Rate in 2002. We first scale the chamgthe Crime/Burglary Rate 2002-2004 to make
it comparable to the 6 year period we analysembitiplying it by three. Then, we use the Crime

or Burglary Rate (in levels) in 2002 as the instemt
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